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SUMMARY 
 

 

Behavioral finance is the emerging field that counters the traditional 

finance theories and arguing that investors do not act as rational all the time. 

Individual investors perform a vital role in identifying and setting trends in the 

stock market. This study is conducted to address the problem that sometimes, 

investors make irrational decisions based on their perception or influenced by 

other internal or external factors. Investors' irrational decisions compel the 

financial markets to perform inefficiently, and investors cannot attain their 

desired results from investment. Psychological factors and cognitive biases 

affect investors’ decision making. This study's objective is to assess the role of 

psychological and social factors in the decision-making of investors mediated 

by risk perception.  

 

The target respondents of this study are individual investors of the 

Pakistan Stock Exchange (PSX), investing under different brokerage houses. 

Purposive sampling technique is used to extract a sample of 470 respondents in 

the present study. A self-administrated questionnaire is used to collect data 

from the respondents on a five-point Likert scale. The reliability and validity 

of the instrument are tested through pilot testing. The refined questionnaire 

was distributed to collect data from the respondents for the final analysis. The 

study applies different statistical techniques, i.e., confirmatory factor analysis 

(CFA), reliability, descriptive statistics, and structural equation model (SEM) 

to extract results.  

 

This study's results reveal that psychological and social factors play a 

significant role in the decision-making of individual investors. Psychological 

factors like anger, fear, and positive mood positively impact risk perception 

and investment decision-making. Furthermore, psychological factor ‘stress’ 

and social factors like social interaction and herding negatively impact risk 

perception and investment decision-making of individual investors. Risk 

perception positively impacts the investment decision and plays a mediating 

role between psychological factors, social factors, and investment decisions.  

 

This study has practical implications for individual investors, 

institutional investors, and mutual fund managers while making their 

investment decisions. The survey outcomes are beneficent for shareholders, 

financial securities traders, financial securities consultants, and financial 

advisors while making financial decisions. The results of this research suggest 

investors to make optimistic use of the factors with a positive impact on 

decision-making while avoiding the factors with negative influence. This study 

also expands the scope of behavioral finance as its theoretical contribution by 
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adding critical psychological and social factors and their impact on investment 

decisions and the mediating role of risk perception. The study results could be 

beneficial for the individual investors, financial analysts, and stakeholders of 

other developing countries where investors are little immature in predicting the 

market sentiments and markets are inefficient. It is recommended that 

investors should consider psychological factors as well as social factors while 

making an investment decision. Investors should not ignore but be prepared to 

deal with such factors, i.e., anger, fear, positive mood, and stress.  

 

Investors are recommended to avoid making decisions based on their 

social interactions, which leads them to consider more reliable information. 

Investors should avoid herding by relying on their knowledge and instincts 

when making an investment decision. This study examined six variables that 

influence the investor’s decision-making. This research could be extended by 

taking investment performance and investment satisfaction as dependent 

variables. Furthermore, other external social factors that appear to influence 

the investors' decision-making process could be researched, e.g., social and 

electronic media's role in an investor’s decision-making. Herd behavior in 

institutional investors is also the future direction of this study. 

 

KEYWORDS 

 

Investment decision, risk perception, psychological factors, social 

factors, individual investors. 
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CHAPTER 1: 
 

INTRODUCTION 
 

 

This chapter describes the fundamentals of behavioral finance and its 

significant role in financial decision making. It discusses the investors’ 

psychology towards investing in stock markets. Furthermore, the broad 

problem area and the problem statement are described. This chapter also 

explains the research objectives, research questions, significance, and scope of 

the study.  

 

 

1.1 BACKGROUND OF THE STUDY 

 

Decision making of financial matters is always considered a complex 

task, and everyone needs to deal with it during lifelong activities (De Bondt, 

Muradoglu, Shefrin, & Staikouras, 2008). The consequences of financial 

decisions impact investors’ future and overall life experience. When talking 

about investors and financial professionals, financial decision making becomes 

more complex, because they have to deal with risks, alternative choices, 

uncertainty, and dynamic environment (Lucey & Dowling, 2005). Further, the 

investor’s psychology is affected by diverse news, market variations, and 

personal factors (Zahera & Bansal, 2018; Grable & Roszkowski, 2008). 

 

It is essential to identify the major factors that significantly induce the 

individual investor’s decision-making when several choices are available 

(Ainia & Lutfi, 2019). It helps to understand the investment preferences of 

investors (Bhavani & Shetty, 2017). Investment decisions can be divided into 

two classes, classical decision making, and behavioral decision making 

(Shefrin, 2008). The classical decision-making states that investors have 

rational expectations about their investment, i.e., receiving profits and 

avoiding losses. In short, capital markets are efficient (reflecting the available 

information rapidly in stock prices), and individuals/investors are rational 

(Shiller, 2003). In comparison, the behavioral decision-making states that 

individuals/investors express risk-seeking behavior, which is influenced by 

their emotional state and psychological biases (Shefrin, 2008; Shefrin & 

Statman, 1994). Investors pursue risks differently; i.e., some investors respond 

to pleasant and unpleasant moments in their lives more intensively than others, 

who response casually (Agarwal, Verma & agarwal, 2016). 
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Behavioral finance is gaining importance in the decision-making 

process (Alquraan, Alqisie & Shorafa, 2016). In early literature, behavioral 

factors are not considered in investors’ decisions (Shefrin, 2008). An 

investment decision is grounded on investors' past performance, 

predicting/forecasting the market trends, and technical analysis of the financial 

securities (Baker & Wurgler, 2007; Bhavani & Shetty, 2017). It is discussed 

that investors' irrational decisions and wrong choices during decision-making 

cause investment failures and low stock returns (Mahalakshmi & Anuradha, 

2018; Shiller, 2000). 

 

Investor’s behavior is vital for future investment decisions (Suresh, 

2013). Past literature demonstrates planned behavior theory and links it to an 

individual’s beliefs and behaviors (Ajzen, 1991). Investors use their beliefs to 

predict the expected outcomes of investment decisions, and many investors are 

reactive to negative market signals, and some investors are interested in 

positive market signaling (Bansal, 2015). Investors make proficient investment 

decisions after recognizing the psychological biases and their influence in 

choosing investment alternatives in the stock market (Chira, Adams, & 

Thornton, 2008; Chandra & Thenmozhi, 2017). 

 

The standard finance theory suggests that every investor behaves 

rationally while making their investment decisions, which are based on their 

mean-variance portfolios, and markets are efficient (William, 1964; Dash, 

2016). It means that investors always make choices that enhance their returns. 

Furthermore, investors focus on the risk associated with specific security and 

their predefined approaches to deal with risk in investment decisions 

(Yudkowsky, 2008). Traditional finance theories describe that investors make 

tradeoffs between expected earnings and related risks while making a rational 

investment decision (Becker & Kuhn, 2002; Slovic & Peters, 2006). Generally, 

investors in stock markets are risk-averse, and they try to invest in less risky 

options to secure average return (Gambetti & Giusberti, 2019). 

 

 Simon (1955) proposes that human rationality is limited, and they 

cannot make proficient decisions at all the time. There are several biases based 

on psychological and social factors that lead the investors to different 

investment behaviors (Kahneman & Tversky, 1984). Kahneman & Tversky 

(1979) conducted a seminal work and laid the foundations of prospect theory, 

which is an alternative to the efficient market hypothesis (EMH) and rational 

expectation theories. Prospect theory claims that investors prefer certain gains 

and refute the prospect of higher profits with some risk. After the seminal 

work by Kahneman & Tversky (1979), empirical investigations proved that 

many investors are biased and do not make entirely rational decisions during 
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investment decision-making processes (Lo, Repin & Steenbarger, 2005; Raut, 

Das & Mishra, 2020). 

 

Behavioral finance explicates investors' psychology under an uncertain 

environment and its influence on their investment decisions in financial 

markets (Ianole, 2011). Behavioral finance also examines the effect of 

psychological factors on investors and describes which factors induce the 

investors to make biased decisions (Kubilay & Bayrakdaroglu, 2016). Further, 

investors biased decision-making leads to market inefficiency; inefficient 

markets could not meet the assumptions of the efficient market hypothesis 

(EMH) by Fama (1998). Investors are affected by psychological or cognitive 

biases in a dynamic environment, and they have to make prompt decisions 

with the help of their limited knowledge and available resources/information. 

So, investors’ lack of knowledge and experience to deal with such 

psychological factors and imperfect markets leads to irrational investment 

decision making (Hoffrage & Reimer, 2004; Chira et al., 2008).  

 

 Shiv, Loewenstein, Bechara, Damasio, & Damasio (2005) explain 

investors' negative emotions and the difference between rational and irrational 

behaviors of investors. Lin (2011) argues that an optimal decision must follow 

three steps; first is the recognition of the nature of the problem to attain the 

most valuable and relevant information about the situation. The second step 

involves the development of the acquired knowledge, i.e., the possible 

solutions to the problem. The third step consists of the selection of the best 

alternative solution to the problem. Phung (2010) describes that an investor 

should follow the decision making steps to make an optimal choice of 

investment decision, i.e., identifying the available options/alternatives, use 

cognition, skills, and financial knowledge to evaluate the alternate choices, and 

finally make a decision at the right time to attain maximum advantage. 

 

Further studies by Birău (2012) and Wong, Chuah, Kui, Soo, & Ang 

(2016) argue that human psychology forms the basis for human needs, 

objectives, and motives. Further, it leads to extensive human errors that are the 

result of perceptual biases, overconfidence, emotions, and heuristics (Pachur, 

Hertwig & Steinmann, 2012). The psychological and behavioral biases have 

specific influences on individual investors’ decision making (Anum & Ameer, 

2017). Psychological factors also affect the decisions making process of 

institutional investors, financial managers, and financial analysts (Aren, 

Aydemir & Sehitoglu, 2016). 

 

As per the conventional finance theory, people behave rationally while 

making investment and financing decisions. However, there are many 

occasions when feelings, emotions, fear, and other psychological factors 
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influence the investors' judgments and decisions, which leads them to behave 

unsteadily and less rationally (Lucey & Dowling, 2005). The present study is 

an attempt to oppose the conventional finance assumptions. It expands 

behavioral finance concepts, i.e., how human psychological factors and social 

factors influence the routine procedures of investors decision making. The 

behavioral finance mixes the concepts and theories of finance with personal 

behavior and psychological aspects of individuals/investors to explain the 

working patterns of the human mind (Nouri, Motamedi & Soltani, 2017; Raut, 

Das, & Mishra, 2020).  

 

Psychological researchers emphases that the human mind experiences 

different emotions at different times; they can think, learn, stimuli to do 

something, manage communications, and with extensive information to 

perform daily tasks (Ianole, 2011; Baker & Yi, 2016). The circumstances lead 

the individuals/investors to perform certain functions at a specific time, and 

investors have a different aptitude for dealing with psychological and social 

factors. Some factors induce positive thinking, while others tend to behave 

negatively (Boda & Sunitha, 2018). Psychological factors affect the stock 

markets, share prices, and investors’ decision-making patterns. Some of the 

psychological aspects and other social factors are not in control of someone, so 

investors should learn to deal with them for better understanding and decision 

making (Daniel, Hirshleifer & Hong, 2002;  Rasheed, Rafique, Zahid & 

Akhtar, 2018). 

 

The psychological factors taken in this research are fear, positive mood, 

anger, and stress, which are natural human emotions and influence on risk 

perception of investors and investment decision making. These factors may 

lead the investors to make irrational decisions apart from standard ways of 

calculating gain and loss. An Individual’s’ mood is an essential factor to 

influence the decision-making dilemma. Positive and happy mood leads the 

investors to be more optimistic and make optimal decisions, while negative or 

unhappy mood leads the investors to be more pessimistic, which in turn tends 

to negative decisions (Tiedens & Linton, 2001; Lucey & Dowling, 2005; 

Vries, Holland, Corneille, Rondeel, & Witteman, 2012). Another important 

type of natural human emotion that disturbs the investor’s behavior is anger 

(Jung & Young, 2019). It is inherited and depends on situational factors. 

Reaction to aggression depends on the individual’s “learned” response. Anger 

teaches the individual how to behave in such a state (Lerner & Keltner, 2001). 

Social psychologists believe that anger is instinctual and is induced by social 

context (Sell, Tooby, & Cosmides, 2009; Xing, 2014). 

 

Fear is an essential feature of human emotions and psychology that 

affects human behavior while making an investment decision. Fear of loss and 
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wrong decision is often associated with “bearish” behavior (Lee & Andrade, 

2011). Investors are having the risk of loss on the securities in which they have 

invested. So, fear is linked to uncertainty and asymmetric information that 

either causes investors to go into losses by making wrong choices or 

preventing them from investing anywhere. The fearful investors take extra 

caution in decision-making and use more cognitive skills to overcome their 

fear (Chandra & Kumar, 2012). But, fearful investors take more time in 

thinking and analyzing risk and return while making final decisions than usual 

to reduce the uncertainty level in their minds (Jamieson & Hyland, 2006; 

Jagongo & Mutswenje, 2014). Such investors are more risk-averse, and 

generally, being afraid, they took more steps to minimize the risk and financial 

loss (Lee & Andrade, 2015). 

 

The emotion ‘stress’ is a long-lasting negative feeling; it indicates that 

individuals who are working in a problem-focused environment and coping to 

deal with stressful conditions (Pabst, Brand & wolf, 2013). An individual 

under stress are not found rational in their decision making (Kalra, 2009). It is 

argued that stressful work situations make individuals to make irrational 

decisions. Therefore, an investor under stress in a dynamic condition wants to 

make a quick decision and ultimately makes the wrong investment decision 

(Starcke & Brand, 2012). Stress is usually associated with negative 

experiences. It means under stress; investors make a difficult and less wise 

decision; they focus more on the negative aspects of the decision. It is also 

taken up as negative emotion linked to the negative choices (Davidson, 

Jackson & Kalin, 2000; Gok & Atsan, 2016). Negative emotions and stress are 

also associated with a lack of information under an uncertain situation where 

an investor could not make a decision under this pressure situation and may 

leave profitable investment. Stress often leads individuals to make the wrong 

investment decision (Wemm & Wulfert, 2017). 

 

Apart from psychological factors, there are some social factors that also 

influence investors’ behavior in risky situations. In the current study, social 

interaction and herding are social factors to ascertain the impact on investor’s 

investment decisions. Social interaction by the investors includes everyone 

around them, directly or indirectly affecting the investor’s behavior (Ammann 

& Schaub, 2016). Before making an investment decision, investors gather 

information from people around, such as friends, family, and colleagues. This 

information dramatically affects investors' decision-making and deviates them 

from proficient investment decisions, and individuals adopt social exclusion 

and are found to pursue profitable decisions (Duclos, Wan, & Jiang, 2012). If 

investors have more excellent knowledge about investment options and 

underlying situation, they rely on their own information; otherwise, they use 

the information received from their social interaction but, some studies 
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interpret that social investors are found more attractive to invest in the stock 

market (Hong, Kubik, & Stein, 2004; Kokinov, 2003). Social networks have 

an impact on investor’s decision-making when they are uncertain about what 

they should choose. The informative function of social networks adds 

information for investors, but more uncertainty arises from a lack of crucial 

information (Hoffmann & Jager, 2004). 

 

Herding is one of the imperative social factors which affects the 

investors’ investment decisions. Researchers relate ‘herding’ as a behavior of 

individuals/investors or institutions that unseeingly follow others' decisions 

(Messis & Zapranis, 2014). Herding is the tendency of investors to follow the 

information, material, and decisions of the majority of investors in a market 

rather than relying on their own set of information (Devenow & Welch, 1996). 

Investors' belief that other investors are doing ‘right’ tends them to follow the 

other investors (Demirer and Kutan, 2006). Herding is the investors’ 

propensity to follow others in the same stock/security or in the same market. It 

proposes that investors invest in securities where most of the people are 

investing (Kang, 2013; Dewan & Dharni, 2019). 

 

 

1.2 PROBLEM IDENTIFICATION/STATEMENT 

 

Investment decision-making is affected by many internal and external 

factors, which distort the rational decision-making process of investors. So, the 

need is to ascertain the key factors influencing investors' decision-making and 

risk-taking behavior (Chou, Huang, & Hsu, 2010). The literature explains 

several factors influencing the process of rational investment decision making 

of stock market investors (Chandra & Kumar, 2012), and also discusses the 

importance of understanding such factors to make appropriate decisions to 

avoid potential losses (Kim & Nofsinger, 2008). The role and importance of 

demographic and personal characteristics have been discussing by researchers, 

which produce different results in different settings (Sadiq & Ishaq, 2014; 

Nouri et al., 2017). Some factors (stress, overconfidence, herding) influence 

negatively, while some factors (positive mood, risk perception, mental 

accounting) impact positively (Alquraan et al., 2016; Ainia & Lutfi, 2019). 

 

Literature shows that personality factors/psychological factors influence 

the preferences of investor’s decisions (Akhtar & Batool, 2012; Lubis, Kumar, 

Ikbar, & Muneer, 2015). Behavioral finance focuses on investors’ fundamental 

errors and cognitive biases in decision-making, while not many empirical 

studies are found regarding the impact of psychological factors (fear, anger, 

positive/negative mood) and social factors (social interaction, communication) 

on investment decisions. Furthermore, how investors’ risk perception changes 
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under these factors have not been observed (Zahera & Bansal, 2018). The 

relationship between risk perception and individuals’ decision-making 

ascertained as investors' decisions are significantly affected by investors' risk 

perception (Riaz & Hunjra, 2015). So, there is a need to develop a 

comprehensive study covering past studies' gaps and facilitating potential 

investors and financial decision-makers to deal with such factors while making 

investment decisions (Sadiq & Ishaq, 2014; Singh & Bhowal, 2010). 

 

Investors usually perceive risk from the environment based on their 

personal experience and determinants of risk perception and core market 

mechanisms (Nguyen, Gallery & Newton, 2019; Wang, Shi & Fan, 2006). 

Individual factors include temporary emotions, fear, anger, and stress, while 

external factors include herding and the investors' social interaction. There is a 

need to identify the significant personal and social factors that influence an 

investor’s decision making in the presence of other market factors. Because 

investors observe the market attitude and then make a decision based on their 

perception and intuitive approaches (Valsova, 2016). Risk perception and its 

role has been discussing in decision making, but not examined its role in the 

presence of psychological and social factors. When talking about the Pakistan 

stock exchange (PSX), individual investors suffer heavy losses due to less 

rational choices in their investment decisions while the market index shows a 

bullish trend. So, there is a need to conduct empirical studies in the Pakistani 

context to identify psychological and social factors influencing investors’ 

investment decisions. This study's results are essential for the individual 

investors in stock markets of developing countries like Pakistan because 

markets of such countries are not strongly efficient and influenced by 

numerous factors (Boda & Sunitha, 2018; Jabeen, Shah, Sultana & Khan, 

2020). 

 

Understanding the market mechanism, conventional finance theories, 

and technical analysis are essential, but personal factors also play a vital role in 

final decision making. Investors’ psychology often leads them to make less 

rational decisions (Zahera & Bansal, 2018). Hassan & Bashir (2014) identify 

the role of emotional feelings in investors' irrational decision-making in 

Pakistan. Khan (2017), and Shah, Ahmad, & Mahmood (2017) measures the 

investor's biased behavior and its impact on decision making and investment 

satisfaction. In the USA, Lee & Andrade (2011) investigate the financial 

decision, fear, and social projection and argue that fearful investors sell their 

stocks earlier than other typical participants. 

 

 Cao, Han, Hirshleifer & Zhang (2009) discuss that fear of something 

‘unknown’ changes the behavioral preferences in investment decision making 

and portfolio management. Shefrin (2008) and Shiv et al. (2005) study the 
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impact of emotions on investment decisions and argue that it may be 

beneficent or worst, based on the dealing with the emotions under complex 

phenomena. Investors who better understand their emotions and feeling are 

more successful in dealing with them in their favor. So, the need for 

understanding such factors and emotions is vital to make better investment 

decisions in stock markets.  

 

 Chin (2012) focuses on psychological biases and investor’s behavior in 

Malaysia. He concludes that investors are more self-reliant when considering 

stocks and market fundamentals in investment decision-making while ignoring 

the family members, friends, and partner’s instructions. Anum & Ameer 

(2017) study that investor’s demographics and behavioral factors impact the 

processes of investment decision. The behavioral perspective of financial 

decision-making is discussed, but most psychological and social factors are 

still ignored in past literature. The above-discussed findings of the various 

studies induce this research to investigate critical psychological and social 

factors that strongly influence investors' rational investment decisions in the 

Pakistani stock exchange. This study attempts to cover the gap by 

incorporating the psychological and social factors to assess their role in 

investment decision making and risk perception of individual investors. 

 

In comparison to the global stock market trading practices, Pakistan’s 

stock market investors are considered irrational. Due to the lack of awareness 

and limited implementations of behavioral approaches and little research in 

this area. Investors are facing problems while being involved in trading 

activities to understand market trends and making effective decisions. There is 

a need to conduct the research which identifies the critical factors for rational 

decision making (Azam & Kumar, 2011; Gambetti & Giusberti, 2019). This 

study also covers the limitations of past studies with the local scenario. The 

impact of psychological and social factors on investors’ behavior and decision 

making is considered to examine and guide the investors to deal with such 

factors proficiently. In Pakistan, most of the investors make their investment 

decisions based on personal knowledge and experience. 

 

Further, there is a lack of knowledge about behavioral factors, the 

impact of emotions on decision making, formal financial education, and 

familiarity of market functioning. Investors typically rely on market trends to 

make investment decisions, and many of them trust their own judgments and 

perceptions (Hunjra & Rehman, 2016). Investors make biased decisions under 

such psychological and social factors, which lead them to bear losses or low 

returns. For the last few years, the Pakistan stock exchange index declined 

rapidly, and individual investors suffered losses. Individual investors could not 

make timely decisions to avoid such situations. So there is a severe need to 
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identify behavioral and psychological factors and their impact on the decision-

making of individual investors (Boda & Sunitha, 2018). On the basis of simple 

discussion with investors from the Pakistan stock exchange, it is detected that 

investors’ feelings, psychological factors, and social factors strongly influence 

their decision-making abilities. Emotions like fear and anger lead investors 

towards proficient decision-making, but stress negatively impacts investors’ 

decisions. 

 

Furthermore, individuals' tendency to evaluate others and compare 

themselves with others leads them to question the certainty of events and 

shows a behavioral bias, particularly when there are large groups for 

comparison (Lee & Andrade, 2011; Holtz & Miller, 1985). Individuals are 

surrounded by, or to some extent bounded by, social groups, which include 

relatives, friends, and colleagues (Bala & Goyal, 1998). The financial advisors 

are also implicated because they influence the decision-making choices of 

other investors negatively (Hirshleifer & Teoh, 2003). Studies indicate that 

individuals use both personal and market information but heavily rely on 

personal inferences (Ames, 2004; Ammann & Schaub, 2016). But, some 

investors follow the decisions of other giant shareholders’ groups, large 

controlling shareholders significantly influence the share prices in the market 

(Boubaker, Mansali & Rjiba, 2014). Investors in underdeveloped countries 

follow herding behaviors is a common practice (Kumari & Sar, 2017). The 

results of past studies indicate that herding behavior influences the investors’ 

decisions negatively in many countries, including India and Pakistan. Thus, 

herding behavior distorts the decision-making patterns of individual investors 

(Raut et al., 2020; Qasim, Hussain, Mehboob & Arshad, 2019). 

 

Securities and Exchange Commission of Pakistan (SECP) has the 

responsibility to regulate the public limited companies and capital markets 

(stock exchange). Over time, the responsibilities of SECP have been extended 

for management and controlling/regulating the insurance and non-banking 

finance corporations and private pension funds. Unfortunately, SECP has not 

taken appropriate steps to ensure the stock market investors are better educated 

and vigilant about what is happening in the corporate sector and stock market. 

There is a severe need to provide ample awareness and education to the current 

stock market investors as well as prospective investors. If researchers go 

through the SECP website, the only document available on the website is the 

investor’s awareness brochure. It shows only the process of opening the 

account with the brokerage house, opening the subaccount, and the 

precautionary measures for making payments and receiving payments. The 

only advice available in this document for the individual stock market 

investors is to make proficient investment decisions and not to make 

speculative investment decisions.  
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The preliminary investigations through interviews with the individual 

stock market investors and stockbrokers on Pakistan Stock Exchange 

(Previously KSE, LSE, and ISE) reveals that formal and outdated prospect 

relating to awareness programs and lack of education of the stock market 

investors are the primary reasons of the problems being faced by smaller 

investors while making investment decisions. It is also revealed that most 

individual investors don’t know about the core factors that affect their 

investment decisions (Hunjra & Rehman, 2016). Some individual stock market 

investors make decisions by focusing on investment strategies, financial 

modeling, portfolio management techniques, or utilizing their intuitions. SECP 

must take steps by utilizing these studies to create awareness of behavioral 

factors and their impact on investors’ decision making in the stock market. 

Awareness workshops and seminars may be used to educate and guide 

individual stock market investors to deal with emotional factors. 

 

Through initial inquiries and reading the local research articles 

published in journals, newspapers, and business magazines, it is observed that 

the stock markets are dependent on the decisions of some large-scale 

brokerage houses. The giant investors and groups are playing with individual 

stock market investors by manipulating the daily trading activities and make 

rallies in different securities’ prices without any public or privately available 

information (Anwar, Nazir, Khan, & Khan, 2013). A large group of investors 

traps individual investors and induce them to make irrational decisions because 

individual investors could not deal with their emotions and psychological 

factors. Ultimately, they make the wrong decisions at the wrong time. So, there 

is an ample need to identify critical factors and guide investors to deal with 

such factors to make a rational investment decision. 

 

 Zahera & Bansal (2018) comprehensively reviews the past literate on 

investors’ biases in their article “Do investors exhibit behavioral biases in 

investment decision making? A systematic review” and identifies seventeen 

common biases involved in investment decision-making, including 

overconfidence, disposition effect, mental accounting, confirmation bias, loss 

aversion, framing and home bias. Several researchers empirically test these 

biases in different settings and propose a significant impact on investors’ 

decision-making. Further, demographic characteristics and investors’ behavior 

also examined in many countries and claimed different results (Chavali & 

Mohanraj, 2016). So, the psychological factors (anger, fear, positive mood, 

and stress) are rarely tested empirically but, observed as the most common 

factors in the Pakistan scenario. Further, social interaction is also not explored 

in the present scenario. Herd behavior needs to identify whether it exists or 

not? It positively influences decision-making or negatively because studies in 

developed countries claim that herding does not exist. This study will take the 
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above-discussed factors to check their influence on investors' decisions and 

risk perception. 

 

The stock exchange represents the economic progress of the country. It 

depends on the overall market mechanism and investment decisions of the 

investors, who perform a vital role in identifying and setting trends in the stock 

market. But sometimes investors make irrational choices built on their own 

perception or influenced by other external factors. Irrational decisions of 

investors compel the financial markets to perform inefficiently, and investors 

cannot attain their desired results from investment. However, the conventional 

finance theories advocate that investors’ decisions are constructed to analyze 

and evaluate securities and projected risk & returns associated with these 

securities. But some psychological and social factors influence the investors’ 

level of risk perception and investment decisions. This study investigates how 

the psychological and social factors influence investment decisions and how 

investors behave under the influence of these biases? 

 

 

1.3 RESEARCH QUESTIONS 

• What is the effect of psychological and social factors on 

investment decisions and risk perception of individual investors? 

• How risk perception mediates the psychological factors, social 

factors, and investment decisions of individual investors? 

 

 

1.4 RESEARCH OBJECTIVES  

 

The following are the objectives of the current research: 

• To analyze the influence of psychological and social factors on 

investment decisions and risk perception of individual investors. 

• To determine the mediating role of risk perception between 

psychological factors & social factors and investment decisions of 

individual investors. 
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1.5 SIGNIFICANCE OF RESEARCH 

 

The primary purpose of the study is to develop an understanding of 

psychological and social factors and their influence on investor’s decision-

making in the context of the Pakistan stock market. The psychological factors 

include both; the behavioral biases as well as the temporary emotional biases. 

Six psychological and social variables are discussed in this research, which 

include fear, mood, anger, stress, social interaction, and herding. In general, 

this study will help the individual stock market investors, institutional 

investors, stock market brokers, financial analysts, securities advisors, and 

mutual funds managers to make their investment decisions more proficient and 

use such factors to guide their decision making. Specifically, the results of this 

research will be useful for individual investors in the Pakistan stock exchange 

(PSX). Understanding the behavioral factors will improve the risk perception 

and investment decision making of market brokers, financial consultants, and 

authorities to guide and train their clients and investors to deal with such 

psychological and social factors while making short-term and long-term 

investment decisions. 

 

Individual investors in Pakistan have little financial knowledge and a 

lack of knowing the importance of behavioral and psychological factors in the 

process of decision making (Hassan & Bashir, 2014; Riaz & Hunjra, 2015). 

The current study attempts to explore the various factors which may improve 

the investors’ decisions. This study contributes to expanding the practical 

implications of this research concerning social factors and psychological 

factors and investor’s risk perception. This study also contributes to 

developing the existing literature in comparison to past studies by Wang & Yu 

(2015), Chandra & Kumar (2012), Chira et al. (2008), and Shiller (2003) with 

respect to herding behavior, social interaction and psychological biases among 

Pakistan stock market investors. 

 

 Kim & Nofsinger (2008) discuss the investor’s psychology, i.e., how 

investors perceive a particular situation and how do they proficiently react to 

the situation. Further, there is an effect of social contacts as well in investors’ 

thoughts and decision making. Herding bias is also common in the stock 

market, which is dependent on others’ decisions and varies from situation to 

situation. This research study focuses on both social psychology as well as the 

emotional psychology of the investors, which distorts their neutral way of 

investing and the overall psychological impact on investment decisions. So, 

findings of the current research benefit the market participants in 

understanding and dealing with social factors in the presence of psychological 

factors for fruitful decision making. The present study increases the knowledge 

of local investors about psychological issues that affect their investment 
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decision. This study extends the existing body of knowledge by incorporating 

the mediating role of risk perception between psychological factors, social 

factors, and investment decision making. 

 

This research's findings provide guidelines for individual investors, 

institutional investors, stock market brokers, security advisors, and other 

financial decision-makers to enhance the validity of their decision by 

adequately dealing with such factors. The impact of negative emotions has 

been tested in lab experiments under a controlled environment, so it is difficult 

to generalize such studies' results and apply them in a natural setting. Because 

the decision-making process in a lab environment is quite different from 

complex real-world judgments and decision-making processes, therefore, this 

study identifies the impact of psychological and social factors on investors’ 

investment decision making in the Pakistan stock exchange. 

 

 

1.6 STRUCTURE OF THE STUDY 

 

The present study comprises the following chapters; chapter 1 relates to 

the study's introduction, including background and problem identification. 

Chapter 2 covers the literature review and explains the major theories on 

which hypotheses are built and the hypothesis statements. Chapter 3 presents 

the research methodology of the current study, along with pilot testing. 

Chapter 4 describes the empirical results with the help of tables and figures. 

Finally, chapter 5 presents the study's conclusion, along with recommendations 

and practical implications. 
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CHAPTER 2: 
 

LITERATURE REVIEW AND 

THEORETICAL FRAMEWORK 
 

 

This section includes introductory literature, empirical literature, 

theoretical framework, hypotheses development, and hypotheses statements. 

The introductory literature deals with an in-depth understanding of behavioral 

finance, and empirical literature explains the variables’ relationships and major 

findings. While theoretical framework represents the overall study variables 

and their relationship, which helps to develop the hypotheses.  

 

 

2.1 INTRODUCTORY LITERATURE  

 

Decision making is considered a prominent task for the human being 

dealing in different fields of life (Lucey & Dowling, 2005). When talking 

about financial decision making, the importance of proficient decision making 

increases because it involves risk (Shefrin, 2008). When risk involves in the 

decision-making choices, individual/decision-makers use their skills and 

experience along with numerical calculations to deal with such risky decisions 

(Rhodes & Pivik, 2011; Valsova, 2016). In the modern world, several 

strategies and techniques are used to deal with the decision-making dilemma 

because it must influence the consequences of current decisions and upcoming 

opportunities. Conventional decision-making methods have their importance in 

investment decisions. Those methods are based on arithmetical analysis and 

expert opinions, but individuals often involve their judgments. So, personal 

judgments based on emotional states come to distort the process of optimal 

decision making (Lee, Wang, Kao, Chen & Zhu, 2010). The involvement of 

personal feelings and judgments familiarizes the concept, “role of negative 

emotions in decision making” (Shiv et al., 2005). Moreover, when discussing 

investment decision-making, personal feelings and emotions are considered 

most important in judgments and investment decisions about risk and returns 

(Slovic, Finucane, Peters & MacGregor, 2004). 

 

The theory of ‘planned behavior’ analyzes by Ajzen (1991) discusses 

the influence of an individual’s beliefs on human behaviors and illustrates its 

practical importance and implications. Empirical evidence suggests that human 

behaviors can be predicted from the individual's attitudes towards specific 

behaviors quite accurately. The earliest study by Damasio (2005) examines the 

role of emotions while making decisions to claim that feelings/emotions have 
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an excellent power to influence decision making. He also discussed that some 

individuals could make better decisions under emotional states than other 

individuals. Pham, Cohen, Pracejus, & Hughes (2001), and Pham (2007) also 

study the role of feelings and their ultimate impact on the judgments of 

individuals. Emotional and reason-based responses were collected from the 

participants using an experimental technique. The results show that the 

feelings-based assessments were faster than the reason-based assessments and 

the moderate responses are quicker than the extreme responses because they 

require fewer efforts. Behavioral finance theories claim that all individuals are 

not always rational while making a complex decision under uncertainty. The 

theory of bounded rationality expresses that investors make wrong choices 

because their rationality is bounded by limited knowledge and scarce resources 

under the presence of psychological factors (Hoffrage & Reimer, 2004). 

 

The role of emotions and their impact on individuals' investment 

behaviors are highlighted by Shiv et al. (2005) by conducting an experimental 

study that applies to typical participants (common individuals) and controlled 

participants. The study results demonstrate that the controlled participants 

made more advantageous decisions than those of normal participants and 

further concluded that emotions played a disruptive or harmful role in decision 

making for some participants, but not for others. It can be said that emotions 

can be positive as well as negative depending upon the situation and the type 

of decision. Lucey & Dowling (2005) argue that investors usually invest in 

equity depending upon how they look up at a specific company. Past literature 

also relates the feelings to investment decisions. Investors’ mood state 

influences their judgments at the time of decision making. Authors declare this 

bias as an effective decision-making instrument because mood states are 

consistent with investors’ knowledge and expertise (Shiller, 2000). 

 

Moreover, Seo & Barrett (2007) argue that a decision might be 

unproductive if investors allow their mood states to influence their judgments. 

The authors focused on feelings, investment decisions, risk, and investor’s 

experience in risky decision-making. They revealed that individuals/investors’ 

judgments are affected by the feeling and emotions while making decisions 

and, consequently, outcomes of these decisions. Seo, Goldfarb, & Barrett 

(2010) oppose the past findings that emotions play a negative role in decision 

making and empirically prove a positive relation of feelings, emotions, and 

heuristics on the investor’s behavior. 

 

The theory of ‘feelings as information’ also emphasizes the role of 

feelings and mood states in judgment and decision making. Feelings are a 

useful source of information; different types of feelings lead to diverse 

information. But, most of the time, people do not rely on their feelings 
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(Schwarz, 2011; Schwarz & Clore, 2003). Hon-Snir, Kudryavtsev & Cohen 

(2012) attempt to identify the behavioral/psychological biases and their impact 

on economic thoughts and financial decisions. The study uses five main 

behavioral biases to conclude the results. For this purpose, participants were 

asked different queries using an online survey based on herding behavior, 

disposition effect, fallacy, and other heuristics. The authors found a correlation 

between the investors’ bias and the investment decision, and participants were 

moderately affected by the biases. 

 

 Jagongo & Mutswenje (2014) also examine that behavioral biases have 

more influence on investors with less experience and less influence on more 

experienced investors. Moreover, female investors are more likely to fall prey 

to these biases. It means that there is a negative relation between herding, 

heuristics, and investments. Further, overconfidence influences the investors' 

decisions on investors more than herding (Kanojia, Singh & Goswami, 2018). 

Literature explores that feelings were more consistent in the responses of 

participants than their reason-based assessments. Feelings and emotions have 

much influence on investor’s risk tolerance behavior. Recent literature also 

expresses that investors' specific personality traits also have the power to 

influence investors' risk-taking attitudes (Kubilay & Bayrakdaroglu, 2016). 

 

Researchers from Pakistan describes the rational and irrational decision 

making amongst Pakistan investors while investment is made. The findings 

depict that investors are not always rational; they behave irrationally as they 

make a decision under psychological factors (Hassan & Bashir, 2014; Riaz & 

Hunjra, 2015). Moreover, people show stronger emotions and heuristic bias in 

their investment behavior, leading to less proficient investment decisions 

(Shah, Ahmad & Mahmood, 2017; Ainia & Lutfi, 2019). A study by Lan, 

Xiong, He, & Ma (2018) also claiming that individual personal and 

demographic characteristics are useful in predicting investor behavior. 

Personality traits lead to many psychological biases of investors to impact their 

risk preferences. 

 

Introductory literature concludes as there are many theories proposed in 

contradiction of conventional finance theories. Bounded rationality theory, 

feelings as information theory, prospect theory, and theory of planned behavior 

claims that individuals are not entirely rational but influenced by a large 

number of internal and external factors including demographic characteristics, 

negative emotions, overconfidence bias, loss aversion, affect heuristic, 

disposition effect and herd behavior. Researchers conclude that investors' 

decisions are influenced by such factors differently in different settings. So, 

the need for a comprehensive understanding of behavioral finance concepts 
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and assumptions leads us to study behavioral finance's emergence and 

developments.  

 

 

2.1.1 Emergence and Role of Behavioral Finance 

 

Human behavior is continually an imperative topic in academic 

research, and its practical implications are advantageous to deal with certain 

situations in the business world. Behavioral finance is the study of 

psychological factors and their impact on financial decisions. Human 

psychology forms the basis for human needs, objectives, and motives. It also 

leads towards extensive human errors that are the result of perceptual biases, 

overconfidence, emotions, and heuristics. Behavioral finance was developed 

from economic psychology when psychological descriptions of individuals’ 

behaviors are introduced under neo-classical economics. The earliest 

perception in this context is the concept of bounded rationality by a noble prize 

winner economist. Simon (1955) proposes that human rationality is limited, 

and they cannot make rational decisions at all the time. After the seminal work 

of bounded rationality, Kahneman & Tversky (1979) propose ‘prospect theory’ 

that claims that investors use heuristics to assess risks and psychological 

aspects to evaluate the risky substitutes. 

 

Furthermore, there are some biases based on psychological factors that 

lead to less rational investment behavior (Kahneman & Tversky, 1979). They 

conducted inspiring work on the misunderstandings about risks involved and 

decision making under a dynamic environment. The results of these studies 

show variances in investment decisions of (rational) investors, as traditional 

finance theories argued (Kahneman & Tversky, 1981). The emergence of 

behavioral finance is inspired by conventional economic theories' assumptions, 

which claims that people behave fully rational, and capital markets are 

efficient (Fama, 1970). However, there are many occasions where feelings, 

emotions, fears, and other psychological factors influence the judgments and 

decision making of investors and induce them to behave not according to the 

economic model of full rationality. The behavioral asset pricing model 

(BAPM) theory proposes in 1994 as an alternative to the traditional theory 

CAPM. The theory concludes the fact that investors make cognitive errors for 

investment decisions in addition to just rational investments. Economists 

always consider emotions in describing the trends in financial markets, and 

they always believe that emotions have a critical role in causing superfluous 

and unwanted price movements (Shefrin & Statman, 1994). After that, few 

researchers, with the help of many experiments, indicate the differences 

between rational and not fully rational investors' behaviors inspired by 

behavioral biases (Shiv et al., 2005). Behavioral finance is looking to combine 

http://www.investopedia.com/terms/b/behavioralfinance.asp
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behavioral and psychological concepts and theories with conventional/classical 

finance theories to find out an argument that why people do not always behave 

as fully rational (Phung, 2010).  

 

Behavioral finance helps the investors understand and deal with 

personal feelings and behavioral biases, which compel them to influence 

shares' prices by providing some appealing descriptions in the market. These 

biases have substantial effects on individual investors' judgments and decision-

making processes (Duxbury, 2015). Moreover, these biases are also having the 

capability of influencing the decision-makers of institutional investors and 

portfolio managers (Shefrin, 2008; Shefrin & Statman, 1994). Institutional 

investors play a vital role in the proper functioning of stock markets and 

reduce the equity imbalance in Malaysia (Wahab, How & Verhoeven, 2008). 

De Bondt et al. (2008) claim that these behavioral studies can help the 

investors to beat the market, and practical investors are using behavioral 

aspects to make profitable investment decisions. But, most of the earlier 

research on behavioral finance is still a part of the academic world. 

 

Nowadays, behavioral finance is considering a valuable area of research 

for scholars while studying stock market functioning. Stock markets and share 

prices are influenced by the behavioral factors of investors, along with 

technical errors. Pakistan is a developing nation, and markets are not strongly 

efficient (Najaf, Najaf & Yousaf, 2016). Investors make such decisions that are 

not entirely rational, influenced by psychological and social factors (Rana, 

Murtaza, Noor & Rehman, 2011). 

 

Therefore, it is necessary for behaviorists to devise such models that 

emphasize predicting the influence (impact of behavioral factors) rather than 

just explaining the previous trends (Bansal, 2015). The big lesson to learn is 

that behavioral theories don’t guide people on making profitable investment 

decisions; instead, it only explains that psychological aspects cause market 

prices to deviate for a long time (Humra, 2016; Nouri et al., 2017). 

Introductory literature discusses the emergence of behavioral finance and its 

role in financial decision-making; this part is organized as it covers the seminal 

work on behavioral finance by Simon (1955). He argues that human decisions 

are not always rational. Kahneman & Tversky (1979) proposed ‘prospect 

theory’ to expand the scope and importance of behavioral finance. So, this part 

covers the origins of behavioral finance theories and significant developments 

to date. Articles cited in this part are chosen on the basis of empirical findings 

and developments in behavioral finance, which contradicts conventional 

finance theories, including further behavioral biases of investors involved in 

decision-making in different settings. 

  



19 

2.2 EMPIRICAL LITERATURE 

 

After discussing the introductory literature, this section discusses 

empirical studies related to investors’ decision making and major factors 

which involve in influencing the investors’ judgments and decision-making 

patterns. Furthermore, this section also discusses the empirical relationships of 

different variables used in previous studies. The empirical literature also 

provides grounds for the current study’s variables to establish their 

hypothetical relationships. 

 

 

2.2.1 Role of Behavioral Factors in Decision Making 

 

For a long time, academics and practitioners use finance theories, which 

are based on the modern portfolio theory (Markowitz, 1952). Which describes 

investor's choices and decisions are based on the calculation of anticipated 

returns, not on personal beliefs and past experiences while choosing a 

portfolio. The traditional theories are built on the origin that investors perform 

in a ‘rational’ way and takes into account all publicly available information 

while pursuing any investment decision, which shows that all the information 

is equally available to investors. Securities’ prices are reflecting all the 

information, and markets are called efficient (Fama, 1970). The theory of 

‘capital asset pricing model’ define and explain the relationship between 

probable returns/gains and systematic risk (Sharpe, 1964). On the other hand, 

behavioral finance argues the role and importance of investors' emotions and 

psychology (Slovic, 1971), which leads to behavioral biases, and investors do 

not make fully rational decisions/choices (Kahneman & Tversky, 1979). 

 

However, many research pieces reveal much extraordinary evidence of 

irrational behaviors and repetitive errors while making judgments about 

investment decisions. Decision-making may be defined as the procedure for 

assessing the available alternatives/choices and picking the best alternative 

(Kahneman & Tversky, 1984). Positive mood and emotions can affect how 

humans process information while making any decision. These emotions 

facilitate the effectiveness of their decision-making. For example, individuals 

having pleasant emotions organize the ‘stimuli’ more broadly and 

comprehensively; this, in turn, improves their creativity (Isen, Daubman & 

Nowicki, 1987). 

 

 Damasio (1994) claims that people's emotions play a vital role in 

quickly selecting the best option among the infinite number of possible 

alternatives by helping them evaluate the relative returns and risks. One of the 

critical functions of feelings is that they divert investors' attention from typical 
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information to specific materials and judgments (Katkin, Wiens & Öhman, 

2001). However, people having unpleasant emotions and feelings show 

hardworking actions, and their information processing becomes systematic, 

which in turn directs them towards effective, accurate, and unbiased decision 

making (Weary & Edwards, 1994). Tiedens & Linton (2001) also find that 

feelings/emotions can improve processing judgments and decisions. Positive 

feeling improves the thinking and cognition of an individual, which leads them 

to make improved decisions. Lucey & Dowling (2005) say that variations in 

feelings of investors lead them to predict equity pricing. Emotions enhance 

consciousness, which facilitates judgments and decision making. The 

psychological factors such as anger, fear, emotions/feelings, and other 

heuristic biases cause investors’ risk perception ability and investment 

decision making. 

 

The previous literature available on investor’s judgments and decision 

making includes conflicting viewpoints regarding the role of investors’ 

emotions and moods in their assessment of the real situation and, 

consequently, making the final investment decisions. Emotions play a severe 

role in human judgment (Shiv et al., 2005). Winkielman, Zajonc & Schwarz 

(1997) claim that feeling/emotion does not have such an impact on judgments 

or decision making in a short time, opposing the ‘mood-as-information’ model 

of Schwarz & Clore (1983). The experimental study concludes that the speed 

with which stimuli are exposed also influence judgments. The results show 

that if the stimulus is exposed for very short time (a second) then effective 

feelings don’t come into play while making decisions. However, if they are 

exposed to a stimulus for a longer time (a few minutes) then effective feelings 

play their role in making decisions (Winkielman at al., 1997). After that, the 

relationship between emotions and life satisfaction gain the importance of 

researchers and psychologists. A study by Suh, Diener, Oishi & Triandis 

(1998) carries the data from different states on emotions and individual’s life 

satisfaction and finds a correlation between them. Cultures, norms, and 

emotions significantly affect an individual’s judgments, perceptions, decision-

making, and satisfaction. 

 

 Shiller (2000) explains the psychological factors, emotions, and role in 

decision-making in his book, ‘Irrational Exuberance.’ The author claims that 

individual investors' emotions/feelings influence as a critical factor in 

decision-making processes, which also affect the stock market in the United 

States. Therefore, investors need to keep their feelings apart when making any 

decision to invest. Alhakami et al. (2000) conclude that investors rely on affect 

heuristics under restricted time, which leads them to a negative connection 

between risk and expected gains. They try to control the effective feelings by 

providing enough information about the risks but still find the presence of 
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affect heuristics because the information on one aspect, i.e., high risk, leads 

them to perceive a low benefit. 

 

 Weary, Edwards, Hippel, & Jacobson (2000) examine the impact of trait 

on information processing under the depressed condition of participants. 

Results indicate that under the state of depression, individuals are more 

sensitive to negative information than others. Past literature also finds the 

relationship among investors' emotions and perception of risk (Renn, 1998, 

2004). A positive as well as a negative relationship discover as perceiving risk 

in decision making. Positive feelings and emotions lead to perceive less risk 

while under negative feelings, investors find the situation riskier. Further, 

anger and fear have the opposite effect on risk perception; fearful individuals 

are more risk-averse (Lerner & Keltner, 2001). For example, while making 

decisions, people are inclined to make decisions that are in line with their 

perceptions (Dolan, 2002). Every day, humans experience specific emotions, 

which in turn impacts the other foundations of cognition. The psychological 

consequences of emotions include memory and reasoning patterns, and people 

try to recall that information from their memory, which supports their feelings 

(Tiedens & Linton 2001). Behavioral finance is getting its implications in 

financial management decisions. Capital budgeting managers also use 

cognition and a significant reaction to emotions and financial data to make 

capital budgeting decisions (Kida, Moreno, & Smith, 2001). 

 

Slovic et al. (2002) describe the affective feelings as a negative factor 

that leads investors towards biased decision making. This view shows that 

feelings/emotions can determine an individual’s judgments and course of 

decision making. Negative feelings and emotions influence the judgment 

patterns in such a situation that need judgments before making ultimate 

decisions, so the literature shows different impacts of emotions (Tiedens & 

Linton, 2001). Schwarz & Clore (2003) argue that emotions and mood states 

work as sources of information while performing certain activities. A good 

mood helps individuals to recall the information which the mind skips in 

typical situations. Whereas, a bad mood influences the mind to work on 

unrelated judgments. Lucey & Dowling (2005) also discover the crucial role of 

emotions and feelings on investors’ behavior. The study extends the findings 

of decision making bias and economic psychology. It also adds the theoretical 

bias to the behavioral literature by concluding the results as variations in 

investors’ feelings strongly influence their decision and also evidencing the 

predictability of equity pricing. 

 

 Lo, Repin, & Steenbarger (2005) use various constructs to measure 

different personality traits of day-traders along with emotional statuses and 

their impact on daily gains or losses. The results of the study explain that 
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emotional reactions are recorded as severe on both outcomes (profits or 

Losses) while personality traits are not making any difference among traders. 

The fundamental problem which is facing by decision-makers while making 

judgements on available infinite alternatives, each option has its pros and cons, 

which make the task challenging in a restricted period. Fear and greed always 

influence capital markets. Positive or negative emotions can assist people in 

such situations by taking into play apparent mind frames, which helps them to 

select and prioritize the best available options in the current scenario (Baker & 

Wurgler, 2007; Pham, 2007). Emotions also influence risk-taking choices. 

Positive emotions direct the investors to perceive risk positively as positive 

emotions enhance cognitive processing (Sjöberg, 2007; Slovic & Peters, 

2006). 

 

 Schwarz (2011) explains the role of feeling, mood, and experiences in 

judgments. Feelings use a source of information that positively influence the 

judgements and decision making. Human intuition sees risk as a danger; risk 

involves intellectual analysis and logical arguments to deal with the threat. 

Heuristic significantly influence human risk perception and evaluation. 

Literature also argues that individuals' emotions and brains strongly influence 

decision-making; it may be involved in making the tasks more complicated 

than usual (Hoffmann et al., 2011). Hon-Snir, Kudryavtsev & Cohen (2012) 

attempt to identify behavioral/psychological biases and their impact on 

economic thoughts and financial decisions. The study uses five main 

behavioral biases to conclude the results. For this purpose, participants were 

asked different queries using an online survey based on herding behavior, 

disposition effect, fallacy, and other heuristics. Investors’ feelings and 

emotions also lead them to be certain about the securities of well-known 

corporations are less risky. This perception is based on mental judgements 

which direct the investor to make an irrational decision. In this way, they 

underestimate the risks of such companies. So, a company’s reputation also 

influences the ‘optimal’ investment decisions and the results have shown that 

investors mostly consider the company’s reputation in terms of corporate 

social responsibility. They want to invest in a company that is better at 

corporate social works as good investments (Pachur, Hertwig, & Steinmann, 

2012).  

 

A study by Kempf, Merkle, & Niessen-Ruenzi (2014) also proves that 

investors' estimation about risk and return depends enormously on their 

emotional ratings. If the investor has positive emotions towards any company's 

stocks, they will expect high returns and low risk from it. However, these 

results are more common for the investor having less financial knowledge and 

who perceive that they are more aware of the firm. Negative emotions lead to 

the prediction of high risk and short returns; this bias may be influenced by 
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other factors, i.e., financial literacy and overconfidence. Moueed et al. (2015) 

survey the stock market investors of Pakistan and ascertain critical factors 

which influence the optimal decision making and finds that different 

psychological and social aspects of investors impact their judgments and 

investment decisions. Lubis et al. (2015) also explain that Psychological 

factors and specific personality traits influence investment decisions. 

 

Researchers have examined the impression of an object in a person’s 

mind, which affects the perception of that object's positive or negative 

qualities. Some studies support the fact that when individual investors have to 

make investment decision under restricted time, they always trust on the affect 

heuristics for making investment decisions. However, if enough time is 

available, then people mostly opt for detailed analysis rather than relying on 

heuristics. Institutional investors’ s decisions are also affected by the 

disposition effect and herding bias (Aren et al., 2016; Nouri et al., 2017). 

Authors argue that there is a correlation that exists between each of the 

investors’ preference and the investment decision, and investors moderately 

affected by the biases. They conclude that behavioral biases have more 

influence on less experienced investors (Aren et al., 2016; Boda & Sunitha, 

2018). Jabeen et al. (2020) also identify behavioral factors and their mediating 

role in decision making and finds that anxiety has a substantial impact on 

investors' decisions via herding. 

 

The above-given literature anticipates that the presence of psychological 

aspects plays a vigorous part in determining investors' investment behaviors. 

The current study is also an effort to explain such elements that influence 

Pakistani investors' normal decision-making patterns and help them deal with 

such critical factors. So, literature summaries the influence of affective 

feelings and emotions in three stages; first, emotions/feelings impact the 

individuals’ cognition and memory. Second, emotion can affect judgments 

sand patterns of judgments; it leads to a behavioral bias towards available 

choices, and finally, emotions indirectly influence the final decision making of 

individuals/investors. 

 

 

2.2.2 Anger and Investment Decision 

 

The literature explains the relationship between anger and the decisions 

related to a risky investment; some of them claim that the relationship is 

positive while others discover a negative relation. Diversity of events produce 

aggression, such as frustration, personal attacks, temperature, and noise, called 

“aversive events.” Research has shown that high trait anger individuals more 

easily experience anger when they encounter annoying conditions 
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(Spielberger, Reheiser & Sydeman, 1995; Lerner & Keltner, 2001; Ellsworth 

& Scherer, 2003). 

 

 Lerner & Keltner (2001) identify the relationship of anger and fear 

towards risk. The results of the study justify the predictions of the research that 

angry individuals are more optimistic as compare to fearful individuals. Anger 

is positively associated with risk-taking choices and decision making. The 

study concludes that anger has a positive impact on estimates and risk-seeking 

attitudes compared to happy or fearful individuals. Lerner & Tiedens (2006) 

measure the influence of ‘anger’ on the investors’ judgments and decision-

making patterns. It is intended to test the hypothesis of whether anger’s effects 

on judgment are positive? Because this emotional state derives from other 

negative emotions. The study discusses two dimensions of an angry emotional 

state, i.e., backward reflection and forward reflection. In the backward 

reflection, the author associates anger as an unpleasant and negative state of 

individual emotion. On the contrary, forward reflection anger is associated 

with a pleasant and positive state of individual emotions. However, the 

forward reflection of anger is given more consideration now and makes visible 

that anger can occur as positive consequences (Hemenover and Zhang, 2004; 

Lerner & Tiednes, 2006). 

 

In contrast to previous studies, Mitchell (2006) explains different 

emotional states and the relationship of ‘anger’ with many other variables. The 

findings disclose that anger and aggression are not positively associated with 

constructive problem-solving in a critical situation. Personal aggression in the 

workplace environment or someone other’s aggression makes you angry, and 

its outcomes are found negative in a problem-solving situation. This 

conclusion means that the impact of anger on the investment decisions is 

negative and anger is thought to be a negative emotion while judging 

investor’s behavior. 

 

 Small & Lerner (2008) determine the impact of sadness and anger on 

personal judgments and decision making. Results indicate that personal 

emotions, anger, and sadness generate opposite results to each other. Sadness 

encourages individuals to judge less and spend more; anger leads to judge 

more but spend less. The research supports understanding the role of anger and 

other emotional states on an individual’s judgments. It indicates that anger 

played a significant role in an individual’s decisions and judgments and was 

different from other emotions like sadness. There is a variance in decisions 

under the angry state and being in a neutral state. Risky situations induce 

specific emotions in investors and other decision-makers. The scale of trait 

anger shows different levels of anger produce different levels of risk 
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preferences, and different personalities feel and respond to anger differently 

(Gambetti & Giusberti, 2009). 

 

It also elaborates that anger caused a heuristic thought in individuals that 

affect their decision. Anger and other emotions significantly influence decision 

making. Anger always shakes the cognitive processes and helps the individuals 

to read the situations faster and more accurately. Authors argue that anger 

must be considered as a positive emotion; when looking forward, its 

experience is pleasant (Litvak, Lerner, Tiedens, & Shonk, 2010). Researchers 

also proposed the concept of intuitive decision making and emotional 

decisional making. They elaborated further that anger leads to effective 

decisions proved by various studies and individuals' responses in the research. 

The study says that anger and fear are the two most influential emotions. These 

emotions significantly affect decision-makers' thinking and approach, which 

makes them more analytical and sensible in their decision-making, so the study 

claims that anger causes intuitive decision-making (Coget, Haag, & Gibson, 

2011).  

 

Gambetti & Giusberti (2012) identify the relationship between anger 

and investment decision. The study includes two variables, which are trait 

anger and trait anxiety, results of the study extract after the data collected from 

the research participants. While discussing the impact of anger on investment 

decision making, the authors found that trait anger leads to risky investment 

options and induce investors to make risky decisions and invest in different 

types of stocks. So, the relationship of anger is positive towards risk-taking 

and investment decision making. Furthermore, anger trait also influences the 

predictability of investors. The results of trait anxiety extract contradictory 

results as compare to anger. Another study by Hassan, Shahzeb, & Shaheen 

(2013) examines the role of affect heuristics, anger, and fear of investment 

decisions. It claims a positive relation of anger on investor’s judgments while 

preparing for decision making. The study outcomes also argue that the 

‘emotion’ anger positively influences the investors' investment behavior, while 

investing in the stock exchange. The angry investors control the situations with 

ease, contrary to the normal state. Anger induce the investors to make the 

perception and judgments positive and optimistic. At the same time, examining 

the negative influences of emotions (anger & fear). Moreover, it is found that 

emotions play a moderating role in the process of decision making. Emotions 

also influence the intellect ability in prompt decision making (Kligyte, 

Connelly, Thiel, & Devenport, 2013). 

 

 Moors, Ellsworth, Scherer, & Frijda (2013) and Xing (2014) discuss the 

role of feelings, emotions, and appraisal theories and argue that anger is a 

situation that is mostly not under the control of individuals. Sometimes anger 
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and other negative emotions enhance the tendency to perceive a situation more 

negatively, but sometimes it influences as more informative. But the appraisal 

of such emotions is necessary before measuring their impact on decisions. 

Many debates on the anger influence are carried out, one of them claims that 

anger guides towards more heuristics approach in decisions making. Angry 

individuals find more clues than normal individuals. Whereas, sadness does 

not reflect such bias as compared to angry individuals while making decisions.  

 

Individuals greatly influenced by state anger behave more consciously 

under a given situation, i.e. under a trial compared to fear and sadness. These 

situations are less influential for angry individuals. A more intensive state of 

anger leads to a higher degree of risk-taking attitude (Zhang, 2016; Nuñez, 

Schweitzer, Chai, & Myers, 2015). Researchers discuss the regulating impact 

of anger on decision-making to understand the impact of intense anger, felt by 

the study participant on their conscious and decision-making. Using the 

computerized measures, research indicates that under severe sadness and 

anger, individuals tend to adopt the risk-aversion attitude. Otherwise, they 

must choose risk-taking decisions under normal circumstances (Szasz, 

Hofmann, Heilman, & Curtiss, 2016). 

 

Further, a recent study argues that anger and confidence are related to 

investment decisions (Jackson, Howes, Kausel, Young & Loftis, 2018). Aren 

& köten (2019) also finds that anger is opposite to risk aversion, which means 

that anger induces to make a risky decision. More, angry investors’ have the 

ability to proceed with available information during decision making than 

fearful investors (Wynes, 2020). Aren & Hamamci (2020) also found a 

significant role of personality traits and emotions (anger) in investors’ risk-

seeking behavior related to investment choices. 

 

All the above-discussed studies emphases that anger is the most 

influenceable emotional trait that can impact decisions and risk-seeking 

behavior positively or negatively. But most of the studies argue that angry 

individuals are more conscious and find more clues in certain circumstances, 

and they are risk-takers. It is extracting that anger state enhances investors' 

consciousness and encourages them to think faster and think optimistic. 

Consequently, it also guides the investors in the decision-making process and 

controls the investors' risk perception. Finally, this can be concluded that the 

emotion 'anger' has a significant influence on investment decisions and the 

degree of risk-taking behavior of investors. 
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2.2.3 Fear and Investment Decision 

 

“Be fearful when others look greedy and be greedy when others look 

fearful” (Warren Buffett). 

 

An experimental study by Tiedens & Linton (2001) finds that many 

types of emotions increases the level of uncertainty and make decision making 

difficult. The study results conclude that fearful investors become more 

conscious and apprehensive about the circumstances and do not invest in risky 

and unfamiliar stocks in an attempt to avoid uncertainty. Therefore, under the 

fear state, individuals encourage to consider more information carefully to 

reduce the level of risk and uncertainty. A study by Lerner & Keltner (2001) 

argues that fearful investors tend to avoid prompt decision making to invest in 

risky stock and move towards less risky choices. The authors conducted 

several experiments to prove their results. It may lead to make less use of 

profitable opportunities by investors. Katkin et al. (2001) conducted an 

empirical study to ascertain the impact of fear on behavior and find the 

opposite results to contemporary studies. According to their research, the 

emotions of fear can make people conscious about the danger and thus help 

them in making judgments and decisions. Fear also induce stimuli to use past 

information, which is beneficial for future decisions. 

 

Fearful individuals make pessimistic judgments about future events. 

Researchers identify the relationship of anger and fear with risk and claim that 

fear and anger affect risk perception differently. The results of fear’s impact 

show a negative association of fear and risk-seeking behavior. The study 

concludes that anger has a positive impact on estimates and risk-seeking 

attitudes compared to happy or fearful individuals, while fearful individuals 

found more risk aversive (Lerner & Keltner, 2001; Godoi, 2005; Lerner & 

Tiednes, 2006). Market efficiency can be a challenge in the presence of fear 

and greed in stock investors. The study uses different constructs to measure 

different personality traits of day-traders and emotional statuses and their 

impact on daily gains or losses. Results state that fear, greed, and other biases 

significantly influence the share prices, market trends, and investors' wealth. 

More intense reactions are found under both profit or loss. The influence of 

fear and anger on the judgment is found the opposite; fearful individuals are 

more pessimistic about future events (Lo & Repin, 2002). 

 

It is discussing that fear of the unknown change the behavioral 

preferences in portfolio management where CAPM fails. Cao et al. (2009) 

study the impact of emotions on individuals and argue that it may be useful or 

worst based on dealing with the emotions under complex phenomenon. Fear 
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also influences a diversification strategy, and personal bias of unfamiliarity 

stops them from making a suitable portfolio. Fearful investors enjoy low 

returns than losses because of risk aversion. Giannetti & Simonov (2006) 

explore the relationship between poor corporate governance and the fear of 

investors. Authors argue that stock investors avoid investing in corporations 

with week governance because they cannot overcome their fear. Local 

investors and foreign investors enjoy securities benefits of companies whose 

information can access them and avoid trusting privately accessible 

information. Fear and uncertainty bias influences decision making by 

increasing good intuitions (Jamieson & Hyland, 2006). While making 

decisions under uncertainty and emotions, fear also impacts the decisions by 

influencing the cognitive processes. Individual focuses on excessive thinking 

to avoid losses due to wrong decisions under hesitation; fear certainly 

influences the cognitive process and decision making (Chanel & Chichilnisky, 

2009). 

 

Fear is one of the essential features of human emotions and psychology 

that affects human behavior. Fear is often associated with the “bearish” 

behavior of investors in the stock market. Contrary to other investors, fearful 

investors sell their stocks early as they are pessimistic and avoid risks in their 

trading activities. The study was based on experiments, and results indicate a 

negative relation between fear and financial decisions (Lee & Andrade, 2011). 

Coget et al. (2011) explained the concept of intuitive decision making and 

emotional decisional making. It is also elaborate that anger and fear lead to 

effective decisions proved by responses of individuals in the research. The 

study says that anger and fear are the two most influential emotions in the 

process of judgment and decision making. These emotions significantly affect 

decision-makers' thinking and approach; fear leads them more analytical and 

sensible in their decision-making, so study claims that fear causes intuitive 

decision-making. 

 

Fearful decision-makers use past experiences from their consciousness 

to avoid past mistakes and do better in the future. Similarly, fearful investors 

recall their past mistakes and use more consciousness in decision making, 

contrary to the normal state. Fear induces the investors to make the perception 

and judgments more cautionary to avoid more risky choices. The role of affect 

heuristics, anger, and fear found positive on investors' judgments while 

preparing for decision making. The outcomes of the study also argue that the 

‘emotion’ fear positively influences the investment behavior of the investors, 

investing in the stock exchange (Hassan et al., 2013). Fear and other emotions 

significantly influence decision making. Anger and fear always shake the 

cognitive processes and help individuals read the situations consciously and 

more accurately. However, the impacts of anger and fear emotions greatly 
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dependent on appraisal techniques. While examining the negative influences of 

emotions (anger & fear), it is found that emotions moderate the process of 

decision making. Emotions also influence the sensemaking decisions rather 

than unethical; fear influences more than anger (Kligyte et al., 2013; Suresh, 

2013).  

 

A more intensive state of anger and fear leads to a higher degree of 

intuition. Individuals are greatly influenced by anger and fear and behave more 

consciously under a given situation, i.e., under a trial. But, fear and sadness are 

less influential than anger (Nuñez et al., 2015). Habib, Cassotti, Moutier, 

Houdé & Borst (2015) also argue that fear and anger significantly influence 

the heuristics and risk-taking choices; fear mostly encourages risk-averse 

decisions. A study by Lee & Andrade (2015) examines the fear and risk 

relationship. Fear usually induce a risk aversion attitude while dealing with 

stocks. Still, the same situation may stimuli the risk-taking preferences when 

you are aware of the situation at the same place or somewhere else. 

Furthermore, authors reinterpret fear as excitement, as a result of contextual 

cues. Individual excitement level mediates the relationship of risk preferences 

in the financial decision and fear relationship. Another study to examine the 

impact of fear on decision making also finds that fear opposes making 

decisions under more risky situations (She, Eimontaite, Zhang & Sun, 2017).  

 

Huang & Wang (2017) also examined the relationship between the 

investor’s fear and investment behavior. Under fear, investors are more 

reactive to bad news than good news and often induced to take investment 

decisions and choose less risky portfolios. All the investors in the market have 

to deal with fear or greed. When markets are overwhelmed due to greed, 

fearful investors start to sell, but sometimes they follow herd behavior in the 

market. Investors’ fear also influences the market sentiments and expected 

returns. Singh (2019) also identifies that the level of fear in investors varies on 

different days and ultimately impacts decision-making and typically arises 

from the uncertainty of events (Bash & Alsaifi, 2019). 

 

 So, the above-discussed literature debates various aspects of the 

emotion ‘fear,’ and most empirical evidence claims that fear induces the 

individuals to be more conscious about judgments and decision making. 

Fearful investors observe more uncertainty in the market, and they take more 

cues from the situation. Past studies explain the causes and consequences of 

investors’ fear while making risky decisions, and researchers argue that fear 

induces risk-averse behavior in investors, but sometimes decisions are more 

improved. 
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2.2.4 Positive Mood and Investment Decision 

 

Personality traits along with mood states, have been discussing in the 

literature. Personality traits and their influence on cognitive development have 

been discussed separately in past studies (Rusting, 1998; Schwarz & Clore, 

2003). An experimental study shows mood states' effect on risk preferences; a 

happy event leads the individual to take the risk under the positive effect 

(Johnson & Tversky, 1983). Investors tend to be more risk-averse under 

negative mood states and choose an investment option that produces adverse 

outcomes (Isen et al., 1987). The study results are extracted by using 

moderation and mediation approaches and indicates that mood states 

interrelate with personality traits to encourage emotional dispensation in 

decision-making. Different personality traits produce variance results (Rusting, 

1998; Tiedens & Linton, 2001). Happy moods are an indication of higher 

general knowledge and help to increase motivation as well as cognition (Bless, 

Hamilton, & Mackie, 1992; Bless, Schwarz, & Wieland, 1996). 

 

 Forgas (1998) studies the impact of temporary mood on attribution 

mistakes. Results suggest that positive mood leads to make more fundamental 

errors, while negative mood guides fewer fundamental errors (FAE). Park & 

Banaji (2000) argue that a positive mood helps individuals to raise their 

heuristic levels. In most situations, it is evident that mood's positive effect 

enhances cognition, reasoning the investors' problem-solving capabilities. A 

study confirms the positive influences of good mood on decision making and 

resolving complicated issues in contrast to negative mood (Isen, 2001). Pham 

et al. (2001) and Raghunathan & Pham (1999) demonstrate that negative mood 

does not always impact decisions negatively. They find that individuals in a 

tempted ‘sad mood’ are more risk-seeking, while those in an ‘anxious mood’ is 

less risk-seeking behavior. Anxiety and depression lead individuals towards 

the least risky choices.  

 

 Hockey, Maule, Clough & Bdzola (2002) explain the consequences of 

negative mood on decision making. Different dimensions/kinds of negative 

moods are chosen to measure the responses on risk-taking attitudes to explain 

negative mood states' effect on the decision-making process. Positive mood 

expressively improves intuitive judgments. The literature demonstrates 

different types of moods, i.e., happy, sad, and neutral (Hockey et al., 2002). 

The results of the study ascertain that state ‘fatigue’ induces more riskiness in 

particular and risk-taking in everyday decision making as compared to other 

negative mood states. Some studies are also opposing the results of the 

positive influence of good mood on financial decisions (Au, Chan, Wang, & 

Vertinsky, 2003).  
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A study by Yuen & Lee (2003) attempt to explain the impact of 

different mood states on the decision-making pattern, especially under risky 

situations. Authors claim the different mood states during daily life activities 

strongly influence the decision-making choices, as positive, neutral, or 

negative mood states have their own specific and variant impacts. While 

reacting to certain situations, individuals with sad/depressed mood choose 

pessimistic behavior and become risk-averse. Positive and neutral mood states 

induce risk-seeking preferences during decision making. Results of a study by 

Bolte, Goschke & Kuhl (2003) suggest that there is a significant trend in 

investors towards risk-taking choices under positive and neutral mood as 

compare to sad mood. Mood as an information argument gains the importance 

of two decades. Authors of the theory ‘mood as information’ revise the study 

after twenty years to validate the earlier study's consequences. It is found that 

‘sad mood’ is causing significantly to deviate from the usual line, happy 

moods make no such abnormal deviation from the line as compared to normal 

mood. The study confirms the hypothesis that mood states are highly 

influential in the situation under uncertainty. Mood states provide important 

information towards circumstances and decision making (Schwarz & Clore, 

2003). 

 

Bolen (2007) studies the consequences of good or bad mood on foreign 

exchange traders and concludes that traders' good mood inclines them to make 

less accurate decisions. A good mood induces a more confident attitude, 

leading to perceived situations lightly. While under bad mood state, investors 

behave conservatively, and chances of errors are reduced. Grable & 

Roszkowski (2008) investigate the relationship of mood states and risk 

acceptance attitudes and finds a positive association. A happy mood leads the 

investors towards more financial risk takings. 

 

 Gärling, Kirchler, Lewis & van Raaij (2009) explain the different mood 

states while examining the psychological factors’ role in decision making on 

financial matters under financial crises. The study describes that mood is a pre-

decisional affective state that is positive, negative, activated, or deactivated. 

Some experiments were carried out by involving the students as the 

participants who are asked to perform various tasks under negative and 

positive moods and finds that most of the participants made wrong decisions in 

negative moods opposite to the decisions in a good mood. Santacruz (2009) 

identifies that mood affects the economic decisions of investors. A study on 

Australian investors expresses that investors’ economic mood impacts 

investors’ risk tolerance patterns. Chou et al. (2010) focus on investors’ 

attitudes towards a risky decision and financial choices and concludes that 

positive behavior, gender, and experience significantly contribute to risky 
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decision making. Taped experiments were also conducted to examine the 

mood’s impact on risk-taking choices. The study uses a comedy movie as a 

proxy for a happy mood; participants have to invest in risky alternatives. 

Investors use their happy moods in risk-taking decisions during their happy 

mood states (Lepori, 2010). 

 

Researchers Vries, Holland, Corneille, Rondeel & Witteman (2012) 

identify that the decisions made on an individual basis are substantially 

affected by society's mood state. The study uses two mood scales to measure 

public moods, first is a common positive/negative mood, and the other is 

Google drive mood states (GPOMS). By using the social media ‘twitter’ to 

ascertain the mood reaction’s influence on stock markets. Results empirically 

proved that mood states have strong predictability of stock markets (Bollen, 

Mao, & Zeng, 2011; Lepori, 2015). The latest study by Strydom et al. (2019) 

to evaluate the mood and gender differences in decision making and reacting 

to the new announcements also justify certain differences between male and 

female investors. Negative mood states are more noticeable in male 

participants. While under a positive mood effect, individuals appear as more 

active and prepared to make decisions. Filiz, Nahmer & Spiwoks (2019) also 

found that positive mood really influences investors' investment choices while 

neutral mood often leads to following others’ decisions. Sun, Liu, Chen, Hao, 

& Zhang (2020) also find that investors' mood is influenced by social 

interaction and consequently affects the overall stock market. 

 

The findings above reveal that mood states greatly impact financial 

decisions, and there are different kinds of mood states that have a positive 

impact. Some states guide a negative influence on the investor’s behavior and 

investment decisions. This study uses a positive mood as an investor’s 

psychological factor, guiding them towards vital information and proficient 

investment decisions. 

 

 

2.2.5 Stress and Investment Decision 

 

The literature on the effects of stress on investors’ judgments always 

discusses tentative conclusions. The relationship of human stress and financial 

decision making is a topic that remains under great discussion and still 

unexplored (Gillis, 1993). Decision making when choices are available is quite 

tactical. A study tries to examine the decision-making ability of male and 

female decision-makers under stress and select 59 men and 42 women. 

Participants were evaluated under uncontrolled stress, controlled stress, and no 

stress. Results reveal that factors belong to controllable and uncontrollable 

stress makes no such difference and strongly influence the decisions when 
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alternatives are available. More alternatives lead to more decision-making 

problems (Keinan, 1987). 

 

It is detecting that stress often narrowing the process of judgments, 

which leads to less rational decision making. Furthermore, the literature on 

stress presents enormous causes and consequences of stress, and normal life 

events fall in one of the major causes of stress. Someone’s excessive thinking 

also sends them under stress state. In today's’ world, many kinds of stress are 

exposes. Environmental demands and overthinking are the major causes of 

stress, which, in turn, produce difficulties in tasks related to judgments and 

decision making (Fairbrother, 1999). Stress is usually associated with negative 

experiences. Individuals who work in a complex environment and cope with 

stressful conditions are not found to make proficient decisions. It means when 

people under stress make a difficult and less wise decision (Davidson et al., 

2000). Stress impact on individuals’ decision making is also evaluated in an 

experimental study and finds that stress directs to make short term beneficent 

choices. Under-stressed situations, people often choose what is good for them 

at that time. They do not think about the long term future (Gray, 1999). 

 

A study by Useem, Cook, & Sutton (2005) on decision making under 

stress for decision-makers shows that stressed situations often create ambiguity 

in the decision-making process. The study focuses on managers’ decision-

making power, and results declare that managers face intense pressure to make 

decisions under terrible situations. Researchers and practitioners argue that 

stressful work situations make individuals make ridiculous decisions (Ganster, 

2005). Therefore, an investor investing under stress may fall prey to this 

psychological bias leading to make wrong investments. The stress can be work 

stress, investment breakdowns, domestic disturbances, etc. Stress is usually 

associated with negative experiences. Stress and decision-making association 

are considered important in job duties, workplace environment, executive 

decision making, and financial decision making. Preston et al. (2007) focus on 

stress and individual behavior summarize that male and female participant act 

differently under stressed conditions. It also proposes that the female 

participants of the study’s experiment perform better than the male 

participants, which involved a performance evaluation study under stress. 

Male participants produce poor knowledge and the least performance under 

stress. 

 

The findings are in contradiction of previous studies which demonstrate 

the better performance of male under stressed circumstances than female. 

Acute stress causes decision-making problems for both men and women 

differently. The overall impact on decision-makers' performance found a 

negative (Bos, Harteveld, & Stoop, 2009). A comprehensive study is 
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conducted by authors Porcelli & Delgado (2009) to evaluate the impact of 

stress on financial decision-making. Investor’s decisions are always 

susceptible to external factors and internal strain. Demanding situations, 

complicated environments, and social contracts lead them to stressful settings. 

It is necessary to understand what circumstances are liable to create a stressful 

environment then deals with the environment in which you have to make 

decisions. The study results explain that financial decisions are exposed to 

acute stress. It is also found significant diverse evidence in decision making 

under stress and without stress. Stress causes risk-taking attitudes and 

behavioral bias in decision-makers. 

 

Financial stress leads to a hazard effect on economic activities. A new 

measure of financial stress develops by the researcher, which economists use 

in critical situations (Kalra, 2009). Rational styles of decision making reduce 

the negative impacts of stress. Decision-makers should adopt different 

strategies to overcome stress while making complex decisions (Allwood & 

Salo, 2012). Under threatening circumstances, intellectual reasoning starts 

signaling about the danger. Human minds start analyzing the situation, 

potential threats, and feasible actions to deal with the situation. Human stress 

often influences negatively when a decision is to be made under a restricted 

environment (Norris & Wollert, 2011). A study on stress and decision making 

by Starcke & Brand (2012) conducts and facilitate by some experiments 

ensuring the participation of the subjects and made sure that the stress emotion 

was induced properly like stress and pressure. The findings prove the effect of 

stress on decision making and depicted that the decisions under stress lead to 

decreased or poor performance and mostly lead to risky decisions. 

 

Pabst, Brand & Wolf (2013) compare the decision-making timing of 

groups of participants, namely the stressed and controlled groups. A game of 

dice is used to observe the decision making of participants. The study's results 

measure the game's timings to end and reveal the conclusions as a stressed 

group is riskier to make decisions than the controlled group and spend more 

time. Negative effects of the stress can be conferring resistance by using 

emotional intelligence (EI). EI supports the decision-makers to properly filer 

the available information for effective decision making. EI helps to detect and 

channel information for social clues (Matthews, Fallon, Panganiban, 

Wohleber, & Roberts, 2014). Subsequent studies found that stress is negatively 

associated with investment decision making. A survey from investors investing 

in the Islamabad stock exchange reveals that stress negatively impacts 

investment decisions and female investors feel more stress than male investors 

(Moueed et al., 2015; Hejase, 2017). Stress and financial decision making 

belong to two different fields of knowledge; stress is a medical or 

psychological term, while investment decisions belong to finance and 
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economics. A medical study links to financial decision making claims that 

under stress, individuals make a more risky decision in a competitive 

environment (Nofsinger, Patterson, & Shank, 2018). Morgado & Cerqueira 

(2018) argue that stress negatively influences cognition and motivation, as 

social stress often induces depressive behaviors. Jabeen et al. (2020) also find 

that stress is a prominent source of biased decision making, and it also 

mediates the investment decision through representative bias. 

 

The above-discussed literature shows that stress is a long-lasting 

negative emotion, and individuals often experience stress for several reasons; 

stress mostly causes negative consequences. 

 

2.2.6 Social Interaction and Investment Decision 

 

Apart from psychological factors, there are some social factors that also 

influence investors’ behavior in risky situations. Past studies demonstrate the 

pressures of social contacts and information cascades on investment decisions. 

The experiments' inferences reveal that individuals belong to different fields of 

life, certainly influenced by their social networks, co-workers, or other 

advisors. Therefore, the decision making of individuals effects by social and 

behavioral biases (Rook, 1984). The author Weick (1974) gave a famous 

statement in favor of negative social systems support when nouns exceed to 

the verbs, affecting start moving the negative side. It is necessary to reexamine 

the consequences of respectable interaction. 

 

 Holtz & Miller (1985) conduct research on social projection's influence 

on individuals’ perception, analysis, and decision-making attitudes. 

Researchers identify that people often choose the similarities between their 

own perceptions/beliefs/knowledge and others’ counseling. Individuals' 

tendency to evaluate others and compare with oneself always leads them to 

question the uncertainty of events. The presence of large groups with different 

opinions makes a behavioral bias in investors. Social system theory declares as 

false constructive support systems. Effective communication and interaction 

should be improved the temporary system in the empirical literature (Weick, 

1993). Putnam (1995) argues in favor of social capital and its various 

advantages as well as its drawbacks in urban society. Study reveals that 

individuals are less likely to join companies after visiting their friends belongs 

to elder age group as public relation professionals, which show that people do 

not interact much nowadays and rely more on their own decisions as being 

self-dependent (Putnam, 1994; 1995).  

 

Researchers discussed new measures, concepts, and theories of social 

capital widely in the literature. Social interactions between individuals and 
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other groups of society affect their thinking, reasoning, judgments, and 

investment decision patterns. In the process of social learning, individuals also 

learn from their past mistakes and experiences. They also use the experiences 

of their neighbors and colleagues, who are performing well in an equity fund. 

In a connected society, following the other social members’ advice is essential 

(Bala & Goyal, 1998). The advice leads to social bias that affects the 

investor’s behavior (Fellner & Maciejovsky, 2003). Sociologists also suggest 

that individuals adopt the beliefs and social processes of others because they 

compare them with others and judge them better. While some individuals 

believe that others’ information is a respectable source, called a cascade, and 

they prefer them on their own beliefs and knowledge. Social projection and 

informational cascades create great conflict between their perceptions and 

others’ respectable information (Kuran, 1998).  

 

Social science is also declaring as a pillar for successful financial 

management. Social theories are helpful for individuals in interpreting the 

social phenomenon to judge the behavior of other individuals under specific 

circumstances (Hatchuel, 2001). It is not sufficient for the investors to consider 

the design and elements of underlying decisions that are only based on 

investor’s cognition. Still, the design process must be multidimensional by 

choosing many ways, including social processes. A study by Madrian & Shea 

(2001) highlights the importance of social relations and suggestions in saving 

and investment behaviors; investment advice sometimes works as default 

choices. These behaviors may lead them to potential negative returns. The 

information greatly impacts decision-making and tries to deviate the investor’s 

decision from fully rational decisions. If the investors have greater knowledge 

about investment and situation, they rely on this information; otherwise, they 

use the information got through social interaction (Hong et al., 2004; Kokinov, 

2003).  

 

Social scientists and researchers also demonstrate the possible stimulus 

of hubs in the stock markets by discussing the endorsement effect. These are 

the professionals in markets, and they advise on investment decisions. 

Investors generally rely on such hubs before they make any final choice. 

Social networks favor an investor’s decision-making when they are uncertain 

about what they should elect. It is the informative function of the social 

network, and uncertainty arises due to the lack of personal information like 

other behavioral factors (Hoffmann & Jager, 2004). When individuals perceive 

false consensus based on social projection, they involve in making judgements 

on the opinion of others. Most of the time, individuals stuck in confusion to 

trust in their knowledge through social projection or choose to stereotype. A 

study indicates that individuals use both the information, greatly rely on 

personal inferences (Fellner & Maciejovsky, 2003; Ames, 2004). The social 
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projection has a stronger impact on individuals’ judgements as compared to 

internal beliefs. Social projection helps to induce heuristics for reasoning while 

masking a judgment or decision (Clement & Krueger, 2002; Krueger & 

Robbins, 2005). 

 

Another example of the influence of other people’s choices and 

suggestions on someone’s personal beliefs and knowledge is presented in the 

form of an empirical study on individuals’ decisions about their retirement 

plans. Colleagues and coworkers’ opinions strongly influence the judgements 

and choices of other individuals. Social interaction and colleagues’ choices 

negatively influence other peers' choices to choose their own investment 

decisions and retirement plan (Duflo & Saez, 2002, 2003). There are hubs in 

the society which influence the decisions of individual investors as they have 

an impact on an individual’s behavior and choices. The financial advisors are 

also termed as the hub because they also negatively influence others' decision-

making choices (Hirshleifer & Teoh, 2003).  

 

Social interaction and social learning also influence the aggregate 

prospects of individuals. It is observed in a practical field experiment that 

while interacting with a large member group, individuals are influenced by 

others' advice only when they are declared as boss of the market; otherwise, 

individuals use their own information (Bowden & McDonald, 2008). Social 

projection greatly influences the decision making and judgements of investors 

and securities traders. It is extracted from the social experiments that 

individuals feel fear while comparing them with others and make buy or sell 

decisions based on others’ decisions. The social bias and investment decisions 

have negative relation (Lee & Andrade, 2011). Social interaction by the 

investors includes everyone around them, which directly or indirectly affects 

the investor’s behavior. Before making an investment decision, investors 

gather information from people around, such as friends, family, and colleagues 

(Ianole, 2011). 

 

The literature also advocates the importance of social interaction and 

oppose social exclusion behavior. Because being alone is not beneficial for 

individuals. Rejection of interpersonal and social relations forces you to avoid 

good financial decisions (Hong et al., 2004; Bowden & McDonald, 2008). The 

influence of social interaction or social exclusion on the investment decisions 

examines by field survey and lab experiments by choosing an option from two 

investing behavior under uncertainty. The results revealed that participants 

who were more involved socially with other members make better financial 

decisions and invest in less risky investments. While socially excluded 

participants chose to invest in more risky investments. It again indicates a 
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positive relationship between social interaction with investors' investing 

behavior (Duclos, Wan, & Jiang, 2012). 

 

 Subash (2012) also describes in his research that the reasons for these 

social influences on the people are not relevant, but its impacts are critical to 

understand. In today’s world, investors are more social able individuals, and 

they get confused instantly when they listen to someone's advice. It is 

impossible for them to ignore others' advice, so they start making judgments 

and draws new options. Investors are strongly affected by social contacts in 

their decision making, and negative productivity is confirmed in the form of 

returns (Wang & Yu, 2015). One of the vital researches on information via 

social interaction and herd behavior establishes by using lab experiments. The 

study uses to distinguish the behavioral changes under information cascades 

and herd behavior. The results of this experiment show that cascades arise by 

up to 37 %. Instead of personal information, participants also rely on others' 

information to make rational decisions; 7.2% of the subjects didn’t follow the 

others' actions, but remaining all did it. It shows a positive relation of social 

interaction with the investment decision (Ammann & Schaub, 2016). 

 

Social interaction significantly influences the investment decisions of 

stock market investors, and male investors are more induced by the 

suggestions and advice of others. So, deal with Social interaction is as 

important as financial capital for the investors. The studies support the 

approach that public relations are important to build trust and reputation by 

using professionals and experts’ opinions, under social capital strategy (Dodd, 

Brummette, & Hazleton, 2015; Li et al., 2016). That’s why social interaction 

has been proved as a major behavioral factor that can influence the 

individuals’ judgements, perceptions, and decision making. A researcher found 

that social interaction also uses for attracting potential investors in lottery 

markets. For this purpose, different social interaction channels are using, i.e., 

Google and Facebook. Further, sociability helps to predict asset prices among 

investors as compare to non-sociability (Bali, Hirshleifer, Peng, & Tang, 2018; 

Han, Hirshleifer & Walden, 2018). Giannini, Della Rossa & DeLellis (2019) 

also demonstrates that social interaction leads to biased investment decisions; 

investors usually forget their own investment pattern and start the following 

herd in the stock market. Recently, Jabeen et al. (2020) also identify that social 

interaction significantly influences investors’ psychological bias, which 

negatively influences investment decisions. 

 

The above discussion on the different aspects of social interaction 

guides this study that there are different social interaction outcomes possible. It 

can have positive, negative, or no impact on investors’ judgment and 

investment decision making. But the major findings suggest that social 
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interaction strongly influences investors' risk perception behaviors, decision 

making patterns, and investment choices. 

 

 

2.2.7 Herding and Investment Decision 

 

The faith of investors that other investors are doing right tends them to 

follow the other investors. Herding is investors’ propensity to follow others in 

the same stock or same market. Herding can affect an individual investor as 

well as the institutional investor or a financial analyst (Shiller, 1995; 

Kahneman & Tversky, 1979). Scharfstein & Stein (1990) identify many 

factors that lead the investors to choose to herd, i.e., they rely on others’ 

information; they think that their informative material is not up to the mark 

and other investors have better information. Bikhchandani, Hirshleifer & 

Welch (1992) show that investment fund managers also follow ‘herd’ when 

they do not utilize personal private information and make decisions similar to 

other managers. So, this attitude often produces average or minor returns. This 

behavior of investors often generates poor results for individuals, groups, and 

markets. Herd behavior is largely observed in a situation of markets with a 

downfall trend and causing dispersion in stock prices. Christie & Huan (1995) 

indicate that daily and monthly returns deviate from the expected returns 

calculated by conventional CAMP models in a herd situation. The authors also 

propose new behavioral finance models to assess asset pricing. 

 

When individuals/investors face the ‘herd’ behavior in the market, they 

become blind and forget to use their knowledge and information. Investors 

unconsciously start to follow the direction where most of the other investors 

going without giving due consideration to their situation. Herding is one of the 

imperative social factors which can impact the investors’ investment decisions. 

Devenow & Welch (1996) narrate ‘herding’ as a behavior of individuals, 

investors, or institutions that unseeingly follows the majority of the people's 

decisions and material rather than relying on their own set of information and 

thinking to make a fully rational choice. 

 

There are a lot of factors which influence on the rational decision 

making of investors; fewer irrational decisions cause unexpected returns. A 

study by Olsen (1997) estimates that investors' return varies by up to 77 % 

from 1965 to 1990. The variations in return explained that investors are biased, 

and a number of factors involve to distort rational decision making, herding is 

one of them. Herding occurs mostly because of a lack of self-confidence; 

therefore, the human mind forces them to follow the majority because 

investors do not rely on their own information (Bikhchandani, Hirshleifer & 

Welch, 1998). Such investors do not have the guts to stand alone and make 
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outstanding profits by choosing the right options. The studies mentioned above 

show a negative relation of herding behavior with investment decisions, but, 

the results are different in different settings.  

 

Further, a useful study by Chang, Cheng & Khorana (2000) on herd 

behavior examines the international perspective by including the 

investor/participants from five different countries around the world. Results 

reveal that mature markets’ participant indicates no signs of herding, i.e., the 

USA and Hong Kong market investors. In contrast, in the case of emerging 

markets (South Korea and Taiwan), results are different. The study concludes 

that strong evidence of herding behavior in these markets’ investors, but a 

partial herd behavior finds in Japan’s stock market investors. Cipriani & 

Guarino (2005) use the laboratory financial market to know the herd behavior 

of agents. The theory argues that agents don’t herd. To test the theory, subjects 

included in the study with some private statistics. Results prove the theory 

assumption as participants not follow others neither made any trade. An 

innovative measure of herding behavior argues better results than previous 

models which use cross-sectional market data. A three-component herding 

measure indicates that past herd behavior may cause the next herd behavior 

(Celen & Kariv, 2004; Clement & Tse, 2005; Hachicha, Bouri, & Chakroun, 

2007). 

 

 Cipriani & Guarino (2008) also elaborate on the effects of herding bias 

on investment decision making patterns that consist of 32 financial 

professionals from different financial markets. The findings disclosed that 

45.7% of participants followed their private signals or information for any 

investment decision, and the remaining either followed both the private 

information and the public investment flow or follow others’ decisions (herd). 

This research, however, also include other variables like age, gender, 

education along with herding bias. After that, a study by Youssef & Rajhi 

(2009) observes different herding parameters and their effects on investment 

behavior. The study results try to explain the major findings; the investors with 

more knowledge and experience rely on their private information and these 

investors make better decisions compared to the decisions made under herd 

behavior. Their knowledge and aptitude give them due consideration to their 

particular situation, and they do not follow others. On the other hand, less 

experienced investors with a low level of knowledge follow the herds in the 

market because their own choices are limited (Ottaviani & Sørensen, 2000).  

 

Analysts also explain the tendency of investors to move on ‘herd’ when 

their optimistic forecasts are not fulfilling. Investors might have less 

information, or they assume that their private information is lesser than public 

information. This thinking leads them to leave their unbiased estimates, for 
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which they are not certain. It is also assumed that they would only deviate 

from their unbiased estimate if their private information is lower than the 

public signaling (Campenhout & Verhestraeten, 2010). Subash (2012) 

investigates the investor’s behavior and includes herding bias along with many 

other psychological biases. He presents that herding may works as beneficent 

sometimes, but the positive aspect of the following herd is limited because 

when everyone is moving alike, i.e., in the same direction, then gains/abnormal 

gains are tough. The findings also describe that 47.8% of investors make 

decisions based on other people’s herd behavior.  

 

Lin (2011) ascertains that females are more prone to ‘herding biases’ 

and blindly follow other investors' groups. Similarly, young investors are more 

to fall prey to herding bias than old investors, who are more experienced. It 

means that apart from openness to experience, female and new young 

stockholders are more expected to track a ‘herd’ while trading in the stock 

exchange. So, observing others’ behavior transfers ambiguous information to 

other individuals and investors (Park & Sabourian, 2011). So, those 

individuals who are lacking the required basic information, and they feel 

hesitation in applying their own private information, and they start following 

others. Similarly, stockholders begin to emulate and follow the other groups’ 

information to make critical decisions. Many studies found that investors start 

thinking that other’ information and technical analysis is more reliable to make 

final decisions under certain circumstances (Prosad, Kapoor & Sengupta, 

2012; Messis and Zapranis, 2014). 

 

 Moradi & Abbasi (2012) examine the herding behavior among the 

investors of the Tehran stock exchange. The results of the study explain that 

fluctuation occurs in markets for short time periods, and when the new 

information is available to all the stockholders, securities prices are stabilized. 

Further, to examine the signs of herding behavior, five-year data collected 

based on a one-month interval and found no evidence of herding in Tehran 

stock exchange investors. After that, some researchers use survey studies to 

examine the herd behavior of investors in Asian stock markets. Results 

indicate that herding in markets negatively influences the investors’ decisions 

(Agarwal, Verma & Agarwal, 2016; Chavali & Mohanraj, 2016). It is also 

proposing that individuals/investors invest in securities where most of the 

investors are investing. It assumes as common knowledge when investors use 

the same information as others are using (Cipriani & Guarino, 2008; Kang, 

2013; Hayat & Anwar, 2016). But few studies express different results, as 

Bakar and Yi (2016) argue that herding has no significant impact on investors' 

decision-making. He extracts results after analyzing the investors’ behavior 

investing in the Malaysian stock market. 
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 Yang, Gao, Wu & Jin (2018) use financial tests to assess fund managers' 

financial performance with unequal information. Managers’ performance 

evaluates by using their flow of coping with others to minimize price 

variations. Performance evaluation is a good measure to use for amended 

decisions under herd behavior. Investors' decisions are strongly influenced by 

herding bias and overconfidence bias. The results of the study indicate that 

herding bias distorts the decision-making pattern of individual investors and 

financial managers (Qasim, Hussain, Mehboob & Arshad, 2019). Jabeen et al. 

(2020) also identifies the relationship between herding and investment 

decision and argues that anxiety is the major cause of herding, negatively 

affecting the investment decision. 

 

The above-discussed literature can be summarized as numerous factors 

that cause herding in stock markets, and herding influences different investors 

differently in different countries. Most of the researchers argue that herding 

has the strongest impact on investors’ judgment and decision making. Its 

consequences may be neutral, positive, or negative, depends on market 

situations and investors’ perception. 

 

 

2.2.8 Risk Perception and Investment Decision 

 

While investing in stock markets, two factors gain all the attention, i.e., 

risk and return on investment. Expected returns and risk of loss have to 

calculate for proficient investment. How beneficent is your investment? is the 

question that is difficult to answer (Slovic, Fischhoff, & Lichtenstein, 1982). 

Perception of risk while investing is an important factor, along with other 

psychological and social factors. The concept of risk perception in decision 

making is evolved under many psychological and social theories and 

approaches. Every human being is different in perceiving the risk 

simultaneously or at different times, depending on situational factors or 

personal factors (Slovic, 1971). It is discussed as the investors’ judgments 

about the hazards of investing wrong and their severity associated with a 

specific option (Johnson & Tversky, 1983). Researchers and analysts discuss 

the vital role of risk perception in financial decision making for many years. 

Tversky & Kahneman (1974) propose the prospect theory in behavioral 

finance and introduces the element of uncertainty, which is underestimated in 

fully rational decision making. Risk perception is directly associated with the 

judgements of investment options and ultimate decision making (Kahneman & 

Tversky, 1979). 

 

Human cognition is used as a determinant of risk inherent in a specific 

option. Decision making under risk always leads you under risk choices. 
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Investors’ intuition and psychological factors induce him to take options with a 

calculated risk. Most of the investors perceive risk with more intensity and 

become risk-averse, while others make risky choices when they perceive risk 

as low (Kahneman & Tversky, 1984). It is always a critical element in decision 

making to judge the risk involved with a specific option. While talking the 

behavioral finance issues, the risk is the mental interpretation of investors 

association with physical or intangible stuff and stimuli from external factors 

most of the time (Slovic et al., 1982). 

 

Uncertainty in decision making always influences the behavior of 

investors towards risk. While making an assessment of risk in their decisions, 

their actions are also helpful for predicting their future behavior. In the decade 

of 1970-1980, major progress comes in the area of risk attitudes, and risk 

perception and three famous theories are proposed in this regard (Slovic, 

1971). One of the most dominating theories of risk perception is related to the 

psychology of human beings in decision-making and risk assessment called 

‘psychometric paradigm.’ This approach of risk perception talks about human 

cognition and heuristic and decision making. Investors use their cognition first 

to assess the severity of risk inherent in underlying security (Tversky & 

Kahneman, 1974). 

 

The second theory derives from some sociologist's cultural or 

sociological background and declares the term risk as a subjective matter. Risk 

is not a self-determining matter; it always depends on certain factors that are 

discussing as social or psychological (Johnson & Tversky, 1983; Slovic et al., 

1982). The third and final approach of risk perception is known as 

interdisciplinary, which syndicates the earlier theories with communication 

theory and talks about the information and communication of risk events. 

According to the theories of risk perception, investors in the stock exchange 

use the cognitive process to minimize the chances of loss by evaluating the 

situation. If risk perception is declared as a subjective matter, investors are 

influenced by psychological and cultural factors while making a judgment or 

investment decision (Slovic et al., 1982; Slovic, 1987; Fischhoff, 1995).  

 

Risk communication is also discussing under risk perception. It deals 

with information or lessons learned from mistakes communicate with others. 

So that newcomers in the field may avoid such mistakes. Proper utilization of 

the theory and practices can enhance the learning speed (Fischhoff, 1995). 

Sitkin & Weingart (1995) examine the role of risk perception and finds that it 

is significantly mediate the outcomes and problem framing relationship along 

with risk propensity. Researchers also argue that investors' risk-taking attitudes 

like risk aversion and risk-seeking behaviors depend on the personal 

judgments of the severity of risk inherent to a specific choice. An experimental 
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study on the relationship between risky alternatives and individuals’ 

perception of risk explains that risk perception is a critical factor in decision-

making, which declares the investors are risk-taking or risk-averse attitudes 

while making investment decisions (Weber & Milliman, 1997). 

 

Further, Hsee & Weber (1999) established a multi-nation comparison of 

risk preferences examined by the researchers, and results reveal that American 

investors are less risk-seeking compared to Chinese investors. While 

forecasting a risky situation, both nation’s participants predict exactly the 

opposite. So, the study claims that the risk attitudes of the individual are 

different. Life events and natural hazards make all individuals to perceive risk 

in all the matters. Some of the investors underestimate the risk, while others 

perceive vice versa. Pennings & Wansink (2004) integrate the risk attitude and 

risk perception in a combination of finance and marketing channels. The 

results of the study provide insights into the situations that each have different 

risk attitudes based on their channel choices. These attitudes also have a strong 

impact on their buy or sell decisions, and finally, it gives the optimal 

investment patterns for the future.  

 

It is also discussed that different factors can mediate or moderates the 

assessment of risk perception. A study by Hallahan, Faff & Mckenzie (2004) 

finds that age, gender, income, and wealth scores can significantly influence 

the judgments of risk perception and risk tolerance attitudes. A lack of self-

confidence, self-control, and environmental issues impact the risk perception 

ability of individuals (Renn, 1998, 2004). Furthermore, the researchers also 

investigate that personal emotion and lack of experience strongly influence 

risk perception (Slovic, Finucane, Peters, & MacGregor, 2004; Hackbarth, 

2008). 

 

 Sjöberg (2007) also discusses the role of emotions in risk perception of 

investors and argues that feelings and emotions are positively related to the 

perception of risk in decision-making procedures. Perception of risk and 

uncertainty is always considered an elementary portion of the decision-making 

procedure. The study finds that signal words, movements in the surrounding, 

and affect heuristic are the factors to influence risk perception (Williams & 

Noyes, 2007). Using the behavioral approach, emotions, and intuitions are 

used to perceive the intensity of risk in decision making. These topics are 

neglected in literature for a long time, but intuition and effect now consider 

two major factors that impact the judgments and decision-making processes of 

individuals (Böhm & Brun, 2008). 

 

Further, it is argued that risk perception is important for mutual funds 

investors and managers. A study investigates the severity of frisk perception 
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between investors for a known company and an unknown company. Results 

indicate that investors show less risk severity for the company they know 

about (Singh & Bhowal, 2010). A study also experiments to ascertain which 

factors influence risk perception, and find that gender and age significantly 

influence the risk attitudes. Male and adult participants show more risk-taking 

and positive attitudes (Rhodes & Pivik, 2011). Investor’s behaviors depend on 

various factors while making investment decision making. Personal and social 

factors influence risk perception, and in turn, it can influence the judgments 

and decision-making patterns (Riaz & Hunjra, 2015; Riaz at al., 2012). Risk 

perception is a very important task; anger and fear influence risk perception 

judgments in any direction. In most cases, fear and anger influence positively 

(Lu, Xie & Zhang, 2013; Linh, 2015). 

 

As discussed earlier, perception of risk is a subjective matter which 

depends on several factors, including emotional, intuition, psychological, and 

cultural (Biais & Weber, 2009). In the previous section, all the major 

independent elements that influence judgments and risk perception are 

identified from the literature. So, apart from factors influencing the investors’ 

risk perception, in turn, risk perception also causes other factors. So, its role as 

a mediator is also very important to analyze. Previous studies attempt to 

identify the mediating role of risk perception (Sitkin & Weingart, 1995). They 

examine the role of risk perception and finds that it is significantly mediates 

the outcomes and problem framing relationship along with risk propensity. 

Risk-taking attitudes of investors like risk aversion and risk-taking behaviors 

depend on personal judgements of the severity of risk inherent to a specific 

choice. 

 

A psychometric scale is used by Weber et al. (2002) to measure 

investors' risk attitude. Results show that domain factors greatly influence 

investors’ risk-taking attitudes, and the magnitude of risk behavior is variant 

among all the participants. Reliance on the risk perceived by the investors as 

feelings to use in the heuristics effect helps to analyze the risk and use of it in 

their decision making (Slovic & Peters, 2006). Risk perception is a subjective 

matter in judgements, but it also influences investors' decision-making 

procedures. Another role of risk perception is the ‘mediation’ ability to change 

to the magnitude of the independent and dependent variable in a research study 

or the practical field. Risk perception also has the ability to affect the causal 

relationships in a proposed model (Bodemer & Gaissmaier, 2015). Investors' 

investment choices are influenced by a large number of psychological and 

social factors along with investors' demographic characteristics. Past studies 

give a picture of the models of decision making and impact of independent 

factors. The role of mediating or moderating variables in the model to more 

clears the picture. Empirical studies help the investors improve their decision 
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by considering all the factors involved in distorting the way of rational 

decision making (Hasseldine & Diacon, 2005). 

 

Dynamics of decision-making involves risk perception along with past 

experience of investors, which can influence their ability to perceive risk. 

Further, gender, age, qualification, and marital status are other factors that 

influence the decision-making processes (Cohen, Etner & Jeleva, 2008). When 

researchers talk about mediator role in decision-making, two types of 

mediators are frequently founded in the literature. First, personal or emotional 

factors and second, demographic characteristics. Gender and experience of 

investors are the two most influential factors which can influence the 

relationships of independent and dependent variables as a moderator in the 

literature (Ali, 2011). Behavioral factors are also found in the literature to use 

as mediator or moderator. Psychological base models used the risk propensity, 

risk tolerance, or risk perception as a mediator in the causal relationships 

(Mahmood et al., 2011). 

 

The mediating role of risk perception was also analyzed by Riaz & 

Hunjra (2015) and found that risk propensity and asymmetry information are 

the factors to impact investors’ investment decisions and risk perception 

partially mediates the relationship. Risk aversion is also discussing as a 

mediating variable between behavioral factors and investors’ decisions. The 

mediating factor of risk aversion and risk perception positively influences 

investors (Deb & Singh, 2016; Hunjra & Rehman, 2016). Some factors always 

involve changing this perception, including a lack of knowledge, fear, and 

minor confidence (Deb & Singh, 2018). A moderate level of risk perception 

always induces investors to make potential risk-taking decisions (Nguyen, 

Gallery & Newton, 2019). Aeknarajindawat (2020) also identify the impact of 

risk tolerance and risk perception on investment decisions and found a positive 

relationship found between risk perception and investment decision. 

 

After discussing the above literature on risk perception and its role in 

investment decision making, it is clear that risk perception is very important to 

identify the level of risk while making an investment. Further, it is also 

discussed that risk perception is influenced by a large number of factors and 

behavioral biases and have an impact on decision-making. The role of risk 

perception as a mediator is also discussed. After all the discussion on risk 

perception and its role in decision-making procedures, the current study will 

use it as a mediator variable. Firstly, based on theories and empirical literature, 

risk perception is the subjective behavior of investors. So, it is used as 

dependent on psychological factors like fear, anger, mood, and stress, and 

social factors like herding and social interaction. The current study also uses 
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risk perception to measure its influence on investment decision making in the 

model. 

 

 

 

2.3 THEORETICAL FRAMEWORK AND HYPOTHESES 

DEVELOPMENT 

 

According to the above-discussed literature, theoretical statements and 

theoretical framework are constructing and relationships among the variables 

will also establishes in this section. Past literature shows the impact of anger 

on individuals’ judgements and decision making as positive, negative and 

neutral because different studies arranged in different settings and some of 

them are conducted under a controlled environment (Gambetti & Giusberti, 

2012; Szasz et al., 2016). This study uses a survey technique to measure the 

relationships of different variables in real circumstances. So, based on the past 

literature and arguments of researchers, it is hypothesized that the ‘anger’ has a 

positive relationship with the investor’s decision making. This relationship is 

accordingly to the findings and arguments of the past studies, i.e. angry 

investors’ consciousness starts giving them more clues about the situation, and 

they became more aware of the circumstances (Ellsworth & Scherer, 2003). 

Anger also uplifts the propensity of investors to observe the situations as 

known, and under their control. Spielberger, Reheiser & Sydeman (1995) have 

shown that high trait anger individuals more easily experience anger when 

they encounter annoying conditions. There is a diversity of events that produce 

aggression, such as frustration, personal attacks, temperature, and noise, called 

“aversive events”.  

 

Lerner & Keltner (2001) also find a positive relation of anger with 

investment decisions. Results of the study justify the predictions of the study 

that angry individuals are more optimistic. Anger is positively associated with 

risk-taking choices and decision making. Lerner & Tiedens (2006) measure the 

influence of ‘anger’ on the investors’ judgements and decision-making 

patterns and found positive consequences of anger. Small & Lerner (2008) 

argue that anger causes for improved memory and analytical ability and 

investors can use this state for quick analysis of the situation, options and risk. 

Gambetti & Giusberti (2009) examine the relationship of anger with several 

other variables and reveal that aggression leads to negative thinking, but anger 

guides the individuals to evaluate situations promptly. Litvak et al. (2010) also 

describe that anger must be considered as a positive emotion when looking 

forward; its experience is pleasant. Further, trait anger leads to risky 

investment options and induce investors to make risky decisions and invest in 

different types of stocks. So, variant literature on the influence of anger is 
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available, but from investment and financial decision’s point of view, it has a 

positive effect on investment decisions and overall financial performance 

(Ellsworth & Scherer, 2003; Gambetti & Giusberti, 2012; Ellsworth, 2013). 

More intensive state of anger leads to a higher degree of risk-taking attitude 

(Zhang, 2016; Szasz, 2016; Jackson et al., 2018). Aren & köten (2019) also 

finds that anger is opposite to risk aversion, which means that anger induces 

the investors to take risky decision, and angry investors’ ability to proceed 

information during decision making faster than fearful investors (Wynes, 

2020). 

 

The element of ‘fear’ is another psychological factor which influences 

the investor’s decision making. Literature suggests that fearful investors 

become more conscious and apprehend about the circumstances and hesitate to 

invest in risky and unfamiliar stocks to avoid uncertainties (Tiedens & Linton, 

2001; Godoi et al., 2005). Lerner & Keltner (2001) argue that ‘fear’ in 

financial decisions significantly influences the investment decision making. 

Moreover, under the emotion ‘fear of loss’, investors try to obtain maximum 

knowledge about investment options which ultimately allows them to decide 

the best thing in decision making. This thing leads them to a positive outcome 

from investment decision. It is also argues that fearful individuals make 

pessimistic judgments about future events. Katkin et al. (2001) in a research 

found opposite results, according to the conclusion, emotion of fear can make 

people conscious about the danger and thus help the investors to spend more 

time and make clear judgements about underlying investment decisions. 

Chanel & Chichilnisky (2009) argue that fearful investors tend to avoid 

ambiguity and move towards less risky choices. The element of fear may guide 

the investors to avail fewer profitable opportunities.  

 

Fearful investors are considered more cautioned and pessimistic in risk-

taking options. They feel more uncomfortable in financial decision making 

under fear state when high risk is associated with specific stocks (Chandra & 

Kumar, 2012). So, they decide to leave the market or choose other stocks with 

little risk (Lee & Andrade, 2011). Hassan et al. (2013) propose a positive 

relation of fear with an investment decision. Fear of loss makes the investors to 

take more cautionary steps; that’s why fear consider as favorable for the 

investors (Cao et al., 2009). Another positive impact of fear is that it guides the 

investors to invest in different securities and diversify their investment. When 

investment options are available, and investors are fearful about unfamiliar 

companies to invest, they use diversification to attain positive returns (Kligyte 

et al., 2013; Nuñez et al., 2015). Habib et al. (2015) argue that fear 

significantly influences the heuristics and risk-taking choices but fear mostly 

inspires risk-averse choices. Lee & Andrade (2015) also found that fear 

encourages risk-averse behavior in investors, but some time induces risk-
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taking preferences. Huang & Wang (2017) and Bash & Alsaifi (2019) also 

identify that fear is related to uncertainty and risk aversion. So, this is 

concluded that fear is significantly influences investment decision. 

 

Personality traits, along with mood states are discussing in the literature; 

the happy events lead the individual to take risks while investing (Johnson & 

Tversky, 1983). The theory of “mood as information” suggests that mood 

works as a source of information. The positive mood gives you a bright picture 

of events and an optimistic view of the situation (Bless, Schwarz, Clore, et al., 

1996). The literature on mood discusses various types of mood; two states are 

common, i.e. positive and negative mood. Consequences of negative or sad 

mood are negatively related to investment decisions and vice versa. In general, 

mood variations are categorized into different types, which in turn leads to 

positive as well as negative effects (Rusting, 1998). Negative mood outcomes 

are seen as instant and undesirable (Isen, 2001). While making a decision, 

people ask themselves about how they feel, based on their mood states relevant 

information processes, judges the situation, analyses the available choices, and 

make a decision (Schwarz & Clore, 2003). Positive and neutral mood states 

induce risk-seeking preferences while decision making (Yuen & Lee, 2003). 

 

 Grable & Roszkowski (2008) investigate the relationship of mood states 

and risk acceptance attitudes and finds a positive association between them. 

Positive mood expressively improves intuitive judgments and leads the 

investors towards more financial risk-taking (Charles & Kasilingam, 2015). 

Lepori (2010) & (2015) study that happy and positive mood induces risk-

taking actions. Positive mood also judges as constructive in different settings 

(Duxbury, 2015). Filiz, Nahmer & Spiwoks (2019) also found that positive 

mood really influences investors' investment choices while neutral mood often 

leads to follow others’ decisions. Sun et al. (2020) also find that investors' 

mood is influenced by social interaction and consequently affects the overall 

stock market. In this study, the scholar hypothesizes that the construct 

‘Positive Mood’, positively influence the investors’ risk perception and 

investment decision-making.  

 

The relationship of human stress and financial decision making is a 

topic that remains under great discussion (Gillis, 1993). Decision making when 

choices are available is quite tactical. In general, it is seen that stockholder 

make decisions under stress would choose a stock which they would not have 

chosen otherwise. This means under stressful circumstances, people have less 

control over the things and are unable to make optimum use of their cognitive 

skills, leading them to a negative outcome (Davidson et al., 2000). Stress is 

usually associated with negative experiences; this means when people under 

stress make a problematic and less wise decision (Useem et al., 2005). This is 
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also proposing that the female participants of the study’ experiment perform 

better than the male participants (Preston et al., 2007). The findings are in 

contradiction of previous studies which demonstrate the better performance of 

male under stressed circumstances than female (Bos et al., 2009). Acute stress 

cause decision making problems for both men and women differently. The 

overall impact on decision makers performance found as negative (Kalra, 

2009). Human stress often influences negatively when decisions are to be 

made under a restricted environment (Norris & Wollert, 2011). Starcke & 

Brand (2012) prove the effect of stress on decision making and describe that 

the decisions under stress lead to decreased or poor performance and mostly 

lead to risky investments, also confirmed by later authors (Matthews et al., 

2014; Pabst et al., 2013). Hejase (2017) argues that stress and financial 

decision making belong to two different fields of knowledge; stress is a 

medical or psychological term, while investment decisions belong to finance 

and economics. Researchers claim that under stress, individuals make a more 

risky decision in a competitive environment (Nofsinger et al., 2018). Morgado 

& Cerqueira (2018) and Jabeen et al. (2020) also argue that stress negatively 

influences cognition and motivation as stress often induce depressive 

behaviors and tress is a prominent source of biased decision making. So, stress 

and investment decisions are inversely related to each other. In the current 

study the scholar hypothesizes that stress producing a negative influence on 

investor’s perception and investment decision makings. 

 

Individuals' tendency to evaluate others and compare with oneself 

always leads them to question the uncertainty of events and behavioral bias 

(Holtz & Miller, 1985). Literature about social interaction shows the theories 

and empirical studies to examine its impact on individuals and their 

consequences (Weick, 1993). In the current study, I include the variable ‘social 

interaction,’ which assumes that it is negatively associated with investment 

decisions and investor’s risk perception. Bala & Goyal (1998) describe that an 

individual’s decision making is not fully rational if he is surrounded by some 

social groups that include relatives, friends, neighbors, etc. Individuals believe 

others’ information as a respectable source, called a cascade, and they prefer 

them on their own beliefs and knowledge (Kokinov, 2003). Social projection 

and informational cascades create great conflict between their own perceptions 

and others’ respectable information ( Kuran, 1998). 

 

 Madrian & Shea (2001) highlight the importance of social relations and 

suggestions in saving plans and investment behaviors and argues that 

investment advice works as default choices. The behavior of investors to 

follow the advice may lead them to potential negative returns. The financial 

advisors are also termed as the hub because they also influence the decision 

making choices of others negatively (Hirshleifer & Teoh, 2003). Ames (2004) 
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indicates that individuals used the information from social contacts but 

sometimes rely on personal inferences. Hoffmann & Jager (2005) observe in 

practical field experiments that while interacting to a large members group, 

individuals are influenced by the advice of others. Investors influenced by 

others, who are declared as boss of the market (Bowden & McDonald, 2008). 

Ianole (2011) describes that investors are strongly affected by social contacts 

in their decision making, and adverse output is evident in the form of returns. 

Duclos (2012) finds that individuals involved socially with other members 

make better financial decisions and invest in less risky investments. Whilst 

socially excluded participants chose to invest in more risky options. But, 

Subash (2012) describes social ability creates confusion and trouble in 

judgements, and sometimes it creates negative productivity (Wang & Yu, 

2015). Some studies by Li et al. (2016), and Bali (2018) favors the sociability 

to predict assets pricing. Jabeen et al. (2020) identify that social interaction 

significantly influence investors’ psychological bias which in turn negatively 

influence on investment decision. So, based on the above-discussed theories 

and empirical literature, social interaction takes in the study as an independent 

variable which significantly influences the decision making of investors, 

investing in Pakistan stock exchange. 

 

The belief of investors that other investors are doing ‘right’ tends them 

to follow the other investors (Kahneman & Tversky, 1979). There are many 

factors which lead the investors to choose ‘herd’, i.e., they are relying on 

others’ information, and they think their material is not up to the mark or other 

investor are better (Scharfstein & Stein, 1990). This behavior of investors 

often leads to poor results for individuals, groups, or market (Bikhchandani et 

al., 1992). Devenow & Welch (1996) argue that ‘herding’ is negatively 

influencing the perception and decision-making patterns of the individual 

investor. It has seen that people start following ‘herd’ in stock markets and 

take decisions based on what the majority is doing (Bikhchandani et al., 1998).  

 

When individuals face the herd situation in the market, they become 

blind to their private materials (Chang et al., 2000). Investors in developing 

countries follow herding behavior is a common practice, and a past herd 

behavior may cause the next herd behavior (Hachicha et al., 2007). 

Campenhout & Verhestraeten (2010) say that those investors tend to herd, 

having pessimistic forecasts for which they are not certain and have less 

information. Lin (2011) ascertains that females are more prone to herding 

biases. Similarly, young investors are more likely to fall prey to herding bias 

than old investors, who are more experienced (Subash, 2012). But, Bakar and 

Yi (2016) argue that herding has no significant impact on investors' decision-

making, a study on Malaysian stock market investors, and opposes past 

studies' findings in developing countries. Yang et al. (2018) found that 
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investors' decisions are strongly influenced by herding bias and 

overconfidence bias. Results of a study in India by Agarwal et al. (2016) 

indicates that herding behavior influences the investors’ decisions negatively. 

Herding bias distorts the decision-making pattern of individual investors 

(Qasim et al., 2019). So, based on the above literature and empirical findings, 

this study proposes that herding has a negative association with the investor’s 

risk perception and significantly impacts investors' investment decision. 

 

 Perception of risk while investing is also an important factor, along with 

other psychological and social factors (Johnson & Tversky, 1983). Slovic et al. 

(1982) discuss the vital role of risk perception in financial decision making. 

Risk perception is directly associated with the judgements of investors’ 

investment options and ultimate decision making (Kahneman & Tversky, 

1979). Investors’ intuition and psychological factors induce him to take 

options with a calculated risk (Slovic et al., 1982). The psychometric paradigm 

is a theory of risk perception related to the psychology of human beings in 

decision making and risk assessment. This risk perception approach describes 

that risk is not a self-determining matter; it always depends on certain social or 

psychological factors (Johnson & Tversky, 1983; Slovic et al., 1982). 

 

The communication theory talks about information and communication 

of risk events (Fischhoff, 1995). If risk perception is declared as a subjective 

matter, investors are influenced by psychological and cultural factors while 

making a judgment or investment (Slovic et al., 1982; Slovic, 1987). It is 

found that age, gender, income, and wealth scores can significantly influence 

the judgments of risk perception and risk tolerance attitudes (Hallahan et al., 

2004). A lack of self-confidence, self-control, and environmental issues impact 

the risk perception ability of individuals (Renn, 1998, 2004). 

 

Furthermore, Slovic, Finucane, Peters & MacGregor (2004) and Cohen 

et al. (2008) conclude that personal emotion and lack of experience strongly 

influence risk perception. Investors show less risk severity for the company 

they know about (Singh & Bhowal, 2010). Male and adult participants show 

more risk-taking and positive attitudes (Rhodes & Pivik, 2011). The mediating 

role of risk perception was analyzed by Riaz & Hunjra (2015), taking 

psychological factors as the independent variable. Some factors normally 

involve varying this perception, including lack of knowledge, fear, and minor 

confidence (Deb & Singh, 2018). Further, a moderate level of risk perception 

always induces investors to make potential risk-taking decisions (Nguyen et 

al., 2019).  

 

The empirical literature is organized in a way that it covers the 

discussion on variables used in this study one by one in various settings with 
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different findings. Articles included in this chapter choose to support the 

relationships of variables, as one variable produces different results in a 

different setting. Those articles are cited in this chapter from the past literature 

to cover the findings of such studies in developed countries, and specifically 

from developing countries to support the hypothetical relationship of two or 

more variables. So, this chapter covers the origins of behavioral finance 

theories and major developments to date, along with the fundamentals of 

variables used in this study. 

 

After all the discussion on risk perception and its role in decision-

making procedures, risk perception is found as investors' subjective behavior. I 

mainly use risk perception as a mediating variable between independent 

variables (psychological factors like fear, anger, positive mood and stress, and 

social factors like herding and social interaction) and dependent variable 

(Investment decision). The research model for this study is as follows: 

 

 

Figure 2.1: Theoretical Framework/Model 
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2.4 HYPOTHESES STATEMENTS  

 

It has been discussing in the literature that a large number of human and 

social factors influence the rational decision-making patterns of stock market 

investors. Moreover, it is also discussed that different factors influence 

different investors differently. The above-discussed studies on the 

relationships among different variables indicate that the same variable can 

produce different effects on investors’ decision making in different settings. 

This study is conducted on investors investing in the Pakistan stock exchange 

(PSX). So, with the help of theoretical assumptions and empirical statements, a 

hypothetical relationship is proposed among independent variables (anger, 

fear, positive mood, stress, social interaction, and herding) mediator (risk 

perception) and the dependent variable (investment decision). 

 

Direct relationships amongst independent and dependent variables 

H1: Anger positively impacts the investment decision.  

H2: Fear significantly impacts the investment decision. 

H3: Positive mood positively impacts the investment decision. 

H4: Stress negatively impacts the investment decision. 

H5: Social interaction significantly impacts the investment decision. 

H6: Herding negatively impacts the investment decision. 

 

Direct relations between independent variables and mediating variable 

H7: Anger positively impacts investors’ risk perception. 

H8: Fear positively impacts investors’ risk perception. 

H9: Positive mood positively impacts investors’ risk perception. 

H10: Stress negatively impacts investors’ risk perception. 

H11: Social interaction negatively impacts investors’ risk perception. 

H12: Herding negatively impacts investors’ risk perception. 

 

Direct relation between mediating variable and dependent variable 

H13: Risk perception positively impacts the investment decision. 

 

Mediation effect on the relationship between independent and dependent 

variables 

H14: Risk perception positively mediates between anger and 

investment decision.  

H15: Risk perception mediates between fear and investment decision. 

H16: Risk perception positively mediates between positive mood and 

investment decision.  

H17: Risk perception negatively mediates between stress and 

investment decision. 
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H18: Risk perception mediates between social interaction and 

investment decision. 

H19: Risk perception negatively mediates between herding and 

investment decision. 
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CHAPTER 3: 
 

RESEARCH METHODOLOGY 
 

 

This chapter comprises the research design, research strategies, research 

approaches, research paradigm, the population of the study, and sampling 

techniques. Furthermore, it discusses sample size, the procedure of data 

collection, pilot testing, and techniques used for data analysis. 

 

 

3.1 RESEARCH DESIGN 

 

Research design discusses the manner of research to answer the research 

questions and putting facts in concurrence with the research framework. It 

covers a broad and detailed analysis of all the aspects of research, including all 

the fundamentals. There are different steps, data collection methods, 

hypotheses, research questions, appropriate research techniques, relevant 

perspectives, and findings of different researchers, which are piled up to show 

the big picture of the underlying research. For a comprehensive and effective 

research study, research design must be vibrant; therefore, this research 

consciously applies a research design to attain the answers to research 

questions. This research follows the layers of the well-known research onion 

(Saunders, Lewis, & Thornhill, 2009). 

 

The current study's foremost purpose is to test the hypothesis and give 

logical answers to the scholar’s research questions. Descriptive research, 

explanatory research/conclusive research, exploratory research, or 

experimental research types are frequently used in business research 

(Zikmund, Babin, Carr & Griffin 2010). So, the researcher must have complete 

knowledge of the research design to begin the study. 

 

Descriptive research explains the statistical calculations of the 

phenomenon (Saunders, Thornhill, & Lewis, 2016). Explanatory research uses 

when relationships of different variables need to understand. It helps to explain 

how two or more objects relate to each other and measure the nature, direction, 

and characteristics of such relationships. The exploratory research type helps 

to discover a new phenomenon. To answer the question, i.e., what is 

happening? Specific methods can be used, including interviews.  

 

This study uses explanatory research design to expand the scope of 

behavioural factors in decision making. For this purpose, different 
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psychological and social factors are considered in this study to recognize their 

relationships to an investment decision. The current study’s research design 

consists of eight variables on the whole and classifying as six independent 

variables, one mediating variable, and their ultimate impact on one dependent 

variable. Anger, fear, positive mood, stress, social interaction, and herding are 

the current study's independent variables. Risk perception is used as a mediator 

between the independent variables and the dependent variable (Investment 

decision). 

 

 

3.2 SAUNDERS RESEARCH ONION 

 

 Saunders et al. (2016) introduce the research onion to address the 

process of well-disciplined research. The research onion consists of six layers 

covering the steps to follow in the given research design, as revealed in Figure 

3.1, given below. 

 

 
 

Figure 3.1: Research Onion (Stages of Research) 
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3.2.1 Research Philosophy 
 

The outer layer of the ‘research onion’ expresses the philosophy of the 

research. The word ‘research philosophy’ discusses an arrangement of beliefs 

and conventions uses in the research to develop knowledge. Research 

philosophy is an elementary part of the research methodology; it ensures the 

rest of the research procedure is conducted effectively. Saunders et al. (2016) 

explain the five categories of the research philosophy: Positivism, 

Interpretivism, Postmodernism, Pragmatism, and Realism based on three types 

of assumptions; ontology, epistemology, and axiology. 

 

It is essential to understand the said assumptions of philosophical stance 

before discussing the philosophies. The research purpose is always important 

because all the efforts in research apply to attain that purpose. Most of the 

researches keen to answer about reality (Bryman, 2012). So, the nature of the 

reality is most important and discusses under the assumption of ‘Ontology’. 

The nature of reality includes a comprehensive explanation of the research 

objects and shapes them to study appropriately. These objects include 

personnel, events, products, company’s management, or a company. 

Moreover, the said assumption clears the reality of research for business 

(Saunders et al., 2016). 

 

Epistemology discusses the nature of knowledge. It includes the valid 

sources of knowledge, how to make the knowledge acceptable? How to 

convert the knowledge into meaningful information? And how to 

communicate this information to others? Finally, the role and importance of 

ethical practices in the research are discussed under ‘Axiology’. The 

importance of ethical assumptions must be fulfilled and adopt the acceptable 

norms in the research processes for both researchers and who are the 

participants of research (Saunders et al., 2016). 

 

It is hard to debate the research philosophies concisely and inclusively 

to understand all the differentiation among them. Research philosophy 

‘positivism’ has a vast concept in the social sciences and business world as its 

importance and its usage in a wide range of research settings. It's difficult to 

open its contents because various authors discuss it in various ways, so 

researchers try to summarize them briefly to choose a compatible research 

philosophy for the research. The base of this philosophy is ‘scientific 

knowledge’, which means the only reliable source of knowledge is ‘science’. 

Science adheres that truth is most important in building a theory or concept. 

So, the interference of the researcher is minimal for true results and restricts 

them to data gathering and coding (Bryman & Bell, 2009). Further, data 
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should be quantifiable to apply statistical tests (Christensen, Johnson, & 

Turner, 2014). 

 

The other philosophy is ‘Interpretivist’ or ‘Interpretivism’ encourages to 

interpret the elements of social sciences’ studies in contradiction to positivism. 

This philosophy supports the researcher’s involvement as a social scientist in 

the study and qualitative data collection through interviews and observations. 

The researcher, who is called as a social actor, uses to get information in the 

form of language, meanings of specific words, and consciousness to interpret 

the findings (Saunders et al., 2016). 

 

Researchers force to develop a new philosophy, ‘pragmatism’ when 

most of the studies use the positivist or interpretivist philosophies, but some of 

the studies don’t fall under the assumptions and boundaries of these 

philosophies. By combining both (positivism & interpretivisms) into a single 

impression, that only emphasizes to answer the research questions. 

 

The philosophy ‘postmodernism’ comes into existence in the research 

world in the late twentieth century in France. It also critiques the positivism 

and argues about the importance of language and human thinking are powerful 

tools to extract knowledge and information. Finally, Realism is the philosophy 

based on the scientific approaches and follows the concept ‘what is real’ is 

imperative, not what the human mind thinks as reality because the real world’s 

appearance can be illusory to human minds. Direct realism is not gained 

importance in the scientific research world as compare to critical realism 

(Saunders et al., 2016). 

 

After discussing all the philosophies using in the business research, their 

assumptions, grounds, and boundaries, this research uses the ‘positivist’ 

research philosophy with its epistemological and ontological assumptions with 

the objectivist approach. Using the positivist assumptions, hypotheses are 

developed on existing theories, and responses are coded in the form of 

numbers. The statistical analysis runs on quantitative data by using the latest 

statistical software to obtain the results. In finance, an analyst or researcher 

should believe that how much information must be available for all the 

company's stakeholders. So, the role of ethics in research is vital throughout 

the research progressions and results’ generalization. 

 

 

3.2.2 Research Approach 
 

An appropriate research approach gives a detailed plan from start to end 

of a research project. It guides in all research design steps, including 
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hypothesis generation, data gathering techniques, analytical tools, and the 

conclusion. Business research offers the researchers to use one of the most 

suitable approaches for research from three available approaches, namely, 

deductive, inductive, and abductive. Because research design guides research 

processes from the start of the scholar’s research, the researcher must be clear 

about the study's research approach. The theory is always a vital element of 

research; a study uses the prevailing theories to establish and test a new 

hypothesis; the deductive approach will be used. Under this approach, data 

collected from the desired propositions and test based on a given hypothesis. 

This approach uses the general acceptable concepts and theories to test a 

specific object/phenomenon. So, if this phenomenon is true after analysis, if 

relevant concepts are true (Bryman, 2012). 

 

Contrary to the deductive approach, when a research study uses a known 

premise, but relevant theories and conclusions are not available, it is known as 

the inductive approach. It uses the selected phenomenon to extract data and 

information for a conceptual framework. The tests applied to the gathered data 

guide the research to certain patterns which helps to generate a novel theory 

(Saunders et al., 2016). The abductive approach mixes both deductive and 

inductive approaches. It starts from the collection of data related to a 

phenomenon (known), analyzes the data, and constructs certain patterns like 

the inductive approach. But the abductive approach is used where the 

conclusion is also known. It is used to challenge existing theories or establish 

new theories. 

 

In this research, a conceptual model is formulated through a deductive 

approach. Existing theories of behavioral finance and conventional finance are 

incorporated into the study to explore new hypotheses. Data is gathered for all 

the study variables (psychological and social factors) and coded into numbers. 

Structural Equation Modeling (SEM) is used to test the proposed hypotheses. 

 

 

3.2.3 Methodological Choices 
 

The third layer of Saunders’ research onion proposes different 

methodological choices for data collection and statistical analysis. While 

constructing the research, an accurate research choice is to be made for the 

desired results. Following a research design, the data-gathering technique must 

be adopted from the available options, quantitative, qualitative, or mixed 

methods. 

 

The most reliable form of data, which is collected in the form of 

numbers (numeric). The ‘quantitative’ data collection tactics used in secondary 
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data collection, i.e., financial reports/statements of companies or banks. When 

a questionnaire-based study collects respondents' responses, data are recorded 

in a numeric form that is useful in different statistical tests to extract the result. 

The selection of data collection choice depends on the overall research design 

and research philosophy. 

 

Qualitative methods include the target data in the form of words, 

actions, images, and videos. It is also called a non-numeric data, less reliable 

than quantitative data methods. Research philosophy ‘interpretivist’ uses the 

qualitative methodology. Qualitative data is collected through observation or 

interviews. Data should be processed carefully to make certain patterns for 

data analysis and conclusions (Christensen et al., 2014). 

 

The mixed-method includes the combination of both techniques 

discussed earlier. The need for using a mixed-method occurs when a ‘realism’ 

philosophical stance is used. Mixed methods make it difficult but significant as 

it uses any of the research approaches, i.e., inductive, deductive, or abductive 

(Johnson & Christensen, 2014). 

 

The previous two layers also guide us to choose an appropriate method. 

Positivist philosophy uses the quantitative methods along with the deductive 

approach and survey/questionnaire strategy to collect data, apply statistical 

tests, and examine relationships among various variables (Johnson & 

Christensen, 2014). The current study is based on ‘positivist’ philosophy, and 

relationships are to be tested under the deductive approach, using the ‘mono-

method quantitative’ as a research method choice. 

 

 

3.2.4 Research Strategy 
 

The next layer of the research onion chooses the right strategy to attain 

research goals (Saunders et al., 2016). Strategies are directly linking to the 

methodological design of research. The philosophical stance of research 

shapes the boundaries to research design, and a researcher chooses the option 

available to the specific philosophy. A first and more reliable strategy is 

known as experiment study, normally uses in core science subjects but also 

uses in social sciences and for psychological tests. Experiments are based on 

testing the hypothesis to measure the cause and effect relationships, i.e., how 

much influence on the dependent variable is measured due to the independent 

variable/s.  

 

Survey strategy is the most common in business and social sciences 

research under the deductive approach. Surveys are used to measure individual 
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responses regarding a specific phenomenon (Sekaran & Bougie, 2009). Daily, 

scholars see the results of many surveys in the newspaper or TV. The 

questionnaire is a feasible and economical option available for a successful 

survey strategy (Bryman, 2012). 

 

When researchers use the word ‘investigation’ in a research plan, it is 

automatically got the attention of a ‘case study’. A strategy uses to attain in-

depth information about a phenomenon (case) often in real life. The case study 

involves the inquiry of any ‘case’ including a person, incident, group work, or 

belongs to a large business. Moreover, action research plans are used by 

organizations and businesses to identify and resolve a real-life problem. 

Sometimes this research is conducted to identify a problem, but sometimes it is 

used to extract solutions to apply for the betterment of an organization 

(Walliman, 2011). It is involved in all sorts of actions, i.e., planning, 

evaluating, training, and development actions. A narrative inquiry is used in 

research as a strategy to collect the desired data from the participants of 

research using qualitative interviews. Normally, to explain the life events 

based on the discussion with relevant person/s to make a complete story about 

the natural event or phenomenon (Sekaran & Bougie, 2009).  

 

Following the research onion layers, the current study uses a 

questionnaire to extract the responses of investors from the stock market. This 

strategy falls under the ‘survey’. So, the current research follows the positivist 

paradigm, explanatory research design, and deductive approach, along with 

quantitative data collected through a survey. 

 

 

3.2.5 Time Horizon 
 

Most of the survey studies use a cross-sectional time-horizon technique 

to explain the relationship between two or more variables. Data are collected 

for one time, and results are extracted from that data; the conclusion is also 

made on the same data. This type of study consumes less time, minor 

researcher’s effort, and lower costs (Saunders et al., 2016). On the other hand, 

time series or longitudinal research design involves the data collection from 

the same objects over several times. Training classes are given to employees to 

enhance their performance in a specific business department. Performance is to 

judge after every three classes. So, if fifteen classes are undertaken, five times 

data is collected from employees to judge any improvements occur or not? 

Marketing surveys are also an example of longitudinal research. 

 

Moreover, stock exchange daily trading records are taken for some 

research purposes to see the variations daily is a longitudinal study. Apart from 
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this, medical science mostly uses longitudinal data to measure the reading of 

the same patients. This type of study needs more time and money to undertake 

(Zikmund et al., 2010). The current research involves the data collection from 

individual investors of the Pakistan Stock Exchange (PSX). A self-

administrated questionnaire is used to attain responses from investors. This 

study belongs to a cross-sectional study. This research follows the non-

experimental research design. Data are collected from investors of PSX only 

one time from brokerage houses as a cross-sectional design of research. 

 

 

3.2.6 Techniques and Procedures 
 

A research design also covers the data collection procedures along with 

data analysis techniques to complete productive research. The bottom coat of 

Saunders et al. (2016) ‘research onion’ is about the techniques and procedures 

used in the research process. It includes procedures used in research for 

collecting data. Moreover, which type of data is used, the study's target 

population, and sampling techniques apply for choosing the sample for the 

study.  

 

 

3.2.6.1 Data Collection 

 

An important phase in conducting research is to gather necessary data 

and convert into useful information. It depends on the nature of the study that 

which type of data is required for the underlying research (Bryman & Bell, 

2009). Data which is being collected and used in research for the first time is 

known as primary data, normally in the form of questionnaire, interviews or 

observation.  

 

Questionnaires are used to collect data as a predesigned set of questions 

are asked to the respondents (Cooper & Schindler, 2014). Data collection 

through questionnaires have two types, first is paper-pencil-questionnaires, i.e. 

go to the respondents and fill the responses or web-based questionnaires 

through email or Google based questionnaires. Interviews are of different 

types as a face-to-face interview, telephonic interview or computer-assisted 

video linked interviews. Interviews may be conducted in structured or 

unstructured manners, depending on the purpose of research. Observation is 

used for data collection in specific cases.  

 

The second type of data is secondary data, which is already existed, i.e. 

data have been collected or arranged for some purpose (Johnson & 

Christensen, 2014). Secondary data are primarily composed by adopting the 
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following options; including online financial reports, financial statements, 

journals, websites, financial analysis data, conference proceedings, and 

electronic magazines, etc. 

 

Since this research is testing the hypotheses developed on the bases of 

underpinnings, hence it depends mainly on the primary data collected through 

a predesigned questionnaire from the investors in PSX. The researcher 

personally gave a self-administered questionnaire to the investors investing in 

PSX and asked them to fill the questionnaire. 

 

 

3.6.2.2 Research Types 

 

There are two types of research that are applied and basic research. 

Applied research is typically used to resolve a problem existing. Basic research 

enhances the existing body of knowledge, which may use for various purposes 

in the future. This research is applied in nature because the impact of different 

factors on investment decisions is examined (Saunders et al., 2016). 

 

 

3.6.2.3 Population of the Study 

 

The research population consists of all the people, organizations, 

concerned events, happenings, or other objects for which the study is being 

undertaken. The present research population is the individual investors of PSX, 

investing in shares of listed firms. A large number of investors and traders 

invest their money with different brokerage houses. 

 

The population is considered too large or unknown. For the sake of the 

generalizability of the results, data is collected from the investors investing 

from different brokerage houses in the Pakistan stock exchange (PSX). 

 

 

3.6.2.4 Sampling Techniques 

 

Research requires a data set for analyzing and making the conclusion for 

a specific research problem. Sampling is a way to choose a sample from the 

target population. Two sampling techniques are used in business research, i.e., 

probability and non-probability sampling (Gill & Johnson, 2002). There is an 

equal chance of random selection of respondents in probability sampling; 

however, not an equal chance of selection in non-probability sampling. 

Probability sampling includes multi-stage, random, stratified, while non-
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probability sampling includes judgmental/purposive and convenient sampling 

(Zikmund et al., 2010). 

 

The sample for the present study is extracted by using a purposive 

sampling technique. This study focuses on investors, not the day traders, as 

they are more likely to know the application of behavioural theories in 

decision-making and psychological factors. The individual investors of the 

Pakistan Stock Exchange are the target population of the present study, which 

is disbursed in different stock exchange brokerage houses, so the purposive 

sampling technique is appropriate to select the sample. The sample of the 

study is based on the criteria, i.e., the age of the respondent and years of 

investment experience in the stock market. Investors having an age of 25 years 

or more with minimum experience of 5 years are selected as a sample in this 

study to extract mature responses. 

 

 

3.6.2.5 Sample of the Study 

 

The sample of the study is a selection of objects from the population, 

which is examined under consideration, and the results are implied to the 

overall population. It generalizes the findings for the whole population. 

 

When the population is greater than 50,000 or unknown, Godden (2004) 

suggests a formula to find the sample size of the study.  

 

Sample size (SS) = Z2 * P * (1-P)/H2  

 

Where SS = Sample Size for infinite population (more than 50,000), Z = 

Z value (1.96 for 95% confidence level) P = population proportion (expressed 

as decimal) (assumed to be 0.5 (50%) since this would provide the maximum 

sample size) and M or H = Margin of Error at 5% (0.05). As a general rule of 

thumb, the confidence interval of 95%, 90%, or 99% is used in research. The 

value of H or margin of error is taken between 3% to 5%. If the value of ‘P’ is 

not known, then the value of 0.5 is taken as this value ensures a sample size 

large enough that will guarantee an accurate prediction. So, the study takes Z 

value=1.96, p-value=0.5 and H value=0.05. then, Sample size = 

1.96*1.96*0.5(1-0.5)/ (0.05*0.05) =384.16 or 385. The Minimum required 

sample for this study when the population is very large (unknown) is therefore 

385. This is the minimum required sample for the study, and according to 

Godden (2004), also supported by Israel (1992) and Rea & Parker (2014). 

Therefore, the sample of this study is greater than 385 for the generalizability 

of results. 
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3.6.2.6 Data Collection Procedure 

 

The questionnaires were distributed personally to investors of PSX 

investing under different brokerage houses situated in Pakistan during June & 

July 2018. A total of 650 questionnaires were distributed to the targeted 

respondents. The questionnaire was distributed to target respondents who were 

willing to fill the questionnaire. Some respondents fill the questionnaire on the 

same day, but most investors made a commitment for the next day, so next-

day-filled questions were received from the respondents from their respective 

brokerage houses and out of which 510 are received back. After an initial 

screening of the filled questionnaires, 40 questionnaires were found 

incomplete or unengaged and excluded from final data analysis. Therefore, 

470 questionnaires are used for the final analysis, and the response rate was 

72.30%. 

 

 

3.7 DATA ANALYSIS TECHNIQUE 

 

Confirmatory factor analysis (CFA), reliability analysis, descriptive 

statistics, correlation, and Structural Equation Modeling (SEM) is used to 

analyze the data. SPSS and AMOS tools are used in this study. For similar 

studies, these techniques are most appropriate, proposed by Markus (2012) and 

Nachtigall, Kroehne, Funke, & Steyer (2003) to analyze the data.  

 

 

3.8 INSTRUMENTS AND MEASURES  

 

There are different instruments and methods which can be used to 

collect data such as experiments, tests, interviews, and questionnaires, etc. But 

the questionnaire is a recognized and authenticated tool for collecting data. 

The current study data is collected through the questionnaire in which there are 

different questions related to all the variables (anger, fear, positive mood, 

stress, social interaction, herding, risk perception, and investment decision). 

The respondents are asked to answer the questions by choosing the options 

among agreeing, disagreeing, or neutral. All the question statements extract 

responses on a five-point Likert scale. There are five items of positive mood, 

seven items of anger, five items of fear, five items of stress, five items of 

social interaction, five items of herding, four items of risk perception, and six 

items of investment decision included in the questionnaire.  

 

Further, the personal/investor’s detail is also mentioned, like gender, 

age, experience, and education, to know the invalidation of the results of these 
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characteristics. This research uses pre-existing construct items because it is 

difficult and time-consuming to develop new tools for diverse constructs in 

one study because it uses eight different constructs. So, this study adopts 

construct items from different sources, as mentioned in table 3.1. Items of 

different constructs are adapted from previous studies and revised to make it 

suitable for this study. The reliability and validity of the construct are also 

measured to refine the instrument. Convergent validity, discriminant validity, 

and nomological validity are measured through CFA analysis, and the 

reliability is calculated by Cronbach’s Alpha. Speklé & Widener (2018) 

explain the conditions and advantages of using pre-existing questions as these 

questions are already used. So, reliability issues are minimal, and researchers 

can use the items to measure the specific construct, which saves time. 

 

Summarized details about instrument items and their sources are given 

in the table below. 

 

Table 3.1 

Number of items and Source of each variable 

S# Variables Items Source 

1 Anger 7 Gambetti & Giusberti (2012) 

2 Fear 5 Suls & Wan (1987) 

3 Positive Mood 5 Mayer & Gaschke (1988) 

4 Stress 5 Mitchell, Crane & Kim (2008) 

Driskell & Salas (1991) 

5 Social Interaction 5 Krueger & Zeiger (1993) 

6 Herding 5 Scharfstein & Stein (1990) 

Kengatharan (2014) 

7 Risk Perception 4 Nosic & Weber (2010) 

8 Investment Decision 6 Pasewark & Riley (2010) 

 

3.9 PROCEDURE 

  

After finalizing the questionnaire, data collection is started. For this 

purpose, the survey method is used to extract responses from the target 

participants. Questionnaires are personally distributed to the investors of PSX 

in different stock market brokerage houses. Before the final analysis, pilot 

testing is applied on 210 responses. 

 

 

3.10 PILOT TESTING 

 

Pilot testing is done before the final study to check the reliability and 

validity issues and measurement problems. Confirmatory factor analysis 



68 

(CFA) is used to refine the instrument. CFA is used to check the measurement 

model as well as the structural model, also supported by Kline (2018) and 

Markus (2012). Cua, McKone & Schroeder (2001) argue that items in the 

instrument having a score of factor loadings above 0.50 are more are 

constructive and ideally incline to be the part of a final instrument for the data 

collection. A comparative fit index (CFI) is used to check the ‘model fitness’ 

of the concerned research. 

 

Furthermore, the goodness-of-fit index (GFI), the adjusted goodness-of-

fit index (AGFI), Chi-Square of Goodness-of-fit Index (CMIN/DF), the Root 

Mean Square Error of Approximation (RMSEA) is used for the same purpose. 

Furthermore, the Tucker-Lewis (TLI) coefficient value is also used to check 

the model fit. If the values of CFI, GFI, and TLI are greater than 0.95, the 

research model is considered the best fit. Similarly, if the values of Chi-Square 

(D/F) fall between the ranges between 3-5, the research model is considered as 

fit. The model also considered fit if the value of Chi-Square (D/F) is less than 

the range, as mentioned above. Moreover, according to Steenkamp & 

Baumgartner (2000), a research model is considered fit if the value of RMSEA 

is 0.08 or less. 

 

Table 3.2 

Standardized Values for Goodness of ‘Fit Statistics’ 

Sr. No Fit indices Acceptable criteria 

1 CMIN/DF 

(1.00< CMIN/DF <5.00) 

Best fit: 1-3 

Reasonably acceptable: 3-5 

2 GFI 

(0.90< GFI <1.00) 

Best fit: ≥ 0.95 

Reasonably acceptable: ≥ 0.90 

3 AGFI 

(0.08< AGFI <1.00) 

Best fit: ≥ 0.90 

Reasonably acceptable: ≥ 0.80 

4 CFI 

(0.90< CFI <1.00) 

Best fit: ≥ 0.95 

Reasonably acceptable: ≥ 0.90 

5 RMSEA 

(0.01< RMSEA <1.00) 

Best fit: ≤ 0.05 

Reasonably acceptable: 0.06 – 0.08 

Poor fit Above 0.10 
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3.10.1  Measurement Model 

  

The measurement model is tested before developing the structural model 

(Hair, Black, Babin, & Anderson, 2014). Fit indices are used to assess the 

goodness of fit of the measurement model. The most frequently used fit index 

is the chi-square fit index. A large value of chi-square represents the poor fit, 

and the small value of chi-square symbolizes a good fit. The chi-square value 

should be less than 3, as proposed by (Beran & Violato, 2010; Steenkamp & 

Baumgartner, 2000). 

 

 

3.10.2  Confirmatory Factor Analysis  
 

CFA is used to evaluate the validity of the measurement model (Hair et 

al., 2014; Schreiber, Nora, Stage, King, & Barlow, 2006). Initially, the 

assessment of the measurement model is done through the fit indices. Good 

model fit represents that the measurement model is reliable with the observed 

data (Nachtigall et al., 2003). 

 

 

3.10.3  Diagnosing other Measurement Model Issues 
 

When checking the model fitness or goodness of fit statistics (GOF), 

some diagnostic measures should also be checked under confirmatory factor 

analysis (CFA). 

 

 

3.10.4  Path Estimates 
 

Path estimates or standardized regression weights are used to measure 

the link between individual items to a particular construct. For this purpose, 

the recommended value of standardized loading is 0.7, but 0.5 is also 

acceptable. Insignificant or low standardized loading values indicates the 

deletion of respective items. 

 

 

3.10.5  Standardized Residuals Covariance Matrix 
 

Standardized Residuals Covariance is used to measure the gap between 

the estimated model and the proposed model. It is used to check that which 

items are causing to reduce the model fitness so that these items should be 

deleted for the good model fitness. The values should not exceed 4.0 as the 

criteria; the smaller the residual, the better the model fit.  
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3.10.6  Connectors among Error Terms 
 

Researchers can use connectors among large error terms of the item in 

the same variable if the model is not good. These connectors may help to 

reduce the error and enhance the goodness of fit index, but it cannot be used if 

large values of errors occur in the different variables of the model. 

 

 

3.11 RESULTS OF PILOT TESTING 

 

Pilot testing is applied to the sample of 210 questionnaires for the 

refinement of the instrument. Items are included or excluded based on the 

factor loadings values of each item. According to Cua et al. (2001), factor 

loadings values above 0.5 are considered significant to include an item in the 

instrument. Figure 3.2 exhibits the results of Confirmatory factor analysis. 

 

 

3.11.1  Convergent Validity 
 

In this study, the researcher applied CFA (Confirmatory factor analysis) 

to check the instrument's convergent validity and items within a construct 

(Steenkamp & Baumgartner, 2000; Kline, 2018). Items of different constructs 

were included or excluded based on factor loadings values of each item. 

According to Cua et al. (2001), factor loadings values above 0.50 are 

considered significant to include an item in the instrument. An item of a 

construct is considered invalid if the factor loading values are less than 0.50, 

and items below this score were excluded from the instrument. Further, Fornell 

& Larcker (1981) argue that the value of the average variance extracted (AVE) 

must be 0.50 or above for convergent validity. Composite reliability (CR) is 

also calculated with the formula for each construct. According to Fornell & 

Larcker (1981), composite reliability should be greater than 0.70. The above-

discussed criteria are used to include or exclude items of the construct. 

 

Figure 3.2 represents the path diagram that shows the inter-construct 

correlations weights between the variables used to make decisions on 

convergent validity, discriminant validity, and nomological validity with the 

help of tables. 
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Figure 3.2: Confirmatory Factor Analysis 

 

 

Table 3.3 

Convergent Validity with respect to ‘Anger’ (N=210) 

S# Sym. 
Standard  

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 A1 0.64 Included 0.41 0.59 

2 A2 0.65 Included 0.42 0.58 

3 A3 0.68 Included 0.46 0.54 

4 A4 0.80 Included 0.64 0.36 

5 A5 0.76 Included 0.58 0.42 

6 A6 0.80 Included 0.64 0.36 

7 A7 0.67 Included 0.45 0.55 

  
∑(λ𝑖) = 5.00 

(∑λ𝑖)2 = 25.00 
 ∑(λ𝑖²) = 3.60 ∑(δ𝑖) = 3.40 

AVE = ∑(λ𝑖²) / n = 3.60 / 7 = 0.51 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 25.00 / (25.00 + 3.40) = 0.88 
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Table 3.3 elaborates the value of factor loadings of items belongs to the 

construct ‘anger’. Items are included if having factor loading above 0.5 (Cua et 

al., 2001). The above table mentioned the values of factor loadings for the 

seven items of the construct ‘anger’. All the seven items having factor loading 

values above 0.5 and are included in the instrument. The above table also 

explains the results of average variance extracted as it is the second component 

of the convergent validity. The average variance extracted (AVE) is 0.51, 

which indicates the convergent validity exists. Fornell & Larcker (1981) argue 

that AVE's value must be 0.50 or above for convergent validity. Construct 

reliability (CR) is also calculated. According to Fornell & Larcker (1981), the 

construct reliability should be greater than 0.70. Here, the construct reliability 

of anger is 0.88. It means the internal consistency of items exists. 

 

Table 3.4 

Convergent Validity with respect to ‘Positive Mood’ (N=210) 

S# Sym. 
Standard 

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 M1 0.78 Included 0.61 0.39 

2 M2 0.81 Included 0.66 0.34 

3 M3 0.77 Included 0.59 0.41 

4 M4 0.72 Included 0.52 0.48 

5 M5 0.45 Excluded --- --- 

  
∑(λ𝑖) = 3.08 

(∑λ𝑖)2 = 9.49 
 ∑(λ𝑖²) = 2.38 ∑(δ𝑖) = 1.62 

AVE = ∑(λ𝑖²) / n = 2.38 / 4 = 0.59 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 9.49 / (9.49 + 1.62) = 0.85 

 

Table 3.4 describes the confirmatory factor analysis (CFA) of the 

variable mood to decide which items of the concerned variable are to be 

included for the main study and which items are to be excluded. The values of 

factor loadings for each item of the construct show that out of five items, four 

have factor loadings values above 0.50, which are included in the final 

instrument. Item number 5, ‘Being happy I can get over things soon’, is 

removed as it could not achieve the required value of factor loadings. The 

above table also depicts the value of AVE. AVE's calculated value is 0.59 for 

the construct, which is greater than the standard value of AVE provided by 

Fornell & Larcker (1981) for the convergent validity. Construct reliability is 

also calculated in the above table. The construct reliability is 0.85, which is 



73 

greater than the criteria mentioned by Netemeyer, Bearden, & Sharma (2003); 

it should be greater than 0.70.  

 

Table 3.5 

Convergent Validity with respect to ‘Fear’ (N=210) 

S# Sym. 
Standard  

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 F1 0.52 Included 0.27 0.73 

2 F2 0.50 Included 0.25 0.75 

3 F3 0.98 Included 0.96 0.04 

4 F4 0.44 Excluded --- --- 

5 F5 0.98 Included 0.96 0.04 

  ∑(λ𝑖) = 2.98 

(∑λ𝑖)2 = 8.88 

 ∑(λ𝑖²) = 2.44 ∑(δ𝑖) = 1.56 

AVE = ∑(λ𝑖²) / n = 2.44 / 4 = 0.61 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ1) = 8.88 / (8.88 + 1.56) = 0.85 

 

Table 3.5 displays the results of CFA concerning fear. Results show that 

four out of five items having factor loadings values are above 0.5, and only 

one item has a score of less in the table mentioned above. The item number 4, 

‘The stocks are risky in my opinion’, is removed from the final questionnaire 

as it could not get the required factor loading value of 0.50 or more. The above 

table also illustrates the value of the AVE. The value of AVE is 0.61. So, the 

results of factor loadings and AVE support the existence of convergent validity 

in the construct. The construct reliability is 0.85, which is greater than the 

criteria mentioned by Netemeyer et al. (2003); it should be greater than 0.70. It 

means construct reliability for internal consistency is satisfied for the construct 

mentioned above. 
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Table 3.6 

Convergent Validity with respect to ‘Stress’ (N=210) 

S# Sym. 
Standard 

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 S1 0.68 Included 0.46 0.54 

2 S2 0.65 Included 0.42 0.58 

3 S3 0.73 Included 0.53 0.47 

4 S4 0.80 Included 0.64 0.36 

5 S5 0.84 Included 0.71 0.29 

  ∑(λ𝑖) = 3.7 

(∑λ𝑖)2 = 13.69 

 ∑(λ𝑖²) = 2.76 ∑(δ𝑖) = 2.24 

AVE = ∑(λ𝑖²) / n = 2.76 / 5 = 0.55 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 13.69 / (13.69 + 2.24) = 0.86 

 

Table 3.6 represents the value CFA results for the variable ‘Stress’, 

which consists of five items. The values of factor loadings of all five items 

prove to include in the final study, factor loadings of all five items are greater 

than the acceptable value of o.5. The AVE is 0.55, which supports the 

convergent validity. Furthermore, the construct reliability is 0.86, which means 

internal consistency exists in the construct (Netemeyer et al., 2003).  

 

Table 3.7 

Convergent Validity with respect to ‘Social Interaction’ (N=210) 

S# Sym. 
Standard  

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 SI1 0.48 Excluded --- --- 

2 SI2 0.62 Included 0.38 0.62 

3 SI3 0.55 Included 0.30 0.70 

4 SI4 0.94 Included 0.88 0.12 

5 SI5 0.92 Included 0.85 0.15 

  ∑(λ𝑖) = 3.03 

(∑λ𝑖)2 = 9.18 

 ∑(λ𝑖²) = 2.42 ∑(δ𝑖) = 1.58 

AVE = ∑(λ𝑖²) / n = 2.42 / 4 = 0.60 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 9.18 / (9.18 + 1.58) = 0.85 
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Table 3.7 describes the confirmatory factor analysis (CFA) of the 

construct ‘Social Interaction’. The values of factor loadings for each item of 

the construct show that out of five items last four items have factor loadings 

values above 0.5, which are included in the final instrument. The only item 

excluded from the questionnaire is ‘I feel People can easily win a debate from 

me’ because of not meeting the minimum criteria. The value of AVE is 0.60. 

So, the results of factor loadings and AVE support convergent validity. 

Furthermore, the construct reliability is also calculated. The calculated 

construct reliability is 0.85, which means construct reliability is satisfied for 

the construct, as mentioned earlier (Schreiber et al., 2006). 

 

Table 3.8 

Convergent Validity with respect to ‘Herding’ (N=210) 

S# Sym. 
Standard  

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 H1 0.82 Included 0.67 0.33 

2 H2 0.84 Included 0.71 0.29 

3 H3 0.58 Included 0.34 0.66 

4 H4 0.75 Included 0.56 0.44 

5 H5 0.57 Included 0.32 0.68 

  ∑(λ𝑖) = 3.56 

(∑λ𝑖)2 = 12.67 

 ∑(λ𝑖²) = 2.60 ∑(δ𝑖) = 2.40 

AVE = ∑(λ𝑖²) / n = 2.60 / 5 = 0.52 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 12.67 / (12.67 + 2.40) = 0.84 

 

Table 3.8 explains the values of factor loadings of items belongs to the 

construct ‘herding’. All the five items having factor loading values above 0.5 

and are included in the final instrument for the main study. The above table 

also depicts the value of the AVE. The value of AVE is 0.52. So, the results of 

factor loadings and AVE are in support of convergent validity. The construct 

reliability is 0.84, which is greater than the criteria mentioned by Netemeyer et 

al. (2003); it should be greater than 0.70. That means the construct reliability 

of the construct shows the internal consistency. 
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Table 3.9 

Convergent Validity with respect to ‘Risk Perception’ (N=210) 

S# Sym. 
Standard  

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 RP1 0.71 Included 0.50 0.50 

2 RP2 0.74 Included 0.55 0.45 

3 RP3 0.75 Included 0.56 0.44 

4 RP4 0.70 Included 0.49 0.51 

  ∑(λ𝑖) = 2.9 

(∑λ𝑖)2 = 8.41 

 ∑(λ𝑖²) = 

2.10 

∑(δ𝑖) = 1.90 

AVE = ∑(λ𝑖²) / n = 2.10 / 4 = 0.53 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 8.41 / (8.41 + 1.90) = 0.82 

 

Table 3.9 displays the results of the CFA of the variable risk perception 

for four items. As the table shows, factor loadings values for all the items are 

above than standard value. The value of AVE is 0.53 for the construct, which 

is marginally greater than the standard value of AVE provided by Fornell & 

Larcker (1981) for the convergent validity. Furthermore, the construct 

reliability is also calculated in the above table for construct herding. The CR is 

0.84, which shows internal consistency. 

 

Table 3.10 

Convergent Validity with respect to ‘Investment Decision’ (N=210) 

S# Sym. 
Standard  

Estimate (≥0.5) 
Decision 

Reliability 

(λ²) 

δ=1 – Item 

Reliability 

1 ID1 0.64 Included 0.41 0.59 

2 ID2 0.81 Included 0.66 0.34 

3 ID3 0.79 Included 0.62 0.38 

4 ID4 0.73 Included 0.53 0.47 

5 ID5 0.72 Included 0.52 0.48 

6 ID6 0.53 Included 0.28 0.72 

  ∑(λ𝑖) = 4.22 

(∑λ𝑖)2 = 17.81 

 ∑(λ𝑖²) = 3.02 ∑(δ𝑖) = 2.98 

AVE = ∑(λ𝑖²) / n = 3.02 / 6 = 0.50 

CR = (∑ λ𝑖)2 / ((∑ λ𝑖)2 + ∑ δ𝑖) = 17.81 / (17.81 + 2.98) = 0.86 
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Table 3.10 illustrates the values of CFA results for the variable 

‘Investment Decision’ consists of six items. The table shows the values of 

standardized estimates of all six items, which are included in the final study. 

The value of AVE supports convergent validity. Furthermore, the construct 

reliability is also calculated in the above table for a construct investment 

decision. The CR value proves internal consistency for the construct. 

  

 

3.11.2 Discriminant Validity 
 

Discriminant validity is used to measure the association among the 

variables used in this study. It defines how much the variables are different 

(discriminant) to one another and to which extent these variables are logically 

related to each other. Discriminant validity also verifies that all the constructs 

are different from each other. For the discriminant validity, the criteria applied 

to check if the discriminant validity exists or not, the value of the average 

variance extracted (AVE) is compared with SIC (squared inter-construct 

correlations estimates). The value of AVE must exceed the value of SIC to 

fulfill the condition of discriminant validity. 

 

Table 3.11 

Discriminant Validity of the Construct 

Constructs 
Inter-Construct 

Correlation (IC) 

SIC is Square of  

the IC (SIC) 
AVE 

Anger ↔ Mood 0.43 0.19 0.51 

Mood ↔ Fear 0.35 0.12 0.59 

Fear ↔ 
Social  

Interaction 
-0.14 0.02 0.61 

Social 

Interaction 
↔ Herding 0.16 0.03 0.60 

Herding ↔ 
Risk  

Perception 
-0.38 0.15 0.52 

Risk 

Perception 
↔ 

Investment  

Decision 
0.45 0.20 0.53 

Investment 

Decision 
↔ Stress -0.44 0.19 0.50 

Stress ↔ Anger -0.26 0.07 0.55 

 

The above table 3.11 shows the results of discriminant validity. The 

criteria used to measure the discriminant validity is proposed by Fornell & 

Larcker (1981). It explained that average variance estimates are to be 

compared with SIC (squared inter-construct correlation). The condition of 
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discriminant validity will be satisfied if the values of AVE (average variance 

extracted) are greater than the values of SIC (squared inter-construct 

correlation) for both the constructs. The above-mentioned table demonstrated 

all the IC, SIC, and AVE values, which prove the discriminant validity. 

 

 

3.11.3 Nomological Validity 
 

Nomological validity is another form of the construct validity which is 

applied to measure whether the construct correlations making any sense or 

not? The criteria used to examine nomological validity is to check the inter-

construct correlations between the constructs is proposed by Fornell & Larcker 

(1981). Nomological validity states that it must be in line with the baseline 

concepts or theory, i.e., the coefficient correlation has to be (+/-) as their 

directions proposed in the model. The measurement model is used to measure 

the construct correlation under nomological validity. 

 

Table 3.12 

Nomological Validity of the Construct 

Constructs 
Inter-Construct 

Correlation (IC) 

P-

Value 

Decision 

Anger ↔ Mood 0.43 0.000 Supported 

Mood ↔ Fear 0.35 0.000 Supported 

Fear ↔ 
Social 

Interaction 
-0.14 0.009 Supported 

Social  

Interaction 
↔ Herding 0.16 0.003 Supported 

Herding ↔ 
Risk 

Perception 
-0.38 0.000 Supported 

Risk  

Perception 
↔ 

Investment 

Decision 
0.45 0.000 Supported 

Investment 

Decision 
↔ Stress -0.44 0.000 Supported 

Anger ↔ Stress -0.26 0.000 Supported 

 

Above mentioned table 3.12 expresses the results of nomological 

validity. To satisfy the condition of nomological validity in the measurement 

model, the values of inter-construct correlations between variables must be in 

line with the baseline concept or theory. So, the table mentioned above 

represents that all the variables/constructs are interlinked to each other 

significantly and logically. All variables are in line (+/-) with proposed 
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directions and accordance with baseline theory/concepts. Therefore, 

nomological validity between the constructs exists.  

 

Table 3.13 

Model Fitness Index 

Factors Values Factors Values 

CMIN 1568.563 DF 788 

CMIN/DF 1.991 NFI 0.856 

GFI 0.853 CFI 0.922 

AGFI 0.831 RMSEA 0.046 

TLI 0.915   

 

 According to evidence revealed in table 3.13, chi-square value is less 

than 3 (χ2 = 1568.563, df = 788, χ2/df = 1.991). It represents that the 

measurement model has a good fit. The next fit index is a comparative fit 

index (CFI). The Standard of CFI values ranges from 0 to1. CFI > 0.95 

indicated a good fit as larger values of CFI represent the good fit and smaller 

values represent a bad fit. CFI of the measurement model is equal to 0.922, 

suggested > 0.90, that is also acceptable. As Cheung and Rensvold (2002) 

suggested that if a test of overall fit gives the value of CFI equal to 0.90, then 

the model can get further consideration. The next fit index is the root mean 

square error of approximation (RMSEA). The measurement model has 

RMSEA=0.046, which is less than 0.05, shows the best fit. Browne, Cudeck, 

Bollen, and Long (1993) recommended that an RMSEA value less than 0.08 is 

acceptable. 

 

Similarly, Maccallum, Browne, & Sugawara (1996) suggest that 0.01, 

0.05, and 0.08 values of RMSEA indicate excellent, good and mediocre fit. 

According to the results, the measurement model is showing a good fit. Other 

measurement model values show that GFI = 0.853, AGFI = 0.831, which 

shows that the overall model is a good fit as the model significance shows by 

P-value, which is 0.000. 

 

 

3.11.4 Refined Instrument after CFA and Reliability Analysis  
 

The finalized instrument after CFA was used for the final study. 

Cronbach’s alpha was used to measure the consistency between the numerous 

variables’ measurements called reliability (Hair et al., 1998). Cronbach’s alpha 

is widely used to check the scale's internal consistency and is attained by 
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coefficients of Alpha. CFA and the fitness model are attained after excluding 

items. Results of CFA and model fitness are shown as under; 

 

 

 

 

Figure 3.3: Confirmatory Factor Analysis Model  

(Path Diagram) after Excluded Items 

 

Table 3.14 

Model Fitness Index after Excluded Items 

Factors Values Factors Values 

CMIN 1314.231 DF 671 

CMIN/DF 1.959 NFI 0.873 

GFI 0.866 CFI 0.933 

AGFI 

TLI 

0.844 

0.926 
RMSEA 0.045 

    

 

Table 3.14 mentioned above shows the values of model fitness after 

excluding the invalid items after the CFA. CMIN/df is 1.959, which shows the 

model is the best fit as the value is less than 3.0. The value of RMSEA is 
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0.045, which is less than 0.05 indicates the best fit model. The values of GFI 

and AGFI are 0.866 and 0.844, respectively, indicate the best model fit.  

 

3.12 MAIN STUDY AND RELIABILITY TESTING 

 

After conducting the CFA, a refined questionnaire is used in the main 

study. The refined questionnaire was distributed to the respondents and collect 

the data for final results and discussion. There are two common types of 

reliability (Hair, 2010), test-retest reliability and internal consistency. Test-

retest reliability is the consistency of the collected responses at two different 

times as data collocated from the same set of respondents. In this study, 

responses are collected once at one point of time from the respondents, so test-

retest reliability cannot pertinent for this study. This study applies the internal 

consistency of the items and measures through Cronbach’s alpha. According to 

the reliability standard, data is considered reliable if the score comes more than 

0.70 (Nunnally & Bernstein, 1994). SPSS 22 is used for conducting the 

reliability test, and the below table shows the values of Cronbach’s alpha for 

each construct of the refined instrument. 

 

Table 3.15 

Reliability Analysis (N=470) 

Variables 
No. of Items 

before CFA 

No. of Items 

after CFA 

Cronbach’s 

Alpha 

Anger 7 7 0.884 

Fear 5 4 0.813 

Positive Mood 5 4 0.849 

Stress 5 5 0.858 

Social Interaction 5 4 0.847 

Herding 5 5 0.847 

Risk Perception 4 4 0.814 

Investment Decision 6 6 0.851 

 

 Table 3.15 shows the Cronbach’s alpha scores of all the constructs are 

above 0.80, which proves that data is reliable (Santos, 1999). So, all the 

constructs have good Cronbach’s alpha scores greater than the acceptable limit 

(Cronbach’s alpha score ≥ 0.70). It shows that the reliability exists, and the 

data can be used for further analysis. 
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CHAPTER 4: 
 

RESULTS AND DISCUSSION 
 

 

This chapter describes the results that test the hypothesis. Descriptive 

statistics are used along with SEM to extract results and relationships among 

different variables (Anger, Fear, Mood, Stress, Social Interaction, Herding, 

Risk Perception and Investment decision) used in the study. The results of 

demographics are summarized and analyzed in tables with a frequency 

distribution.  

 

 

4.1 RESULTS 

 

The results are presented in tabular form and discussed in detail. Results 

are presenting in such a sequence that descriptive statistics and frequency 

distribution for concerning variables and items given in the tabular form, and 

explanation is made after each table. Hypotheses testing and mediation results 

are presenting at the end of this section.  

 

 

4.1.1 Descriptive Statistics 
 

Results of descriptive statistics involve the mean, standard deviation and 

frequency distribution with respect to demographic variables along with main 

study variables (anger, fear, mood, stress, social interaction, herding, risk 

perception and investment decision). 

 

Table 4.1 

Frequency Distribution “Gender” 

Gender 
Response rate (N=470) 

Frequency Percentage (%) 

Male 374 79.6 

Female 96 20.4 

Total 470 100.0 

 

Gender distribution displays in table 4.1. Results indicate that out of 470 

respondents, 374 respondents (investors) are male, and 96 are female. 

Frequency distribution demonstrates the more percentage of male investors in 

present research than female investors because a few female investors are 
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found in different broker houses of Pakistan stock exchange. Percentages are 

shown that 79.6% of male investors and only 20.4 % are female investors. The 

involvement of women in the stock exchange is increasing by the last few 

years as investors as well as consultants, but in this study, their participation is 

low as compared to male investors. 

 

Table 4.2 

Frequency Distribution “Age” 

Age 
Response rate (N=470) 

Frequency Percentage (%) 

20-30 Years 37 7.9 

31-40 Years 144 30.6 

41-50 Years 218 46.4 

Above 50 Years 71 15.1 

Total 470 100.0 

 

Table 4.2 demonstrates the age brackets used in this study. The first 

bracket mentioned as 20-30 years to use the same interval, but data has been 

collected from the investors of age 25 or more. Table 4.2 shows that only 37 

investors belong to the age limit of 25-30 years. It shows that only 7.9 % of 

young investors participate in this study. Young investors are not much willing 

to make a risky investment in stock markets. Many respondents belong to the 

age limits of 41-50, which is the higher percentage among all age intervals in 

the table. It is found that most middle-age investors are interested in the stock 

market trading, as 77 % of the aggregate percentage of investors fall in two 

age intervals from 31 to 50. The highest percentage falls in the age bracket of 

41-50, which is 46.4%. Respondents with an age of more than 51 years are 

15.1%. So, it shows that most of the investors are mature in the current study. 

This survey clearly showed that mature and strong-minded investors are 

involved in the stock exchange business as it is considered a risky investment 

option. Some old investors are also found with a large amount of experience in 

the stock exchange. 
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Table 4.3 

Frequency Distribution “Experience” 

Experience 
Response rate (N=470) 

Frequency Percentage (%) 

5-10 Years 250 53.2 

11-20 Years 180 38.3 

21-30 Years 36 7.7 

Above 30 4 0.9 

Total 470 100.0 

 

Above mentioned above, Table 4.3 delivers the statistics about the 

investors' study variable ‘investment experience’. Five years interval is used 

for gathering information about experience in the first class. 5-10 is the first-

class interval chosen in the study, and 250 respondents fall in this interval, it 

means more than 50 % of respondents having experience of fewer than 10 

years in the stock market. The next class limit is ten years (11-20) and 180 

respondents fall in 11-20 years of experience, which is 38.3 % of the total 

responses. A few numbers of investors found with experience between 21 to 

30 years. Only four respondents with 30 + experience are included in the 

study. Results of the frequency distribution concerning experience demonstrate 

a similar situation as age distribution. Because most of the respondents with 

middle age, so their investment experience is not very much. 250 out of 470 

respondents have investment experience of up to ten years. There were a few 

old age investors with up to 30 years of experience in stock markets. 

 

Table 4.4 

Frequency Distribution “Qualification” 

Qualification 
Response rate (N=470) 

Frequency Percentage (%) 

Bachelor 122 26.0 

Masters 257 54.7 

M.Phil. 40 8.5 

Other 51 10.9 

Total 470 100.0 
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Table 4.4 depicts information about the qualification of the respondents. 

The table has four options, including bachelors, masters, M.Phil. or equal 

degree, and the last category labeled as ‘other’ for any professional degrees. 

Qualification distribution shows that 122 investors have a bachelor’s degree, 

which is 26 % of the aggregate. Two hundred fifty-seven had gained a master's 

education, which is the highest percentage of 54.7% in the table. And 40 had 

M.Phil. or post-graduate Degree, and 51 had other qualification degrees. Most 

respondents with bachelor's and master's degrees involve in current research. It 

is 80.6% cumulative percent of the total sample. Forty investors are found with 

the education of masters in philosophy in business & finance, and they had a 

passion for investing in stock exchange rather than doing jobs. So, the largest 

number of investors having a master's degree in this study. 

 

 

4.1.2 Descriptive Statistics and Frequency Distribution  
 

In this section, frequency distribution along with descriptive statistics 

(mean and standard deviation) of all the study variables discussed with mean 

and standard distributions for each item of the instrument. 

 

Table 4.5 

Descriptive Statistics and Frequency Distribution of ‘Anger’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

I get angry quickly when something bad 

happens. 
17 20 83 254 96 3.8340 0.9224 

When frustrated, I let my irritation show. 15 24 112 259 60 3.6915 0.8740 

I sometimes feel myself ready to explode 

(get angry). 
18 22 116 221 93 3.7426 0.9551 

Usually, I am a calm person. 37 22 81 249 81 3.7553 0.9176 

I use predictive skills for investment  

decision making when angry. 
15 31 127 250 47 3.6021 0.8744 

Some of my friends think I’m a hothead. 45 29 127 221 48 3.6128 0.8707 

I have trouble controlling my temper. 19 33 139 246 33 3.5128 0.8803 

Note: SD is Strongly Disagrees, D is Disagreed, N is Neutral, A is Agree and SA is Strongly 

Agree. 
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 Table 4.5 displays the results of the frequency distribution, mean and 

standard deviations of the seven items of ‘Anger’. Results demonstrate that 

how many investors considering the given items as disagree, neutral or agree. 

254 respondents agree on the statement of the first item that they get angry 

quickly, 96 are strongly agreed, and 83 choose the neutral option. While 17 

respondents are strongly disagreed, and 20 respondents disagree. It shows that 

for the first item, more investors agree with the question’s statement. For the 

second item, 60 out of 470 respondents marked on strongly agree, and 259 

respondents marked on agree with the statement, only 24 respondents disagree, 

and 15 respondents strongly disagreed. 

 

Similarly, for items 3,4,5,6 and 7 most of the respondents choose the 

option of agreeing or strongly agree. A few numbers of investors choose to 

disagree or strongly disagree options. Some respondents also choose the 

neutral option under each item. So, the results of frequency distribution and 

descriptive statistics clearly show that most of the respondents agree or 

strongly agree with the statement for each of the seven items. Furthermore, 

each item's mean value verifies the results of frequency distribution as a mean 

value of seven items of anger are 3.8340, 3.6915, 3.7426, 3.7553, 3.6021, 

3.6128, and 3.5128, respectively. On the basis of the descriptive analysis, it is 

concluded for the above table that more respondents are in favor of agreeing 

on the statement as most of the mean values are close to 4, which shows agree 

response of the investors. It shows that investors face anger experience, and 

they try to deal with it. Investors consider the anger stat may help to 

understand the situation fast and predict the future. Calmness in anger state 

also plays a vital role in decision making, and most of the investors agreeing 

that item. 

 

Table 4.6 

Descriptive Statistics and Frequency Distribution of ‘Fear’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

I think my knowledge about the stock 

investment is not up to mark. 
43 58 73 127 169 3.6830 1.3172 

The conditions of being successful in the 

stock market are knowledge and 

experience.  

41 46 47 199 137 3.7340 1.2250 

The notions of stock market investment 

evoke feelings of fear. 
32 80 42 191 125 3.6319 1.2315 

The notions of stock market investment 

induce feelings of unpleasant. 31 74 37 211 117 3.6574 1.1987 

Note: SD is Strongly Disagrees, D is Disagreed, N is Neutral, A is Agree  

and SA is Strongly Agree. 
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Table 4.6 exhibits the results of the frequency distribution, mean values 

and standard deviations for the four items of ‘Fear’. Results from the table 

explain how many investors considering the given items as agree, disagree or 

neutral. One hundred twenty-seven respondents agreeing the statement of the 

first item that they think their knowledge is not up to the mark, 169 are 

strongly agreed and 73 choose the neutral option. While 43 respondents are 

strongly disagreed and 58 respondents have disagreed. It displays that for the 

first item, more investors select ‘agree’ or ‘strongly agree’ options. For the 

second item 137 out of 470 respondents marked on strongly agree and 199 

respondents marked on agreeing on the statement, only 46 respondents 

disagree and 41 respondents strongly disagreed. Similarly, for items 3 and 4 

most respondents pick the options of agree or strongly agree. A few investors 

disagree or strongly disagrees with the statement. Some respondents also 

choose the neutral option under each item. So, results of frequency distribution 

and descriptive statistics clearly show that for each of four items, most 

investors agree or strongly agrees with the statement. Furthermore, the mean 

value of each item verifies the results of frequency distribution as the mean 

value of four items of fear are 3.6830, 3.7340, 3.6319, and 3.6574, 

respectively. On the basis of the descriptive analysis, it is concluded for the 

above table that more respondents are in favor of agreeing on the statement as 

most of the mean values are closed to 4, which shows ‘agree’ the response of 

the investors. It means stock market investors feel the element of fear and not 

much relying on luck or over-excited. This table shows that new investors feel 

fear while making investment decisions despite their knowledge is good about 

the stock exchange. Investors feel that they are confident based on their 

knowledge and experience, but the element of fear still exists. So, they use it 

as a cautionary measure to avoid wrong decisions.  

 

Table 4.7 

Descriptive Statistics and Frequency Distribution of ‘Positive Mood’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

I feel I can overcome my nervousness. 20 31 72 261 86 3.7702 0.9655 

Being satisfied increases my level of 

observation. 
21 17 109 264 59 3.6872 0.8990 

When excited I oversee many aspects. 15 36 122 250 47 3.5915 0.8877 

When I am fed up, I mostly quit ®. 12 46 133 208 71 3.5957 0.9454 

Note: SD is Strongly Disagrees, D is Disagreed, N is Neutral, A is Agree 

and SA is Strongly Agree. 
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Above given table 4.7 reveals the results of the frequency distribution of 

the four items of ‘mood’ along with mean values and standard deviation values 

after refining the instrument. Results demonstrate that 261 respondents 

agreeing with the statement of the first item that they can’t overcome their 

nervousness easily, 86 are strongly agreed, and 72 choose the neutral option. 

While 20 respondents are strongly disagreed, and 31 respondents disagree. It 

shows that most of the investors pick the ‘agree’ or ‘strongly agree’ options for 

the first item. The investors agree that it is not easy to overcome their 

nervousness under a stressed environment. For the second item, only 59 out of 

470 respondents marked on strongly agree, but 264 respondents marked on 

agreeing with the statement, only 17 respondents disagree, and 21 respondents 

strongly disagreed. 

 

Similarly, for items 3 and 4, most investors mark on agreeing the option, 

and a few investors mark on disagree option. Some respondents also choose 

the neutral option under each item. So, the results of frequency distribution and 

descriptive statistics clearly show that for each of four items, most of the 

respondents are agree or strongly agree with the statement. Furthermore, the 

mean value of each item verifies the results of frequency distribution as the 

mean value of four items of mood are 3.7702, 3.6872, 3.5915, and 3.5957, 

respectively. Based on the descriptive analysis, it is concluded for the above 

table that more respondents are in favor of agreeing with the statement as most 

of the mean values are close to 4, which shows agree response of the investors. 

Results of the above table indicated that mood is an important element to 

impact the decision of investors as they oversee things when excited or quite 

early when they fed up. The last item uses to make sure the investor’s interest 

in responding to the questionnaire. Results from the above table indicate that 

investors are ready to make decisions under a positive or good mood and 

oversee the picture of the market as bright. 
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Table 4.8 

Descriptive Statistics and Frequency Distribution of ‘Stress’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

I do not worry about making mistakes. 217 152 75 15 11 1.8319 0.9661 

Criticism hurts me quite a bit. 95 229 86 45 15 2.2681 0.9927 

When I want something, I usually go 

all-out to get it. 
105 246 75 36 8 2.1404 0.9081 

I often act on the spur of the moment. 211 136 80 38 5 1.9149 1.0165 

Even if something bad is about to 

happen to me, I don’t experience fear 

or Nervousness. 

215 137 87 28 3 1.8660 0.9604 

Note: SD = Strongly Disagree, D = Disagreed, N = Neutral, A = Agree, and SA = Strongly 

Agree. 

 

Above given table 4.8 reveals the results of the frequency distribution of 

the five items of ‘Stress’ along with the mean values of each item and standard 

deviation values for each item after refining the instrument. Results from the 

collected data clarify how many respondents considering the given items as 

agree or disagree. Two hundred seventeen respondents marked on the option 

of ‘strongly disagree’ of the first item as they feel worried about making a 

mistake, 152 disagree, and 75 choose the neutral option. While 11 respondents 

are strongly agreed, and 15 respondents are agreed. It shows that for the first 

item most of the respondents choose to disagree or strongly disagree with 

options. For the second item, only 45 out of 470 respondents mark on the 

option ‘agree’, and 15 participants select the option ‘strongly disagree’. 95 

respondents marked on strongly disagree, and 229 respondents disagree with 

the statement, while 86 respondents choose a neutral option. Similarly, for 

items 3, 4 and 5, most of the respondents choose to disagree and strongly 

disagree with options, and a small number of investors elect the ‘agree’ or 

‘strongly agree’ options. Some respondents also choose the neutral option 

under each item. So, the results of frequency distribution and descriptive 

statistics clearly show that most of the respondents are on the disagreeing side 

for each of the five items. Furthermore, the mean value of each item verifies 

the results of frequency distribution as the mean value of five items of stress 

are 1.8319, 2.2681, 2.1404, 1.9149, and 1.8660, respectively. Based on the 

descriptive analysis, it is concluded for the above table that more respondents 

are in favor of disagreeing with the statement as most of the mean values are 

less than 2.50. 
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So, the above table results indicated that stress is an important element 

to impact investors' decision, but it affects investors differently. Most of the 

investors think that they can handle stress and not worrying about the 

mistakes, while some of them have different opinions. 

 

Table 4.9 

Descriptive Statistics and Frequency Distribution of ‘Social Interaction’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

People can easily win a debate from 

me. 
135 238 72 15 10 1.9936 0.8724 

I feel a person who doesn’t believe 

others does better. 
139 176 131 19 5 2.0957 0.9080 

I feel I face more troubles than other 

people do.  
169 212 68 13 8 1.8915 0.8706 

I consider the information from my 

close friends and relatives reliable for 

an investment decision. 

176 223 51 14 6 1.8319 0.8308 

Note: SD = Strongly Disagree, D = Disagreed, N = Neutral, A = Agree 

and SA = Strongly Agree. 

 

Above given table 4.9 reveals the results of the frequency distribution of 

the four items of ‘Social Interaction’ along with mean values for each item and 

standard deviation values. Results from the collected data clarify how many 

respondents considering the given items as agree, neutral or disagree. 135 out 

of 470 respondents marked the option ‘strongly disagree’ of the first item that 

people can easily win a debate from me, 238 disagree, and 73 choose the 

neutral option. While ten respondents are strongly agreed, and 15 respondents 

are agreed. It shows that for the first item, most of the respondents choose to 

disagree or strongly disagree with options. For the second item, 139 out of 470 

respondents marked on strongly disagree, and 176 respondents choose to 

disagree. Only 5 investors marked the option of ‘strongly agree’, and 19 

investors elect the ‘agree’ option. 

 

In comparison, 131 investors pick a neutral option. Similarly, for items 

3, and 4, most respondents choose to disagree and strongly disagree with 

options, and a few of them agree or strongly agree with the statement. Some 

respondents also choose the neutral option under each item. So, the results of 

frequency distribution and descriptive statistics clearly show that most of the 

respondents are on the disagreeing side for each of four items. Furthermore, 

each item's mean value verifies the results of frequency distribution as the 
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mean values of four items of social interaction are 1.9936, 2.0957, 1.8915, and 

1.8319 respectively. Based on the descriptive analysis, it is concluded for the 

above table that more respondents are in favor of disagreeing with the 

statement as most of the mean values are less than 2.50. So, the results of the 

above table indicated that social interaction is an important element to impact 

the decision of investors, but it affects investors differently. Most of the 

investors think that they are not affected by other people, investors, friends or 

relatives, while some of them have different opinions. 

 

Table 4.10 

Descriptive Statistics and Frequency Distribution of ‘Herding’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

I prefer to buy stocks if many "buy" 

orders were submitted. 191 155 85 26 13 1.9681 1.0289 

Other investors’ decisions of buying or 

selling stock have an impact on my 

investment decision. 

170 169 83 34 14 2.0489 1.0467 

I would prefer to sell the stock if I find 

many people quitting from it. 
75 163 178 37 17 2.4851 0.9723 

I compare my performance to other 

investors. 
91 222 108 33 16 2.2787 0.9669 

If the aggregate trading volume in the 

stock market was higher, I would 

increase the sum of my stock market 

holdings. 

294 93 42 28 13 1.6660 1.0454 

Note: SD = Strongly Disagree, D = Disagreed, N = Neutral, A = Agree  

and SA = Strongly Agree. 

 

Above given table 4.10 exposes the results of the frequency distribution 

of the five items of ‘Herding’ along with their mean values and standard 

deviation values after refining the instrument. Results from the collected data 

make clear that how the investors considering the given items. One hundred 

ninety-one respondents strongly disagree, and 155 respondents disagree with 

the first item. Only 13 responses are strongly agreed, 26 agrees, and 85 choose 

the neutral option. It shows that for the first item, most of the respondents 

choose to disagree or strongly disagree with options, i.e., investors don’t make 

buying decisions if they see others are buying at the beginning of the trading 

session. For the second item, only 170 out of 470 respondents marked on 

strongly disagree, and 169 respondents choose to disagree option. Only 14 

respondents mark the option ‘strongly agree’, and 34 participants select ‘agree’ 

option. In contrast, 83 respondents choose a neutral option. Similarly, for items 

3, 4 and 5 most of the investors mark to ‘disagree’ option or ‘strongly 
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disagree’ option, and some of them choose ‘agree’ or ‘strongly agree’ options. 

Some investors also choose the neutral option under each item. So, results of 

frequency distribution and descriptive statistics clearly show that for each of 

the five items, most of the respondents are on the disagreeing side. 

Furthermore, the mean value of each item verifies the results of frequency 

distribution as the mean values of five items of herding are 1.9681, 2.0489, 

2.4851, 2.2787, and 1.6660 respectively. Based on the descriptive analysis, it 

is concluded for the above table that more respondents are in favor of 

disagreeing with the statement as most of the mean values are less than 2.50.  

 

The results of the above table indicated that herding is an important 

element to impact the decision of investors, but it affects investors differently. 

Most of the investors think that they don’t make buying or selling decisions if 

others are made. They also don’t compare their investment performance with 

other investors, while others have different opinions about herding items.  

 

Table 4.11 

Descriptive Statistics and Frequency Distribution of ‘Risk Perception’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

I associate the word “risk” with the 

idea of “opportunity”. 
24 38 131 232 45 3.5021 0.9547 

I view risk in investment as a situation 

to be avoided (R). 
20 36 170 218 26 3.4128 0.8736 

I would show my willingness to take 

risks in financial decisions. 
18 43 118 242 49 3.5553 0.9328 

Where there is risk involved, it is much 

more acceptable if the risk is confined 

to my potential for gains from taking 

the risk 

18 42 148 223 39 3.4745 0.9086 

Note: SD = Strongly Disagree, D = Disagreed, N = Neutral, A = Agree, and SA = Strongly 

Agree, R = Reverse Question. 

 

The above-given table 4.11 discloses the frequency distribution results, 
along with mean values and standard deviation values of the four items of 
‘Risk Perception’ after refining the instrument. Results from table 4.11 explain 
how the investors considering given items. 232 out of 470 respondents agree 
on the first item's statement, and 45 are strongly agreed. One hundred thirty-
one respondents choose the neutral option, while 24 respondents are strongly 
disagreed, and 38 respondents disagree. It shows that for the first item, most of 
the investors mark ‘agree’ or ‘strongly agree’ box. The investors approve that 
an association exists among risk and opportunity, while investment decisions 
are made. The second item uses as a reverse of the first item to confirm 
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whether respondents are willing to take the risk. For the second item, only 26 
out of 470 respondents marked on strongly agree, but 218 respondents marked 
on agree with the statement, only 36 respondents disagree, and 20 respondents 
strongly disagreed, while 170 respondents choose a neutral option. 
 

Similarly, for items 3 and 4, most investors show their ‘agree’ response, 
and some investors disagree or strongly disagree with the statement. Some 
respondents also choose the neutral option under each item. So, the results of 
frequency distribution and descriptive statistics clearly show that for each of 
four items, most of the respondents are agree or strongly agree with the 
statement. Furthermore, the mean value of each item verifies the results of 
frequency distribution as the mean values of four items of risk perception are 
3.502, 3.412, 3.555, and 3.474, respectively. Based on the descriptive analysis, 
it is concluded for the above table that more respondents are in favor of 
agreeing with the statement as most of the mean values are close to 3.50, 
which shows agree response of the investors. Some questions in this 
questionnaire used as reverse coding questions to get respondents' engagement 
while filling the questionnaire. The results of the above table indicated that 
investors associate the word risk to opportunities, and they show a willingness 
to take the risk if potential gains are involved with a particular decision. 
Investors perceive risk well, and they are aware that takin risk directs them to 
achieve gains in investment. 
 

Table 4.12 

Descriptive Statistics and Frequency Distribution  

for ‘Investment Decision’ 

Items 

Response rate (N=470) 

SD D N A SA Mean 
Std.  

Dev. 

Fluctuations in the stock market does 

not concern me ®. 
45 13 88 255 69 3.6170 1.0780 

I intend to put at least half of my 

investment money into the stock 

market. 

28 15 97 155 175 3.9234 1.1132 

I think the benefits provided by the 

company for making a risky investment 

affect the investment decision. 

26 18 90 148 188 3.9660 1.1154 

I would choose less risky alternatives 

to safeguard financial security. 
44 49 66 149 162 3.7149 1.2911 

I would choose riskier alternatives to 

maximize potential gains. 
53 64 55 151 147 3.5851 1.3495 

I prefer to invest in stocks from 

different companies so I can diversify 

the risk. 

60 70 53 206 81 3.3787 1.2835 

Note: SD = Strongly Disagree, D = Disagreed, N = Neutral, A = Agree  

and SA = Strongly Agree. 
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Above given table 4.12 presents the frequency distribution results along 

with mean values and the standard deviation values of the seven items of 

‘Investment Decision’. Results from the table express investors’ trend of 

marking their choices on the questionnaire. Two hundred fifty-five 

respondents agree with the first item's statement, 69 respondents are strongly 

agreed, and 88 choose the neutral option. While 45 respondents are strongly 

disagreed, and 13 respondents disagree. It shows that for the first item, most of 

the respondents agreed with the statement. For the second item, 175 out of 470 

respondents marked on strongly agree, and 155 respondents agreed with the 

statement, and only 15 respondents disagree with the statement, while 28 

respondents choose the strongly disagreed option. 

 

Similarly, for items 3, 4, 5, and 6, most of the respondents choose the 

‘strongly agree’ or ‘agree’ option. Some investors select ‘disagree’ or ‘strongly 

disagree’ options. Some respondents also choose the neutral option under each 

item. So, the results of frequency distribution and descriptive statistics clearly 

show that for each of the six items, most of the respondents are agree or 

strongly agree with the statement. Furthermore, each item's mean value 

verifies the results of frequency distribution as a mean value of six items of 

investment decision are 3.6170, 3.9234, 3.9660, 3.7149, 3.5851 and 3.3787, 

respectively. Based on the descriptive analysis, it is concluded for the above 

table that more respondents are in favor of agreeing on the statement as most 

of the mean values are close to 4, which shows agree response of the investors.  

 

The above table shows that investors think that investment decision is an 

important task, and they consider many factors that can affect their decisions. 

Investor shows their willingness to diversify their investment in stocks of 

different companies. Investors also agree to make risky decisions for potential 

gains and avoiding risk for secure investment too. 

 

 

4.1.3 Correlation Analysis 
 

To measure the association among variables, correlation analysis is 

applied. For this purpose, Pearson’s coefficient of correlation is used in this 

study. The relationship can be positive, negative, or no relationship, which is 

expressed with the value of ‘r’. The value of ‘r’ ranges from +1 to -1, i.e., +1 

specifies a perfect positive relationship, -1 indicated perfect negative relation, 

and r=0 means no relationship (Boddy & Smith, 2009). 
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Table 4.13 

Correlation Analysis 

Variables Anger Mood Fear Soc-Int Herding Risk-Per Inv-Dec Stress 

Anger 1        

Mood .379** 1       

Fear .206** .401** 1      

Social  

Interaction 

-.237** -.212** -.184** 1     

Herding -.194** -.212** -.126** .125** 1    

Risk  

Perception 

.308** .349** .302** -.255** -.306** 1   

Investment  

Decision 

.373** .370** .333** -.248** -.278** .381** 1  

Stress -.223** -.197** -.091* .087 .483** -.319** -.353** 1 

**. Significant at the 0.01 level (2-tailed). *. Significant at the 0.05 level (2-tailed). 

Soc-Int=Social Interaction, Risk-Per=Risk Perception, Inv-Dec=Investment Decision 

 

Table 4.13 represents the outcomes of Pearson’s coefficient of 

correlation. Results show that variables, anger, mood, and fear are positively 

related to the investment decision and risk perception. Values of anger, 

positive mood and fear are 0.373, 0.370, and 0.333, respectively, with respect 

to investment decision and 0.308, 0.349 and 0.302, with respect to risk 

perception. As mentioned above, the criteria for Pearson’s coefficient of 

correlation, the results indicate a moderating correlation between said 

variables. It shows that investors under a positive mood, state of fear and anger 

can make positive decisions compared to other factors, i.e., Social interaction, 

herding and stress. Values in table 4.13 related to Social interaction, herding, 

and stress show a negative sign (-), which displays that these variables are 

negatively correlated to investment decision and risk perception. 

 

Table 4.14 

Multicollinearity Diagnostics Test 

Variables 
Direct Model Indirect Model 

VIF Tol. VIF Tol. 

Anger 1.234 0.810 1.255 0.797 

Fear 1.205 0.830 1.239 0.807 

Mood 1.346 0.743 1.374 0.728 

Stress 1.338 0.747 1.377 0.726 

Social Interaction 1.100 0.909 1.128 0.886 

Herding 1.340 0.746 1.363 0.734 

Risk Perception   1.364 0.733 
Tol= Tolerance, VIF= Variance Inflation Factor 

Dependent variable (Direct Model) = Risk Perception 

Dependent variable (Indirect Model) = Investment Decision 
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Table 4.14 explains the multicollinearity check if there is a high 

correlation between two or more independent variables used in the study. The 

variance inflation factors (VIF) and Tolerance are used as indicators of the 

existence of a multicollinearity issue. VIFs start from the value of ‘1’, and 

there is no upper limit. So, the value of VIF ‘1’ indicates there is no correlation 

between independent variables and/or any other variables. The value of VIFs 

between 1 to 5 indicates a moderate correlation, not severe to take corrective 

measures and VIFs greater than 5 suggests a critical level of multicollinearity, 

and p-values may be questionable (Markus, 2012). The results of table 4.14 for 

the direct model and the indirect model show that all the independent variables 

are fairly correlated, and no variables are highly correlated. The table shows 

that VIF values are low as 1.100 for social interaction and 1.340 highest for 

herding in the direct model and VIF=1.377 for stress in the indirect model. So, 

the values of VIF are near to the lower limit (1) and indicates a moderate 

correlation, no value of VIF exceeding to the upper limit (5) of VIF and 

fulfilling the multicollinearity criteria. Values of VIF exceeding 5 suggest the 

existence of a multicollinearity issue. So, results indicate that multicollinearity 

does not exist, and independent variables are not highly correlated. 

 

 

Figure 4.1: Direct Effects without Mediation 
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The above figure 4.1 expresses the direct effect of independent variables 

on the dependent. To test the adaptability of different model measures are 

used, i.e., CFI, GFI, AGFI and chi-square (Keramati, Mehrabi, & Mojir, 

2010).  

 

 

Table 4.15 

Model Fitness Index of Overall Model (Direct Effects) 

Factors Values Factors Values 

CMIN 1236.878 Df 539 

Chi-square 2.295 NFI 0.868 

AGFI 0.835 GFI 0.859 

TLI 0.912 CFI 0.921 

RMSEA 0.053   

 

Table 4.15 confirms the values of the model fitness index of the direct 

effect model. The values of all indexes prove that model is the best fit. The 

value of CMIN is 1236.878, and df is 539, so Chi-square= CMIN/df is 2.295, 

which shows the model is the best fit. The RMSEA value indicates the model 

is a ‘good fit (Byrne, 2013). The values of GFI, AGFI, CFI and TLI are 0.859, 

0.835, 0.921 and 0.912, respectively, representing the model as a good fit 

(McAulay, Zeitz, & Blau, 2006; Roh, Ahn, & Han, 2005). 

  

The next step after testing the model fit is to use the regression 

coefficient to test the hypotheses. For this purpose, the current study uses the 

procedures proposed by Hoyle & Smith (1994) and Prabhu (2007) to ascertain 

one variable's mediation effect amongst independent variables and dependent 

variable, i.e., the partial or full mediation. The procedure is completed under 

two steps; first, the direct effects are checked between dependent and 

independent variable/s, and the second step is to measure the mediating effect 

(indirect effect) of independent variable/s on the dependent variable through a 

mediator. 
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Table 4.16 

Regression Weights and Hypothesis Testing (Direct Effects) 

Variables 
Estimate S.E. C.R. 

P-

value 

Hypothesis 

Support D.V  I.V 

Inv-Dec ← Anger 0.206 0.060 3.853 0.000 H1 Supported 

Inv-Dec ← Fear 0.136 0.054 2.914 0.004 H2 Supported 

Inv-Dec ← Mood 0.151 0.050 2.728 0.006 H3 Supported 

Inv-Dec ← Stress -0.223 0.064 -3.652 0.000 H4 Supported 

Inv-Dec ← Soc-Int -0.130 0.059 -2.864 0.004 H5 Supported 

Inv-Dec ← Herding -0.174 0.049 -2.893 0.004 H6 Supported 

Note: *** ≤ 0.05, Inv-Dec = Investment Decision, Soc-Int = Social Interaction 

 

Table 4.16 reveals the results of the regression weights of independent 

variables (anger, fear, mood, stress, social interaction and herding) on the 

dependent variable (investment decision). It is evident that anger is positively 

influencing investment decisions as this study hypothesizes on the arguments 

that angry individuals read the situation faster and found more clues with 

improved memory while making the final decision. The impact of fear also 

found positive. Literature showed different impacts of fear on decision 

making, but, in this study, it is found positive.  

 

Further, a positive mood positively affects the investment decision, 

which supports H1, H2 & H3. Further, this study found that stress, social 

interaction and herding negatively affect the investment decision. So, the 

above results support H4, H5 and H6. Stress often causes negative influences, as 

this study hypothesizes. Social interaction significantly influences the decision 

making of investors. This study found a negative relationship between social 

interaction and herding with the investment decision.  
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Figure 4.2: Indirect Effects with Mediation 

  

Above mentioned, figure 4.2 shows the structural model results of the 

regression weights of independent variables on the dependent variable with the 

mediation role of risk perception. The model indicates the direction and 

magnitude of each of the indirect relationships among dependent, mediator and 

independent variables of the current study.  

 

Table 4.17 

Model Fitness Index (Indirect Effects) 

Factors Values Factors Values 

CMIN 1420.718 Df 674 

Chi-square 2.108 NFI 0.862 

AGFI 0.834 GFI 0.856 

TLI 0.914 CFI 0.922 

RMSEA 0.049   
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 The above table 4.17 shows the model fit indexes of indirect effects. 

The value of CMIN is 1420.718; Df is 674, so Chi-square= CMIN/Df is 2.108, 

which shows the model is the best fit. It is suggested that the chi-square fit 

index is adequate for model goodness of fit assessment (Hair et al., 2014). The 

value of RMSEA is 0.049, which is less than 0.05, also indicating the model is 

the best fit as the standard for a good fit (Byrne, 2013). The values of GFI, 

AGFI, CFI and TLI are 0.856, 0.834, 0.922 and 0.914, respectively, 

representing the model is a good fit.  

 

Table 4.18 

Regression Weights and Hypothesis Testing (Indirect Effects) 

Variables 
Estimate S.E. C.R. 

P-

value 

Hypothesis 

Support D.V  I.V 

Risk-Per ← Anger 0.144 0.062 2.570 0.010 H7 Supported 

Risk-Per ← Fear 0.164 0.057 3.234 0.001 H8 Supported 

Risk-Per ← Mood 0.184 0.053 3.070 0.002 H9 Supported 

Risk-Per ← Stress -0.178 0.066 -2.755 0.006 H10 Supported 

Risk-Per ← Soc-Int -0.120 0.062 -2.462 0.014 H11 Supported 

Risk-Per ← Herding -0.159 0.052 -2.457 0.014 H12 Supported 

Inv-Dec ← Risk-Per 0.128 0.060 2.180 0.029 H13 Supported 

Note: *** ≤ 0.05, Risk-Per = Risk Perception, Soc-Int = Social Interaction 

  

The above table reveals the regression weights of independent variables 

(anger, fear, mood, stress, social interaction and herding) on the mediating 

variable (risk perception). It is evident that anger, fear, and mood positively 

affect individual investors' risk perception, which proves H7, H8 & H9 

hypotheses. Furthermore, results also reveal a negative effect of stress, social 

interaction and herding on investor’s risk perception, which supports H10, H11 

& H12 hypotheses. Finally, the relationship between risk perception and 

investment decision making is positive, so H13 is accepted as risk perception 

positively and significantly affect the investor’s investment decision making. 

Summarizing the table mentioned above, results are supporting the hypothesis 

with direction and magnitude of relationships as all independent variables have 

a significant role in risk perception, whether positive or negative. 

 

 

4.1.4 Risk Perception as Mediator 
 

After examining the direct effect of independent variables on the 

dependent variable, the indirect effect is checked. Baron & Kenny (1986) 

propose three conditions that must be satisfied for mediating. Condition-1 

argues that independent variables must be related to the dependent variable. 

Condition-2 argues that independent variable/s must be related to the mediator. 
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Condition-3 argues that the mediating variable must be significant with the 

dependent variable. Finally, the regression weights of indirect effects (via 

mediator) are reduced but significant, indicating partial mediation. Whereas 

regression weights are reduced, and the relationship is insignificant, it 

indicates the existence of full mediation (Gunzler et al., 2013). The results of 

the mediation effects for this study are given as follows. 

 

Table 4.19 

Mediation Effects (Risk Perception) 

Variables 
Direct  

Effects 

Indirect  

Effects Hypothesis  

Support 
D.V  I.V 

Estimat

e 

P- 

value 
Estimate 

P- 

value 

Inv-Dec ← Anger 0.206 0.000 0.187 0.000 H14 is Supported 

Inv-Dec ← Fear 0.136 0.004 0.114 0.014 H15 is Supported 

Inv-Dec ← Mood 0.151 0.006 0.128 0.022 H16 is Supported 

Inv-Dec ← Stress -0.223 0.000 -0.201 0.001 H17 is Supported 

Inv-Dec ← Soc-Int -0.130 0.004 -0.115 0.011 H18 is Supported 

Inv-Dec ← 
Herdin

g 
-0.174 0.004 -0.153 0.011 H19 is supported 

Note: *** ≤ 0.05, Inv-Dec = Investment Decision, Soc-Int = Social interaction 

  

The above table 4.19 reveals the results of regression weights (indirect 

effects) of independent variables (anger, fear, mood, stress, social interaction 

and herding) on the dependent variable (Investment decision) and risk 

perception included as a mediator. Anger has a positive (0.187) and significant 

relationship with investment decision when risk perception is used as a 

mediator. Regression weights are marginally reduced from 0.206 to 0.187 but 

significant. Baron & Kenny (1986) suggest that if regression weights are 

reduced but the relationship is significant, it shows a partial mediation, 

supporting the hypotheses 14 as anger has both a direct effect on investment 

decision and indirect effects through the mediation of risk perception. The 

second variable of fear is also showing a positive and significant impact on 

investment decision. Regression weights are reduced after mediation (0.136 to 

0.114), and the relationship is significant, it shows partial mediation exists. So, 

H15 is not rejected as fear has a significant role in decision making through 

direct effects and indirect effects when risk perception is used as a mediator. 
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Similarly, H16 is also supported by the table's results that mood 

significantly affects the investment decision making. Regression weights of 

mood are reduced (0.151 to 0.128) after mediation, but a significant 

relationship indicates a partial mediation. Furthermore, stress shows a negative 

relationship with the investment decision. Regression weights for stress are 

reduced, but the relationship is significant, which indicates a partial mediation 

of risk perception. So, H17 is supported that stress negatively influences 

investment decision making. Social interaction shows a negative relationship 

with the investment decision. Regression weights for social interaction are 

reduced, but the relationship is significant, indicating a partial mediation of 

risk perception. So, H18 is supported that social interaction negatively 

influences the investment decision making with direct effects and indirect 

effects via risk perception as a mediator. Finally, herding shows a negative 

relationship with the investment decision when risk perception and regression 

weights for herding are reduced, but the relationship is significant, which 

indicates a partial mediation. So, H19 is also supported that herding has a 

negative impact on investment decision making with direct effects and indirect 

effects via risk perception as mediator. 

 

 

4.1.5 Major Findings and Discussion 
 

The study's objective was to examine the impact of psychological and 

social factors on the investors’ investment decision and the mediating role of 

risk perception. The major findings regarding the impact of psychological and 

social factors on investment decisions are summarized as follows; 

 

The results of the study indicate that psychological factors have a 

significant effect on investors’ decision-making. Previous studies and 

behavioral finance theories support results, i.e., prospect theory by Kahneman 

& Tversky (1979), the theory of planned behavior (Ajzen, 1991), Social 

system theory (Weick, 1993), Communication theory (Fischhoff, 1995), the 

theory of ‘feelings as information’ (Schwarz & Clore, 2003), theory of 

behavioral asset pricing model (Shefrin & Statman, 1994) etc. Results show 

that anger, fear, and positive mood have a positive and significant impact on 

individual investors' investment decisions. Anger has a positive and highly 

significant relationship with an investment decision. Under the state of anger, 

investors are more likely to use constructive problem-solving skills, leading to 

positive results as identified by Ellsworth & Scherer (2003). Anger uplifts 

investors' propensity to observe the circumstances as known and under their 

control (Spielberger et al., 1995). Anger roots for improved memory and 

analytical ability Small & Lerner (2008), results are in line with findings of 

studies by Coget et al. (2011), Hassan et al. (2013) and Moors et al. (2013). 
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Further, results also confirm that different investors respond to anger 

differently (Gambetti & Giusberti, 2009). Anger always shakes the cognitive 

processes and help the individuals to read the situations faster and more 

accurate, as claims by Litvak et al. (2010), Gambetti & Giusberti (2012), 

Jackson et al. (2018), Aren & köten (2019), Moueed & Hunjra (2020) and 

Wynes (2020). Results reveal that fear has a significant impact on decision 

making. Fearful investors are more conscious about their investments, thus 

making them more watchful and cautious about investment decisions (Coget et 

al., 2011). The results are in line with the findings of previous studies (Clore et 

al., 1996; Hassan et al., 2013; Katkin et al., 2001; Tiedens & Linton, 2001). 

Investors are fearful about unfamiliar companies to invest; they use 

diversification to avoid risk and loss (Nuñez et al., 2015). As compared to past 

findings, fear is found significantly positive to investment decision opposite to 

those findings, which suggests that fearful investors are risk-averse. Further, 

fear opposes to make investment decisions under more risky situations (She et 

al., 2017). Similar findings by Huang & Wang (2017) and Singh (2019) that 

level of fear in investors varies and ultimately impact decision making and 

normally arises from the uncertainty of events (Bash & Alsaifi, 2019). 

 

Positive Mood also has a positive and significant impact on investment 

decision, supported by Isen (2001), Vries et al. (2012) and Lepori (2015), also 

supported by the theory of ‘mood as information’ by Schwarz & Clore (2003). 

Positive mood impacts the information processes, judges the situation, 

analyses the available choices, and makes a decision (Schwarz & Clore, 2003). 

Positive and neutral mood states induce risk-seeking preferences while 

decision making. Results are in line with findings of Yuen & Lee (2003), 

Moueed et al. (2015), Strydom et al. (2019), and Sun et al. (2020). So, 

hypotheses H1, H2 and H3 are supported.  

 

Further, results show that stress has a negative impact on investment 

decision; it is evident that investors under stressful conditions are unable to 

make positive decisions due to lack of optimum use of knowledge and 

experience results in line with Pabst et al. (2013) and Starcke & Brand (2012). 

Results are in line with the findings of Porcelli & Delgado (2009), Preston, 

Buchanan, Stansfield, & Bechara (2007) and Matthews et al. (2014). Further, 

results are also supported by arguments of Hejase (2017), Nofsinger et al. 

(2018) and Morgado & Cerqueira (2018) that stress has a negative influence 

on cognition and motivation as stress often induce depressive behaviors. 

Jabeen et al. (2020) also find that stress is a prominent source of biased 

decision making. So, the psychological factor (stress) has a negative impact on 

investment decision; hence, H4 is also supported. 
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Furthermore, social interaction and herding have a negative but 

significant impact on the investment decisions of individual investors. The 

results are in concordance with the findings of Janssen & Jager (2003) and Lee 

& Andrade (2011). The investors under the influence of social circles, friends 

and relatives make decisions advocated by others rather than their own, which 

may mismatch with their own financial knowledge and expertise (Madrian & 

Shea, 2001). Investors often get confused when they get many bits of advice 

from the people around them and consequently make the wrong decision 

(Giannini et al. 2019; Li et al., 2016; Dodd et al., 2015; Duflo & Saez, 2003). 

Findings reveal that herding has a negative impact on the investment decisions 

of individual investors. Most of the investors always confused between ‘herd’ 

and ‘self’ decision-making (Olsen, 1997).  

 

While observing the herd behavior of other investors, someone usually 

follows a general trend to do what the majority is doing and ignoring their 

perception, knowledge and skills (Bikhchandani et al., 1998; Ottaviani & 

Sørensen, 2000). Most of the investors feel that herding leads to wrong 

decisions because of anomalies and the market bubble effect induce to make 

irrational decisions (Abreu & Brunnermeier, 2003). The results are also 

supported by the findings and arguments of Lin (2011), Park & Sabourian 

(2011), Yang (2018) and Qasim et al. (2019). Jabeen et al. (2020) also identify 

herd behavior as a major cause of biased decisions. So, herding affects 

investment decision making negatively. Here the study hypothesis H5 and H6 

are supported. The findings of the current study are supported by Shiller 

(2000), Ottaviani & Sørensen (2010), Cipriani & Guarino (2008) and Agarwal 

et al. (2016).  

 

The current study uses risk perception as a mediator to elaborate the 

results of direct as well as indirect effects of psychological and social factors 

on investment decision supported by Sitkin & Weingart (1995) and Slovic 

(1987). Risk perception performs a key role in the investment decision-making 

process, which is in line with the findings of past studies by Akhtar & Batool 

(2012) and Lu et al. (2013). The results of the study also reveal that anger, 

fear, and mood have a positive impact on risk perception, but stress, social 

interaction, and herding have a negative impact on risk perception. Based on 

the theoretical framework, study hypotheses H7, H8, H9, H10, H11 & H12 are 

supported by the results. Risk perception positively influences investors' 

investment decision-making, results supported by risk communication theory 

and results of past studies (Fischhoff, 2009; Renn, 2004). So, H13 is supported. 

Further, risk perception partially mediates the relationship of psychological, 

social factors and investment decision making. The direct and indirect effects 

of psychological and social factors on investment decision are supported by 

previous studies (Johnson & Tversky, 1983; Sitkin & Weingart, 1995; Slovic 
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et al., 1982; Slovic & Peters, 2006). Investors’ level of risk perception affects 

an investor's investment behavior (Deb & Singh, 2016; Singh & Bhowal, 

2010). The indirect effect reveals that risk perception mediates between 

dependent and independent variables supported by Rhodes & Pivik (2011), 

Riaz & Hunjra (2015), Deb & Singh (2018) and Nguyen et al. (2019). 

Therefore, study hypotheses H14, H15, H16, H17, H18 & H19 are also supported 

that risk significantly mediates the relationship between psychological & 

social factors with investment decision making. 

 

Finally, the current study results indicate that psychological and social 

factors play a critical role in investment decision-making. Anger, fear and 

mood significantly and positively impact risk perception and investment 

decision, while stress, social interaction, and herding negatively impact risk 

perception and decision making. Risk perception partially mediates between 

independent variables with an investment decision. 
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CHAPTER 5: 
 

CONCLUSION AND RECOMMENDATIONS 
 

 
5.1 CONCLUSION 

 
The present study determines the impact of psychological and social 

factors on individual investors’ decision making. The study uncovers the 
mediating role of risk perception between anger, fear, positive mood, stress, 
social interaction, herding and investment decision making. This study 
addresses the problem that individual investors in the Pakistan stock exchange 
do not make fully ration decisions. The stock exchange represents the 
country's economic progress, and it depends on the overall market mechanism 
and investment decisions of the investors. They perform a vital role in 
identifying and setting trends in the stock market. But sometimes investors 
make irrational choices built on their own perception or influenced by other 
external factors. Irrational decisions of investors compel the financial markets 
to perform inefficiently, and investors cannot attain their desired results from 
investment. 
 

The target respondents of this study are individual investors of the 
Pakistan Stock Exchange (PSX). Purposive sampling technique is used to 
extract a sample of 470 respondents in the present study. A self-administrated 
questionnaire is used to collect data from the respondents on a five-point 
Likert scale. The reliability and validity of the instrument are tested through 
pilot testing. The refined questionnaire was distributed to collect data from the 
respondents for the final analysis. This study applies different statistical 
techniques, i.e., confirmatory factor analysis (CFA), reliability, descriptive 
statistics and structural equation model (SEM) to extract results. The direct 
effects of independent variables are also compared with indirect effects to 
check the medication and find that risk perception partially mediates between 
independent and dependent variables. 
 

Results show that psychological and social factors significantly impact 
investors’ investment decision-making, and there is a mediating role of risk 
perception between psychological and social factors and investment decision-
making. It is found that anger positively impacts investment decision making. 
Most of the investors agreed that anger is an important factor, and results are 
also significant. Anger also positively impacts risk perception and improves 
the decision-making process. Fear is another important psychological factor, 
and it is found that fear also positively influences the investment decision. But, 
under fear state, investors try to invest in less risky options. Investors state that 
fear of loss tends them to avoid uncertainty and ambiguity and prevent them 
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from making decisions in hesitation. So, the emotion ‘fear’ induce them to 
invest in less risky stocks. Fear also has a positive impact on risk perception; 
investors oversee risky situations in the market and wait for visible trends in 
the stock market to take investment decisions. As a mediator, ‘risk perception’ 
partially mediates between fear and investment decision.  
 

The variable ‘positive mood’ is used in this study as a temporary state of 
mind, which can influence the decision making. Investors are agreed that 
mood is an important factor in decision making. A good mood leads to positive 
and correct decisions, while a negative mood often tends to avoid decisions or 
skips. So, results indicate that a positive mood has a positive impact on the 
investment decision and risk perception. Stress also influences the decision 
making of investors. Stress is a long-lasting state of negative emotion that can 
be continued for an indefinite time. Investors under stress state see the market 
as negative and forecast the future trends also negative, so they miss the right 
time to invest. Stress also leads the investors to make or not to make any 
decisions, but it leads to negative or inappropriate decisions. Risk perception 
partially mediates between stress and investment decision.  
 

Social interaction is also an important variable which encourages most 
of the investors towards making decisions in hesitation or make wrong 
decisions. Each human has his/her own company, friends, family and relatives, 
which influence their thinking and decision making. Sometimes it helps, but 
most of the time, it enters you in difficulties as the perception levels of each 
vary under different circumstances. It is found that social interaction also has a 
negative impact on investment decision making in this study. Herding is an 
important factor in decision making; i.e., it is always difficult to choose 
between herd or self. When the majority of investors doing the same, it is hard 
not to follow them, but it tends to negative decisions. In this study, most of the 
investors understand that herding is a negative factor. Results indicate that 
herding has a negative impact on investment decision. This study contributes 
to understand the behavioral factors and expand the existing literature in 
comparison to past studies by Wang & Yu (2015), Chandra & Kumar (2012), 
Chira et al. (2008), Shiller (2000) and Tversky and Thaler (1990) with respect 
to herding behavior and psychological biases among Pakistan stock market 
investors.  
 

This study has practical implications for individual investors, 
institutional investors, and mutual fund managers while making their 
investment decisions. The outcomes of the study are beneficent for 
shareholders, financial securities traders, financial securities consultants, and 
financial advisors while making financial decisions. The results of this 
research suggest investors to make optimistic use of those factors with a 
positive impact on decision-making while avoiding the factors with negative 
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influence. This study also expands the scope of behavioral finance as its 
theoretical contribution by adding key psychological and social factors and 
their impact on investment decision along with the mediating role of risk 
perception. The study results could be beneficial for the individual investors, 
financial analysts, and stakeholders of other developing countries where 
investors are little immature in predicting the market sentiments and markets 
are inefficient. It is recommended that investors should consider psychological 
factors as well as social factors while making an investment decision. Investors 
should not ignore but be prepared to deal with such factors as anger, fear, 
mood and stress. Investors are recommended to avoid making decisions based 
on their social interactions, which leads them to consider more reliable 
information. Further, they should avoid herding by relying on their own 
knowledge and instincts when making an investment decision. 
 
 
5.2 RECOMMENDATIONS   

 
Based on the results, recommendations are presented for the investors to 

improve decision making while investing in PSX. It is recommended to the 
investors that they must consider the psychological factors as well as social 
factors while making an investment decision. As behavioral finance theories 
suggest that investors are not always rational, they usually focus on gains and 
less considering the probability of losses. So, under the presence of such 
factors discussed in the study, investors should be prepared to deal with such 
factors (anger, fear, positive mood and stress). It is recommended on the basis 
of results from this survey that anger’s impact is positive on risk perception 
and investment decision. Anger improves the investors’ judgment and gives 
more clues about the situation. Anger shakes the cognitive process of investors 
and helps them to read and analyze all the options quickly. So, investors are 
recommended to make proficient decisions in the state of anger. Fear is 
another negative emotion which leads the investors to pessimistic judgements 
about the market and stocks. But results suggest that fear significantly impacts 
the decision making of individual investors. Fear encourages the investor to 
make less risky investment decisions. Fear helps the investors to recall their 
past mistakes under similar circumstances and persuade cautious about the 
possible risks. Investors are recommended that under the fear state, they can 
spend more time analyzing risks associated with different options and 
choosing less risky options to secure low returns but avoid losses.  

 
Investors and financial decision-makers are recommended to use their 

positive mood to make a proficient decision. The results of this study support 
the hypothesis of the study that positive mood improves intuitive judgments. 
Mood as information theory also supports the argument that a positive mood 
gives more information about the circumstances and encourages the investors 
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to take risky decisions. Stress as a psychological factor negatively influences 
the risk perception and investment decision of stock market investors. It is also 
recommended based on results to avoid decision making under stress because 
stress often narrows the judgment process. Stress is associated with negative 
experiences and induces negative thinking in investors while making 
investment decisions and, consequently, making less rational decisions. It is 
also suggesting that investors must keep in their mind the importance of social 
factors which influence their decision making in the stock market. Investors 
are recommended to avoid ‘herd’ when most of the investors are going to 
make buy orders, or most of the investors going for sale orders, investors 
should rely on their ‘self’ perception to make the right decision.  
 

Furthermore, social interaction is an important factor to consider while 
making decisions. Investors also recommended to control this factor by 
avoiding unnecessary suggestions from friends and family while making 
decisions, and use their predicting abilities based on their personal experience 
rather than based on someone else’s experience. The findings of the study are 
also valuable for institutional investors while making investment decisions; 
they may consider these factors. Day traders are also recommended to consider 
the study's findings before making a prompt buy or sell decision. So, the 
findings of the current study are also beneficial for those who make financial 
decisions under different circumstances; they must consider these 
psychological and social factors while making decisions because today’s 
decisions must impact your near or long-term future. The results of this study 
are also beneficial for the individual investors, financial advisors and fund 
managers in other developing countries like Pakistan, where markets are not 
fully efficient, and investors are less familiar with such behavioral biases. The 
securities and exchange commission of Pakistan (SECP) is recommended to 
take steps by utilizing these studies to make awareness of behavioral factors 
and their impact on investors’ decision making in the stock market. Awareness 
workshops and seminars may be used to educate and guide individual stock 
market investors to deal with emotional factors while making investment 
decisions. 
 
 
5.3 PRACTICAL IMPLICATIONS & FUTURE DIRECTIONS 

 
The current study outcomes are beneficial for the shareholders/investors, 

securities traders, financial securities consultants, and financial decision-
makers. The results of the study are helpful for them to make constructive use 
of psychological and social factors with a positive impact on decision making 
while avoiding the factors with negative influence. The findings of the present 
study are also applicable to improve the decision making of existing investors 
as well as potential investors. The study is also handy for the day traders to 
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apply the research findings while making prompt decisions daily under these 
factors while focusing on potential gains and ignoring the probability of loss. 
The findings are also appropriate to the investors when they make assessments 
about risk and potential returns from investments. Institutional investors and 
other financial managers can also utilize the findings of the current study. The 
results of this research suggest investors to make optimistic use of such 
behavioral factors with a positive impact on decision-making while avoiding 
the factors with a negative influence on investment decisions. Further, under 
the practical and social implications, investors can recognize several 
behavioral biases during the decision-making process to minimize risk and 
make a sound investment decision. The securities and exchange commission of 
Pakistan (SECP) must utilize the results of such studies to train new investors 
by making awareness of behavioral factors and their impact on investors’ 
decision making in the stock market. The results of this study also utilize in 
awareness workshops and seminars to educate and guide individual stock 
market investors to deal with emotional factors while making investment 
decisions. 
 

This study has some limitation which may be overcome in future 
research studies along with new dimensions. The current study attempts to 
cover major psychological and social factors that influence the investor’s risk 
perception and investment decision-making. But this study could not cover all 
the psychological and social factors, so the current research can be extended 
by taking other major psychological factors along with investment 
performance as a dependent variable. As the scope of behavioral finance 
extended to the concept of neurofinance, future research may be extended to 
use variables, related to investors’ minds involvement in risky decisions along 
with psychological factors. Furthermore, other social factors that also 
influence the decision-making process of the investors can be taken into 
research, i.e., social media and electronic media. Future research may also use 
experimental methods and neuro finance to expand the scope of behavioral 
finance. Thus, this study provides conceptual and empirical insights for future 
work on other potentially important determinants of risky decision-making 
behavior. District-wise bifurcation of investors may be conducted in further 
studies. Future research may also use institutional investors as the target 
population to find out herd behavior and other key factors involved in the 
decision-making process to expand the scope of behavioral finance.  
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APPENDIX Ⅰ 

 

QUESTIONNAIRE 

 
THE IMPACT OF PSYCHOLOGICAL AND SOCIAL  

FACTORS ON INVESTMENT DECISION: MEDIATING  

ROLE OF RISK PERCEPTION 

 
This study is being conducted by Mr. Abdul Moueed, PhD scholar  

(business Administration). The primary objective of the study is to identify some 

Psychological and Social factors which affect investors' Decision Making under risk and 

uncertainty. I wish to assure you that any response you make will be strictly confidential.  

If you have any query about the research, you can contact at E-mail: moid215@yahoo.com 

or Cell: 0300-4990368. 
 

Section: 1 (Demographic Variables) 

 

Respondent Profile: 

 
 

Gender:    Male    Female 
 

Age:    20-30 years old  31-40 years old   

    41-50 years old  Above 50 years old 

 

Experience:   5-10    10-20 old   

    21-30   Above 30  
 

Qualification   Bachelor   Master   

    M.Phil   Other 

     

 

  

mailto:moid215@yahoo.com
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Section: 2 (Research Variables) 

 
Please Tick (✓) your responses using the following scale: 

Strongly Disagree=1; Disagree=2; Neutral=3; Agree=4 & Strongly Agree=5 

S# Variables Rating  

I Investment Decisions 

1 Fluctuations in the stock market does not concern me. 1 2 3 4 5 

2 
I intend to put at least half of my investment money into the 

stock market. 
1 2 3 4 5 

3 
I think the benefits provided by the company for making a 

risky investment affect the investment decision. 
1 2 3 4 5 

4 
I would choose less risky alternatives to ensure financial 

security. 
1 2 3 4 5 

5 
I would choose riskier alternatives to maximize potential 

gains. 
1 2 3 4 5 

6 
My investment in stocks has demonstrated increased 

revenue / cash flow growth in past 05 years. 
1 2 3 4 5 

7 
I prefer to invest in stocks from different countries so I can 

diversify the risk. 
1 2 3 4 5 

II Risk Perception 

1 I associate the word “risk” with the idea of “opportunity”. 1 2 3 4 5 

2 I view risk in investment as a situation to be avoided. 1 2 3 4 5 

3 
I would show my willingness to take risks in financial 

decisions. 
1 2 3 4 5 

4 

Where there is risk involved, it is much more acceptable if 

risk is confined to my potential for gains from taking the 

risk. 

1 2 3 4 5 

Psychological Factors 

I Anger 

1 I get angry quickly when something bad happens. 1 2 3 4 5 

2 When frustrated, I let my irritation show. 1 2 3 4 5 

3 I sometimes feel myself ready to explode (get angry). 1 2 3 4 5 

4 Usually, I am a calm person. 1 2 3 4 5 

5 
I use predictive skills for investment decision making when 

angry. 
1 2 3 4 5 

6 Some of my friends think I’m a hothead. 1 2 3 4 5 

7 I have trouble controlling my temper. 1 2 3 4 5 

II Fear 

1 
I think my knowledge about the stock investment is not up 

to mark. 
1 2 3 4 5 

2 
The conditions of being successful in the stock market are 

knowledge and experience.  
1 2 3 4 5 

3 
The notions of stock market investment evoke feelings of 

fear. 
1 2 3 4 5 

4 The stocks are risky in my opinion. 1 2 3 4 5 

5 
The notions of stock market investment evoke feelings of 

unpleasant excitement. 
1 2 3 4 5 
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III Positive Mood 

1 I feel I can overcome my nervousness. 1 2 3 4 5 

2 Being satisfied increases my level of observation. 1 2 3 4 5 

3 When excited I oversee many aspects. 1 2 3 4 5 

4 When I am fed up, I mostly quit. 1 2 3 4 5 

5 Being sad I can’t get over things soon. 1 2 3 4 5 

IV Stress 

1 
If I think something unpleasant is going to happen, I usually 

get pretty worked up (upset). 
1 2 3 4 5 

2 I do not worry about making mistakes. 1 2 3 4 5 

3 Criticism or scolding hurts me quite a bit. 1 2 3 4 5 

4 I often act on the spur of the moment. 1 2 3 4 5 

5 
Even if something bad is about to happen to me, I rarely 

experience fear or Nervousness. 
1 2 3 4 5 

Social Factors 

V Social Interaction 

1 I feel People can easily win a debate from me. 1 2 3 4 5 

2 I feel I am not as much happier as other people seem to be. 1 2 3 4 5 

3 I feel a person who doesn’t believe others does better. 1 2 3 4 5 

4 I feel I face more troubles than other people do.  1 2 3 4 5 

5 
I consider the information of my close friends and relatives 

as reliable reference for investment decision. 
1 2 3 4 5 

VI Herding 

1 
I prefer to buy stocks if many "buy" orders were submitted 

for them from the beginning of the trading session. 
1 2 3 4 5 

2 
Other investors’ decisions of buying or selling stock have 

impact on my investment decision. 
1 2 3 4 5 

3 
I would prefer to sell stock if I find many people quitting 

from it. 
1 2 3 4 5 

4 I compare my performance to other investors. 1 2 3 4 5 

5 

If in the last month, the aggregate trading volume in the 

stock market was higher than usual, I would increase the 

sum of my stock market holdings. 

1 2 3 4 5 

 

Thank you for taking the time to answer all the questions to the best of your ability.  

Your assistance is appreciated. 

 

 

 

 


